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Executive Summary

-
In 2014, Metis Associates, an independent research and evaluation firm, launched a study to examine the
nearterm impact of the Single Stop program on the méagerformance of students enrolled in the
Community College of Philadelphia (CCEP is a public, open admissions community college that is
located in Philadelphia, PA and serves over 28,000 students across its main campus and three regiona
centers. iBgle Stop USA B national nonprofit organization dedicated to reducing poverty and helping
low-income families and students across tinetigoachieve economic security. Through its Community
College Initiative, which is funded in part by epsatt fo m t he Gr eenlLi ght Fundds
Fund (SIF) Initiative, Single Stop has established offices on community college Sangheis&top

openedat CCPin fall 2013 andurrentlyprovides students withenefits screening and application
assistancas well as tax preparation services, financiaatiog (launched May 201ddal assistance

(launched June 2QJahdimmigration consultatioisunched fall 2014)

Methods

Based on positive findings from previous descriptive studies of program Simgget Stop USA

partnered with Metis to condutrigorousgquasiexperimentaimpact studyexaminingSi ngl e St op
nearterm program impacts studentacademic outcomeBhe study aims to providenaderdtvel of

evidence for the program impacts arakt the What Works Clearinghencse staitdards with reservations

An implementation study was also conducted to provide context for understanding the quantitative
findings and to offer best implementation practices and recommendations for progyesn cha

Impact Study

Participants. Participants for this study were defined as those who had received at least one major
Single Stop service during the perioMay 11, 2014 to May 10, 2@#sed on the CCP academic
calendar (i.esummer 2014 to sprirgP15. Among the target 1,152 students served by Single Stop
during this period, 367 (3%Pwere attending college for the first time (FTW@i)e the remaing 785

(68.20) had priorexposure to college (rBIC). While the majority of both groups wettenically

Black, the FTIC group contained proportionally more Black students (62.7%) tharRRECNgpoup

(54.4%). However, both groups had relatively similar proportions of ethnically White (8.7% FTIC vs
11.7% NoAFTIC) and Hispanic (8.7% FTIC vs.99.8lon-FTIC) students. As of May 11, 2014, the
average age of the FTIC group was 26 years old, while that ofi@éGignoup was 30.0 examine

program impacts more precisely tfigse two groups of studerdsparate analyses were conducted
when samplsize permitted.

Research QuestionsThe evaluation addressed three roamfirmatory impact research questions
including whether CCP students served by Singleo@ogrformed comparison students on: 1)
semesteto-semester persistence rates; 2) shttompleted to attempted degree bearing credits; and 3)
grade point average (GPW)addition five exploratory researchlquestionswereinvestigated tbetter
understandhow andwhy program impacts might occur, including examination of: 1) the refations
between treatment dosage for each of the five major $emetasademic outcomes, when controlling

1Including: benefits eligibility screening, financial counseling, legal counseling, tax preparation, and other services



for service outcome confirmation; 2) the number of combinations of major services students typically
receive and the estimated impact of each majpb ¢conat i on on studemlt sd ac
whether differential effects exist for students who are financially independent versus dependent; 4)
impacts of the program on thatio of completed to attemptedn-degree bearing credits; and 5)
program impets for first time freshmen on degree anddegree bearing credit accumulation.

While all confirmatory analysesevstrictly based ocomparable groups of studeatsd providd
rigorous evidence for drawipgogramimpactrelated conclusions, explorgt@nalysesvere not
necessdyi evidencéasedand findings from these analyses only eesalpreliminary understanding
of how and why program impacts might occur as wellgeinform future investigations.

Matching and Analysis Propensity scomaatching (PSM) was carried out to generabenparison

group (i.e., the counterfactudr analyzing ned&erm program impacts.oR-participants included
studentswho were enrolled at CCP in fall 2014 and were not identified as receiving any services by
Single Stop between summer 2014 and springT2@L&ull set of matching variables included student
baseline characteristics such as age, gender, race/ethnicity, full/part time enrollment status, marital
status, financial aid receipt, student loan redegit generation to attend college, high school
GED/diploma, enrollment in remediation, academic/occupational major, area of academic focus,
number of years since first enrolled in college, placement test score, FAFSA filing status, FAFSA
financial depatency status, FAFSA personal income, FAFSA household income, prior cumulative GPA
and prior cumulative credits passed. The matching rate waah@a¥e baseline equivalence between

the Single Stop and comparison students wasstadlished after mhieg.

After generating a comparable panticipating group for the target sample,-pasthing outcome
analyses were conducted using multiple regrédsaynsonfirmatory analyses, the following measures
were used for the target outcomes: (1) seA@msiEmester persistence as measured by continued
college enrollment or completion (at the original institution or any other institution) by the end of spring
2015; (2) credit attainment as measured by the ratio of completed/passed to attemptedidggree bear
credits during the 202915 school year; and (3) student GPA as measured by the cumulative grade
point average during the 2@D15 school year. The exploratory analyses included two additional
measures for credit attainment: (a) the ratio of codipkteed to attempted naegree bearing

credits during the 202015 school year, and (b) the number of credits completed/earned by FTIC
students during the 202815 school year (both the degree bearing type and tlegnea bearing

type). All matchingnd outcome variables were generated from CCP administrative data as well as the
National Student Clearinghouse (N8&nbase, and supplemented by Single Stop records of service
delivery (i.e., treatment dosage) and outcome confirmation for theudeges.st

ImplementatiorStudy

The implementation study was intended to provide context and add richness to findings uncovered
through the impact study. The study was guided by four research questions, which examined: 1) the
nature and quality of Sin@®p implementation at CCP; 2) best implementation practices; 3) challenges

2For this question, only those unique combinatighdNaw> 30 were investigated.

3 For the Single Stop participants with complete matching and outcome data.

4 Multiple linear regressions were used for continuous outcome measures (i.e., ratio of credits completed to attempted, number
credits earned, GPAvhile multiple logistic regressions were employed for dichotomous outcome measures (k&;sssnesesr
persistence).



and additional areas of support needed; and 4) recommendations for program changes. Implementation
study activities included: documentation review, observations of prograes,aatiditinterviews with

five CCP administrators and two Single Stop program staff aAlCi@plementation study activities,
including site observations and interviews, took place during the winter and spring of 2015 and were
conducted by a singléetis staff member. Observations were guided by an observation protocol, and
interviews were conducted in a s&moictured mannerQualitatie data derived through the
implementation study wemmntent analyzed argimerging response categories \garemarized

according to each of the implementation research questions

Findings

Notable findings for the study are presented in the order of the research questions. For both the impact
study and the exploratory study, all statistically significant findingdightddgtven if the size of the

effect was relatively small in scale, together with a few findings that were not statistically significant but
had a substantial effect size.

Impact Study

Key findings based on these confirmatory analyses are summtn&table below:

Summary of impact analysis results

Outcome Student Program

S ot ¢ it ‘ Non-FTIC 91.8% 88.5% 3.3%*
emesteito-semester persistence ra
perst FTIC 89.5% 83.4% 6.1%*
. . Non-FTIC 73.9% 690% 4.9%*
Degree bearing credit pass rate

FTIC 58.9% 51.7% 7.2%*
GPA Non-FTIC 2.639 2.453 0.185*
FTIC 2.129 1.882 0.247*

* Statistically significant result.

As shown in the table, mfipactanalyses consistently detected significantly positive program impacts on
the three neaem outcomes for both the ndflrIC and FTIC students.

1  Semesterto-semester persistenceSingle Stop participants enrolled at CCP in fall 2014 had
significantly higleenesteto-semester persistence ré@n their comparison counterparts. For the
nonFTIC students, the persistence rate difference was 3.3 percentage points (91.8% for Single Stop
students and 88.5% for comparison students); for the FTIC group, the gap in persistence rates was
even larged 89.5% for Single Stop participants and 83.4%hdomatched comparisons (i.e., a
difference of 6.1 percentage points)

1 Degree bearing credit pass rateSingle Stopstudents also had sagnificantly higiatio of
completed to attempted degree bearing cveais compared to their matched comparisampgro
For the noAFTIC group, Single Stop participants passed 73.9% of degree bearing credits out of
those they attempted, 4.9 percentage points higher than the sinplrticipants. Among the
FTIC students, the difference in the pass rates was againataiie (7.2 percentage poifts)
58.9% for Single Stop students and 51.7% for their counterparts.



1 Grade point averageSingle Stop participarsignificantly outperftheiedhatched comparisons in
terms of cumulative GPA earned during the-2018 shool year. Among the n&TIC students,
the Single Stop group received an average GPA of 2.639, 0.185 points higher than that of the
similarlysituated comparison group (i.e., 2.453). For FTIC students, Single Stop participants on
average earned a GPA2129, while their counterparts only had a GPA of 8.88ain the
difference of 0.247 points was larger than that for tRETi@group.

ExploratoryStudy
Key findings from thesxploratoryanalyses are highlighted below:

1 While no clear pattern emergeldting dosage to shtetm outcomes, several notable results were
observed. Note that while the number of event
service category, the outcome confirmation flag indicates whether a desirable directeagitcom
financial aid receipt) was recorded for the corresponding major service category.

0 Semester to semester persistenadg higher number of benefit eligibility screening events and
at least one outcome confirmation for benefit eligibility and/or Xopregparation were
associated with persistence for Single StepTi@participants. Further, n&T1C students
who receive financial aid were more likely to persist than those who do not.

0 Degree bearing credit pass ratd-or FTIC Single Stop studentthalgh higher credit pass
rates were associated with more financial counseling events, at least one financial outcome
confirmation was associated with a lower credit pass rate. Hefl@ostudents, older
students who are not Black or African Americeam prior college experience appeared to be
associated with better credit pass rates irrespective of Single Stop participation.

0 Grade point average (GPA)For nonFTIC students, the following characteristics were
associated with higher GPA irrespectivengie&SBtop participation:

A Being financially dependent;

A Having more remedial credits;

A Not being Black/African American; and
A Not being a liberal arts study major.

For FTIC students, higher GPAs were associated with less additional service events and at least
one additional service outcome confirmation. Other characteristics associated with higher
GPAs for FTIC students included 4the enrollment, receiving financial aid, having higher
placement test scores, age and ethnicities other than Black or Hispanic.

1 Analyses of the relationship between major combinations of services aedsloaticomes for
the most part revealed positive associations &

0 Semester to semester persistencBenefits eligibility screening combingith either tax
preparation or legal counseling were positively associated with persistence. However, benefits
eligibility screening combined with financial counseling seemed to be negatively related to
persistence.



0 Degree bearing credit pass ratdenefis eligibility screening combined with tax preparation
or with financial counseling and tax preparation, and financial counseling combined with tax
preparation all seemed to have a positive influence on credit pass rates.

0 Grade point average (GPABenefi eligibility screening combined with tax preparation or
with financial counseling and tax preparation were positively associated with GPA.

1 For the most part, both FTIC and mBmIC financially independent Single Stop participants
consistently outperformefthancially independent comparisons in GPA. However, the positive
difference in GPA between financially independent and dependeRTIGorsingle Stop
participants was larger than the negative difference betweEml@otomparison financially
independenand dependent students, suggesting that GPA was positively associated with financial
independence for ndflIC Single Stop participants.

1 The results showed little to no relationship between Single Stop participation-cGegteson
bearing credit pass mafer either FTIC or noRTIC students.

1 For FTIC students, Single Stop participation was positively related to degree bearing credits earned,
dthoughno such relationship is evident for the accumulation afegree bearing credits.

Impemertation Sudy

Program Delivery As of its second full year of program implementation, Single Stop at CCP had
served a total of 2,583 students, connecting them with nearly 7 million dollars in tax refunds, benefits,
and supportive services. The program provsgeetes to approximatell,000 students per year,
screening 99.9% of them, providing tax preparation services for more than 56%, financial counseling to
24%, legal counseling to 8%, and health care enrollment support to 50%.

The successes that Single Stop CCP has experienced point to a number of key best practices that they
put into place.

1 Oversight from top administrators.Dr. Hirsch maintains oversight of the program despite
having an extremely busy scheduls. §énds a strong message of its importance to the entire
college community. He is also able to facilitate processes, such as securing space and ensuring
that messages get out in the right places, more effectively than if the program were overseen at a
lower level.

1 Strong program staff.lt is evident that in programs such as Single Stop, in which students
often confide very private information, personal characteristics are very important. Several CCP
staff members expressed the importance of trust buldmg Si ngl e Stop CCP&®O
and caring approach is a key element of their success in building and maintaining the program.

1 Highly collaborative approach.The various programs that the evaluation team interviewed all
had a collaborative approach.réheas no evidence of competition or a sense of territoriality
over the provision of services. All staff members observed and interviewed expressed gratitude

5Data gathered through the programds second year report, whic

\Y



at the opportunity to collaborate with Single Stop staff, and all saw it as their responsibility t
make sure that students know about the Single Stop resource.

Not portrayed as a deficit modelSingle Stop is purposefully built into the fabric of CCP. It is

portrayed as part of the coll egeds odfdreri ngs
students who are incapable of managing on their own. As the Assistant Dean of Students notes,
oLanguage is important. This is not about de

Foresight into potential roadblocks.Perhaps related the close involvement of top college
administrators, the program staff anticipated potential roadblocks and put systems in place to
ensure they were minimized or eliminated. For example, they provided a marketing expert who
was not bogged down with egikwide responsibilities and could focus on Single Stop and
similar studententered services. Additionally, college administrators developed protocols for
describing services to faculty. They explained to them that the program will help the students do
better academically. They also developed scenarios to help faculty know what to do and say in

situations they may run into with students.
l ong time ago, just tell i ralyhepovoereeddo chabgeut t
their whole mindset. This defuses defensiven

Single Stop at CCP has clearly experienced great success in the short time it has been in operation.
Notwithstanding this success, based on datavére gathered from interviews and observations, there

are several opportunities to expand the program so it may serve even more students and provide them
with optimal social service supports.

T

By designSingle Stop is located on the main camp@CPand does not have a presence at

the Regional Centetdowever, sveral staff members indicated that the approximately 3,000
students at these centers tend not to come to the main campus and often only attend classes and
go back homeWhile Single Stop stadt CCP work closely with regional service center
managers to schedule visits, plan workshops, and generate presence through screens and
promotional materials of the services offered, students at the regional service center locations
frequently do not takedvantage of nescademic services on any campus.

Likewisethough Single Stop staff at CCP make every attempt to reach oldetraditiomal
populations on the main campiliese studenisay take classes in the evenings when the office

is closed, anghay not be aware of the offerings or be able to access services.

It is also possible that undocumented students or those who have had particularly bad
experiences with social services in the past may not be reached as effectively &s others are.
While thee are some unreached groups, it may be that the program has reached its capacity in
terms of the numbers of students that it can serve, as there are onhtitae datiployees on

staff.

Housing and transportation are two problems with which studemtpEsent. Single Stop has

limited capacity to address these problems directly. However, they make referrals when they are
unable to address directly. Referrals are of

6|t is notable, however, that Single Stop CCP staff has specially designed outreach materials for students with no social security
numbers.
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both of these issues, but providesnimdor females. Additionally, Single Stop is not able to
determine whether the referrals are taken up.

1 Work study students are sometimes the first individuals that participants interact with at the
Single Stop office and can be responsible for inidahsty Because work study students are
not benefits specialists and eligibility for services may be complex, there is potential for a student
to not move on to the next level of screening and therefore, miss out on services for which s/he
is eligible.

1 While the program has exceptionally good tracking systems for students, the tracking between
programs is much looser. It is hard for CCP staff to close the gap on referrals and to make sure
that students receive the services they need. It is notable, hinaetlee Counseling Center
referred to a new system (Starfish) that was being pildtedtime of implementation study
that would allow this type of tracking to be possible.

1 The college must balance the need that students have for social sérthaismétin purpose
as an institution of higher learring provide academic instruction. While many of the
respondents believe strongly that Single Stop services will lead to improved academic outcomes
for students (something that the Metis quantitewiatiation has demonstrated to be the case),
not all faculty and staff perceive the direct connection. Furthermore, college administrators must
make immediate decisions about where to place resources, including money, time, and staff, and
even though thestrongly believe the ultimate outcomes will lead to stronger academics, they
acknowledge the payoff is not immediate.

1 While the college has made a hefty investment in Single Stopstaorabslity systems must
be put in place to ensulat he prograntan be maintained following grant funding.

1 Many students receive services from multiple programs on campus; thus, a challenge and
consideration for the evaluation is to disti
that of other campus program

Overall, the evaluation provides key evidence
student sé academic outcomes. The rigor of t he
research findings offer impat findings for the field. Moreover, the qualitative findimgeborate

the quantitative results and indicate clear best practicdsas the type of support that the program
needs from college administrators, the characteristics of programdsta#f, manner in which the
program should be portrayed and adveitisieat should be considered as the program is replicated in
other locations. The sections below provide recommendations for going forward, including both
suggestions for programmatic charagel future research directions.

Programmatic Recommendations

1 Single Stop at CCP has specifically targetetblraath populations in a variety of ways, such
as providing marketing materials in multiple languages and designing advertising for students
who are undocumented, have legal issues, or do not have a social security number. However,

"Note that in recent communications, the programdstsplatr ector,
phase and now includes Single Stop as a referral.

Vil
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reaching these populations is a constant challenge and may benefit from continued
brainstorming across departments at the college. For exap&?esectioncould ke provided

in the marketing materiéit&tanticipatequestions thearget populatiomayasks uch as, 0 Ca
Single Stop help noeoliff rmyd mpamamtcuy meame ed@O Wi
information, can | still access help?b6

Consider entinuing to provide professional development to staff from other programs by
letting them know about changes in benefits or other services relevant to their populations.
Provide systems for tracking students between programs to ensure that refemals ané car

Continue to cultivateollaboration between programsbgtinuing tooffer mutual workshops
andactivities

Consider whether the | ocation of the Single
attention or whether a more central locatvould be better.

Continue to examine all data available through the databases and take a closer look at the data in
t he o0not efsthe fosnsto eantdfynany themes that emerge that warrant program
adjustments.

Recommendations for Future Reselarc

T

Continue the qualitative research by interviewing additional CCP administrators and reaching out
to students as well, in order to better understand the impact of the program from their
perspective.

Use the qualitative research to better understandstmejuantitative findings from this first

round of analyses, such as probing more deeply on the combinations of services that are most
impactful, understanding the experience of both FTIC anBTiGnstudents, and examining
whether there is a differettimpact of the program for financially dependent and independent
students.

Gather further data on the quality of services provided under major service categories.
Additionally, gather further data on the services received by comparison studemtsoin orde
better understand the net benefit of Single Stop services on the CCP campus.

Replicate the quantitative findings with other cohorts and study the effects of programming on
intermediate and lofigrm outcomes.

Conduct additional rigorous research wdimgr methodologies, such as the planned
randomize@ncouragement design.

viii



Single Stop Implementation and Impact Report: Phase 1 Results

What is Single Stop3ingle Stop USA is a national-poafit organization dedicated to reducing poverty elpih
low-income families and students across the country achieve economicSécuarityl e St op 6 s
Initiative brings this essential work to community colleges around the country.

What is implementation of Single Stop like at the Commuty College of Philadelphia (CCP)3ingle Stop
opened at CCP in fall 2013 and currently provides students with benefits screening and application assist
as tax preparation services, financial counseling (launched May 2014), legal asstdtadcdu(ia 2014) an
immigration consultations (launched fall 2014).

What is the nature of the research study being conductdar the Single Stop program at CCP3ingle Stop
USA partnered with Metfsssociateto conduct a rigorous quasiperimental impct st udy exam
nearterm program impacts on student academic outcomlesling college persistence, course pass rates, and
GPA. An implementation study was also conducted to provide context for understanding the quaditiggieadi
to offer best implementation practices and recommendations going forward.

What is the research designth order to determine whether Single Stop had demonstrable impacts
participantsthe quantitative study included the usarofequivaint comparison group of students who did
participate in the programs a valid reference group. For this purpose, similar comparison students who
receive Single Stop were identified based on their baseline characteristics, such as ddoramatiphitike age,
gender, race/ethnicity, income information FRé-SA filing status, and academic information like full/part t
enrollment status and prior GPPFhe implementation study was intended to provide context and add richr
findings mcovered through the impact studgtivitiesincluded: documentation review, observations of prog
activities, and interviews with five CCP administrators and two Single Stop program staff thieG@Rt phase of
the evaluation, a random encourageresign will be employed and additional qualitative activities will probe
into the results that were found during Phase 1.

What are the results of the quantitative studyBased on the impact analyses ofmaithed groups, Single Stg
studentdad significantly higheemesteto-semester persistence, ratio of earned to attempted degree bearing
and GPAthan their matched comparisons

What are the results of the qualitative stugyAs of the fall of 2015, the Single Stop program ah&Cgerved a
total of 2,583 studentspnnecting them with $6,751,685 in tax refunds, benefits, and supportive Bataic
gathered through observations and interviews also indicated that Singllv@&oBC® to offer students ne
services, as wab to consolidate offerings that used to be scattered across different pteganiises complicated
processes for students; afférs positive experiences to students who often have had negative experiences V|
service systems in the pa&tys to its successful integration on campus includeCtitaR 6 s t op a
advocated for the program and paved the way femdsth inclusion in the collegj ngl e St op
learned about the college quickly and inserted hats#tearogram in key processesgegration is ongoing and al
administrators see it as thegpansibility to spread the word; ane Single Stop office has engaged in an ong
and determined marketing campaign to ensure that students and staff afetlevaesviwes-urthermore, best
practices include having: oversight from top administrators, strong program staff, a highly collaborative apj
foresight into potential roadblocks. Furthermore, the program is not portrayed as a deficit model.

What other analyseswere conductedAdditional, exploratoygnalyses were conducted that did not necessaril
wellmatched groups. These analyses were intended to explore the components of the program tha
associated with outcomes, as well gsotfeble differential experiences of-kvedlvn subgroups of students, such
those who are financially independent. While no discernable patterns were noted in these analyses, some
could inform future study, as well as programmatianggeri

What are the next steps@verall, the results of Phase 1 of the study are highly encouraging and reflect the h
of the Single Sto@CPteam The rigor of the methodology and the strength of the confirmatory research fi
offer important fidings for the field. Moreover, the qualitative findings corroborate the quantitative res
indicate clear best practitest should be considered as the program is replicated in other Idgatjgastions are
made for possible programmatic remgsicuch as expanding to better reach students at the regional cent
brainstorming ways to target hrdreach populations. Additionally, future research activities, such as tsg
qualitative activities based on quantitative findings fronmaisis, @re recommended.




Introduction

Program Context

Description of CCP

The @mmunity College of Philadelphia (CCP) is a public, open admissions institution located in
Philadelphia, PA. Annually, C&#ves over 28,000 students on its main campus and each of its three
regional centers: the Northwest Regional Center, the Northeast Regional Center, and the West Regional
Center. CCP employs approximately 404Qirhdl and 600 patime faculty. Locateah ione of the

poorest cities in the country, the great majority of CCP students are economically disadvantaged.
Approximately half of students do not receive any financial contribution from their families, and 70% of
all students receive some type of fiaamagd. Approximately 75% of students are minority, with over

half identifying as African Ameriéan.

Description of Single Stop

Single Stop USA is a national nonprofit organiztieinwas launched B001 as a Robin Hood
initiative. The organizatios dedicated to reducing poverty and helpinginoame families and
studentdrom across the countty achieve economic secur@ingle Stop providds participants with
screening for and access to a wide range of resources, including governmeranblefreét legal,
financial, and tax preparatggrvices, all in one locati@mngle Stop launched its Community College
Initiative in 2009 as a pilot with three community collegebaasndxpanded over the years. The
initiative is currently active innmmunity colleges acrosght states, as welliaseveral mukstate
community college systeri$iroughthe initiative which is funded in part by a gyrfant from the
GreenlLight Fundoés Soci al I nn o vpartnersowthcommuniy ( SI1 F)
colleges to establish officestba campuses and integrate their economic empowerment model with
student services centargl financial aid departméntsll with the goal of increasing student retention
and graduation rates at the colleges.

Singe Stop Implementatioat CCP

CCPOds current Vice Presi de bt SamuelrHirsdhe vaad iestnamentah n d S
in bringing Single Stop to the campus two years ago. Recognizing that students confronted myriad
challenges that served asibbacksto the persistence and completdrtheir degrees, Head been

looking for a program to address these issuete@amed about Single Stop through professional
connections. Si multaneousl!l vy, Singl e $Steegpin USA r «
partnering with them. Additionally, the GreenLight Fund had just established an office in Philadelphia
and was the recipient of a Social Innovation Fund grant, which brought alignment of the multiple
components that allowed a Single Stopdoctat be established on the CCP campus.

8 http://www.ccp.edu/abouus/keyfacts
91n spring 2015, CCP reorganized, merging academic affairs and student affairs. Dr. Hirsch became the Vice President of the ne
unit and now not only leadl student affairs departments but is also the chief academic officer.



With strong support and oversight from Dr. Hirsch, Single Stop opened its doors at CCP on October
14, 2013During its first year of implementation at CCP, Single Stop offered benefits screening and
application ssistance, as well as tax preparation services, financial counseling (launched May 2014) and
legal assistance (launched June 2014). During its second year of implementation, Single Stop expandec
its legal services by adding immigration consultations.

Any student currently enrolled at CCP is eligibl
receive Single Stop services, and Single Stopifstaff Single Stop Services at CCH
meet with them on an appointment and Wwabasis. _ _ .

. e 1 Benefits Screeningand Counseling:Saff
Though there is flexibility in the schedule to nfget’ <, | aigibtiity for government supports

with students across multiple areas, the afficelly and help them appBenefits include health

offers the following schedule: Mon#aigay - insurance, food stamps, cash ass.istance,
. o unemployment, child care, ®YISocial

general benefits screening; Mondays/Thurs Security funds, and more.

(during open enroliment periodjealth insurance iff| q Tax Preparation:Studenthave their taxes

the oOmarketpl aced -fimancihl J| Me riepatedfdr fep@ith any@nd &l ereglity s
counseling; and Wednesdagsl counseling (offelr owed to them) and avoid fees they would
. . . . ) incur at a paid preparer

in par'Fnershlp with Community Legal Sgrwcgs). Financial Counseling:Groupfinancial

the third Wednesday of every month, immigragion counseling sessions focusaiiding

. iarati d other d tation | D followed up with individual ofe-one
immigration and other documentation issues. Ng  sessions as needed.

tax season, the schedule changes somewhat tofallwiegal Counseling:Sudents receive

tax consuétions to take place Monday throufjh  consultation with a lawyerresolve critical
Thursday. issues such hsusing/evictions, child care,

and health care, drin some cases receive
_ _ _ full representation.
The program is led by Paula Umafa (Project Direfto) immigration Consultations: Special

and Chantal Whitehead (Associate Project Dir immigration lawyers provide consultations
and Financial Education CoordinatérBoth are students with immigratiossues.

certified financial counselors with background
providing support services who have strong connections to Philadelphia. Additionally, work study
students provide support each semester by fielding phone calls, attending to students who walk in for
services, and providing general administrative supportréah Hired Paula and continues to serve as

her direct supervisor. They meet formally each week and informally via email, phoeesarr in
conversations, as needed.

Study Context

In 2014, Single Stop USA issued a request for proposals for an eyetato to conduct a rigorous
evaluation of the Single Stop program at CCP. Evidence from four initipliveestudies of Single

St op6s Co mmuihative had praviddd erglieninary indications tti@program would be
effective at improvinghe rate at which community college students complete their degrees or

ONote that during Chantalds maternity |l eave in spring 2015,
students



certificates. However, rigorous evidence of its effectiveness had not been conducted. Following

acceptance of Metisds proposal, t hetheimpattofat i on
Single Stop at CCP o0 nThesstudydsebaded @n theronaudity @dllege s u c c €
Il ni t ipatoigwea@dn | ogi ¢ model and includes both i mpac

primary focus is a rigorous impact evaluadt@ani¢ intended to assess the extent to which the program

as implemented is ntieg its neaterm objectivesThe implementation study provides context for
understanding the quantitative findings and offers best implementation practices and recommendations
for changes to implementatidThis report provides interim findings following the first phase of the
study. Addibnal quantitative and qualitative evaluation activities are plarthedificoming year, and

the interim results of these activities ol communicated in a follay report expected in winter

2017 with a final implementation and impact report expected in spririg 2018

Design

The design of the study is intended to determine whether Single Stop as implemented at CCP is having a
positiveimpact on one or more shdéerm academic outcomes (i.e., ddggaeng credit accumulation,

GPA and semestir-semester persistence) via a rigorous comparison of Single Stop participants to a
matched group of ngparticipants. To furthemderstand wlieer these impacgse being experienced
differentially by subgroups of studemtehether differences the number or type of services received

(i.e., dosage) might affect impacts, a series of additional analyses are undertaken that are either conducte
within the Single Stop participant group (dosage) or between the Single Stop participants and matched
comparison groups. By and large these analyses are less rigorous than those conducted for the main
impact analyses and should be considered exploratatyre.

Finally, to better understand the mechanisms by which the Single Stop program operates in CCP, as well
as to provide context for any impact or exploratory analyses, a series oSiatedvadservations of

site activities were undertakBme sections below provide additional context for the imggubratory

and implementation studies.

Impact Study

The impact study wasdertakemo determin& i n g | eeafetmoppdram impacts on CCP student
academic outcomélhe key to success faryaapproach to estimating the impacts of an intervention is

its capability of projecting what student performance would have been in the absence of the
intervention. While random assignment of institutions to treatment and control conditions would
providethe strongest evidence of program effects for Singlg3 &te@msnot feasible in the current
evaluation of its Community College initiative at CCP. The impact study was instead conducted based on

11 Due to constraints of available budget foretéduation, Metis was only able to conduct a limited implementation study based on
existing qualitative data collected by Single Stop and additional information gathered from site observations and key
administrator/stakeholder interviews.

12Note thattheupcoming quantitative activiiiglude the use ad randomized encouragement design, in which students will be
randomlyassigned to groups where they either receive adéitiooahgemento participate in Single Stop serviceao not.

Takeup rates Vil be tracked, and differences between treatment and control will be examined. Additional qualitative activities include
deepeningheon-sitework completed in Year 1, pursuing questions suggested by data from the quantitative study, and exploring
fidelty of implementation more thoroughly.

13 Note that this statement typically applies to randomized controlled trials (RCT) with low attrition, whereas RCT tgldies with
attrition are considered no better than ametithed comparison group design aguptd the What Works Clearinghouse (WWC).
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a rigorous quasixperimental closely matched comparismipglesign with propensity score matching
(PSM).

Under the PSM framework (Rosenbaum & Rubin, 1983, 1984, 1985; Rosenbaum, 1991, 2002), initial
large imbalances on observed covariates (e.g., demographic variables and baseline achievement) betwee
treatedand comparison groups could be removed or greatly rétdddedrigorous quaskperimental

design (QED) is eeasonably strong design that would providederatvel of evidence for program

impacts, and coulsheet the What Works Clearinghousee(id®d€a standsttsreservations this

QED impact study, the group of target students that made use of Single Stop services is compared to a
wellmatched group of students who did not make use of these services. If baseline equivalence between
thetwo groups can be established in this case, the differences in observed outcomes can be attributed
with reasonable confidence to the Single Stop model implemented at CCP.

Since the current impact study focuses on théemeaprogram outcomes, the treent time window
was sefrom May 1, 2014 to May @, 2015 based alne CCPsummer 2014 to spring 2015 academic
calendar The target Single Stop participant group in this staglgefined adudents with a record of
receiving at least one major Singlp $trvice between summer 2014 apdrgy 2015.

Exploratory Study

To help undetand the results that might be obtained from the impact study, a series of additional
analyses arspecified based on service delivery and/or membership in subgroups.alysese saan
intended toexplore the possible causes for observed impacts either through comparisons within the
Single Stop group or with a matched compagismrp The withirgroup analyses focus on data that

are only available for Single Stop studerggpiore the relationship between the number and type of
services deliver@ahd academic outcom&sme of the matched comparison analyses exploring possible
differential effects for subgroups leverage the matched comparison group already found frach the imp
study. For example, the anadysomparing financially independent Single Stop students to financially
independent comparisonses the matches already found from the impact study. Other matched
comparisons are based on newly constructed comparigos gpoh as the comparison of fuagree

bearing credit accumulation for first time freshmen.

These analyses are considered exploratory in nature becaargel#ssyrigorous in general and not
subject to multiple comparison adjustment procedures \ahéchrequired forimpactrelated
conclusions In other wordsthe results of these analysesaténtended to be indicative of impacts
but rather to providpreliminaryunderstanding of the nature of the progaach should be approached
with greatercadion.

14 Note that an inherent disadvantage of PSM is its inability to account for unmeasured differences between the two groups.
15The reservations are due to the fact that unobserved variables may not be equatétbetwwvgeoup8VWC Procedures and
Standards Handbe&0, 2014).

16 There are a total of five major categories of Single Stop services: benefits eligibility screening, financial @lccossdielideg
tax preparation and additional services.
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Implementation Study

As described earlier, the implementation study was conducted in order to provide context for the
guantitative study. Activities for the implementation study took place during ##@180dehool year

and included observatiaoissite activities and individual interviews with a series of Single Stop program
staff and CCP administrators. A separate implementation study report was provided to Single Stop in
late 2015 and included findings, best practices, and recommendatioonth f&ngle Stop
implementation and the evaluation going forward. This report includes sections from that report, as well
as a synthesized discussion section, which examines the full picture that the quantitative and qualitative
findings paint and offerskons learned and recommendations for the future.



Methods

Particjpants

Participants and Study Samples

Based on the treatment time window set for thetexearevaluation, there were a total of 1,152 Single

Stop students who hadanefits Enrollment Neork (BEN)!7 record of receiving at least one of the

five major Single Stop services (i.e., benefits eligibility screening, financial counseling, legal counseling,
tax preparation and additional services) bet@eenmer 2014 and Spring 20ABong these
paticipants, 367 (31.86%) were attending college for the first time (FTIC) wirelaainéng785

(68.14%) had prior exposure to college-ETIC). To obtain cleaner program impact estimates for

these two groups of studenisless otherwise notdte anfyses included in the current evaluation were

based on the two separate study samples: (EYf@rstudets who were enrolled at CCPaii 2014,

and (2) FTIC studémwho were enrolled at CCPati 20148

Demographic Characteristics

Table 1 presentke basic demographic characteristics for the two groups of Single Stop pa#gipants.
can be seen in the table, loth groups, the majority of students weirgority, umnarried, financially
independent, not the first in the family to attend colegelled in academic major (as opposed to
occupational major), filed FAFSA, received financial aid and studgrandastudied Liberal Studies.

The nonFTIC grouphad a higher percage of female students and studehtshadreceived high

school dploma. In additionapproximately 90% of néfTIC students were miled in remediation
coursesWhile the two groups had similar average placement test scoresFHRE rmuarticipantson
averagewerefour years older, first enrolled in college typittake ad a half years ago, and earned
greaterincome. Regarding the prior academic record in college (which was not available for FTIC
students), the neRTIC group had an average prior cumulative GPA of 3.00, and passed approximately
30 creditson aeragein their previous years in college.

7"The Benefits Enroll ment Network (BEN) is Single Staupds prop!
participant demographics, service delivery and outcomes.

18When exploring the potential program impacts on various groupdenftsteceiving different unique combinations of five major

Single Stop services, the4#adNC and FTIC students were combined in the analysis samples due to limited Ns belonging to each

unigue combination (see Table 10).
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Table 1. Baseline characteristics of the #6FHC and FTIC Single Stop participants

Baseline Characteristics Non-FTIC Participants  FTIC Participants
% / Group Mean % / Group Mean
Female 64.6% 561%
Male 35.4% 43.9%
Hispanic 9.8% 8.7%
Black 54.4% 62.7%
White and other 35.8% 28.6%
Full Time 33.4% 36.8%
Part Time 66.6% 63.2%
Married 7.0% 6.5%
Not Married 93.0% 93.5%
Fied FAFSA 92.9% 92.4%
Did Not File FAFSA 7.1% 7.6%
Financially Dependent 25.9% 35.1%
Financially Independent 74.1% 64.9%
Received Financial Aid 91.0% 91.3%
Did Not Receive Financial Aid 9.0% 8.7%
Received Student Loan 58.1% 58.9%
Did Not Receive Student Loan 41.9% 41.1%
Yes 38.1% 32.7%
No 61.9% 67.3%
High School GED 50.3% 68.1%
High School Diploma 49.7% 31.9%
Yes 89.7%
No 10.3%
Academic 93.8% 94.3%
Occupational 6.2% 5.7%
Liberal Studies 71.0% 79.0%
Business & Technology 18.5% 16.3%
Math, Science & Health Careers 10.5% 4.7%
30.26 26.27
3.52 0.00
7.88 7.79
$6,885.18 $5,282.61
$12,279.46 $11,446.16
3.00
30.49
Research Questions
ImpactStudy
The impact evaluation addresses the follmemigrmatory research questions
1. Do students served by Single Stopos

to-semester persistence rates than thparson group of students?

Cemmuni

19 Note that remediation was detered based on the presence of developmental credits attempted the prior semester. This metric
was not available for FTIC students as by definition none of them had any attempted credits the prior semester.
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2.

Do students served by Single Stopds Communi
average ratio of completed to attempted degree bearing credits than the comparison group of
students?

3. Do student s s e rComanadinitGollegeilnitigive et th® COPphéve higher grade
point average (GPA) than the comparison group of students?
Exploratory Study

In addition, the followingxploratoryoresearchquestionsare investigated to help explain how and
why program impacisightoccur:

4. To what extent does treatment dosage for each of the five major services (i.e., benefits eligibility
screening, financial counseling, legal counseling, tax preparation, and other services) relate to
student sd academi cingofar twbetheneus outcombé confematiorowas r o | |
received under each major service category?

5. How many combinations of the five major services (i.e., benefits eligibility screening, financial
counseling, legal counseling, tax preparation, and other seswiezdjeint students typically
receive? What is the estimated impact of each of the major combiivationss t udent s& ac
outcomes?

6. Does Single Stopds Community College I nitial
independent versus studemt® are dependent?

7. Do students served by Single Stopds Communi't
passed to attempted ndegree bearing credits than the comparison group of students?

8. Do first time fr eshmen tyCellege mitdative gt C&ihavg thigher St o p
degree bearing credit accumulation than the comparison group of students? Do they also have
higher nordegree bearing credit accumulation than their counterparts?

Implementation

The qualitative study is guidedhsyfollowing four questions:

PoODNPE

What is the nature and quality of Single Stop implementation at CCP?

What best practices are associated with Single Stop CCP implementation?

What challenges has the program confronted and what additional areas of snppdeiidre
What changes should the program make going forward?

20While all confirmatory analyses are strictiychan welnatched study samples and provide rigorous evidence for drawing impact
related conclusions, exploratory analyses are not necessarilyltmsddr{ce., most study samples in this category do not have
baseline equivalence established) afidgsfrom these analyses can only result in preliminary understanding of how and why
program impacts might occur as well as inform future investigations.

21 For this question, only those unique combinations with N > 30 will be investigated.



Impactand ExploratoryStudies

Data Collection and Processing

In the planning stages of the project, Metis and Single Stop staff met regularly to defreldaraof

request that would be submitted to the Community College of Philadelphia (CCP). The data request
contained agreagon operational definitions of data elements and events that could be used for
matching and outcomes, including temporal paraneste expected levels of measurement (e.g.,
nominal, ordinal). Once complete, the data request was shared with CCP to determine quality and
availability of requested data, and data element substitutions that could result in similar measures based
on datahat Metis and Single Stop were unaware that CCP might house. A copy of the final data request
is provided in Appendix.&

Once the data request was submitted, Single Stop provided CCP with a roster of known Single Stop
participants from fall 2014 throughring 2015. Regular monthly meetings were then scheduled with
CCP to develop test files for the Single Stop/Metis team to review and conduct quality checks. These
checks were conducted on a regular basis to ensure that the data files were in thobesossible

for matching and analyses.

Ultimately, CCP merged the provided Single Stop roster to data from its administrative databases which
included all students attending CCP from fall 2014 through spring 2015. An indicator was created to
distingush students with exposure to Single Stop services from the potential comparisons who had no
exposure to Single Stop services. Historical administrative CCP data were then processed and appendec
to all student records to establish baselines and prioe exifegience for all studedtthe latter of

which was used to determine whether students were attending college for the first time (FTIC) or had
prior exposure to collegeo-FTIC). National Student Clearinghouse (NSC) and fall 2015 CCP data
were also Brged into the dataset to determine whether students persisted beyond the school year under
investigation (i.eschool year 2042D15 $Y 141}, as well as whether they persisted beyoRd€¢:,

via transfer to a fowyrear college or another communitiege institution).

After a complete analysis file was developed containing data from Single Stop participants and possible
compari sons, s uppl e me BENasystend wereaprodessedno pSvide gnetecs St o
related to the services receive®ingle Stop participants. Using these data, the Single Stop participant
group was further reduced to only include individuals with a record of recéeasigoaif the five

major Single Stop services (i.e., benefits eligibility screening, fmame#dihg, legal counseling, tax
preparation and additional services) between summer 2014 and spring 2015. All Single Stop participants
without record oét least onservice were eliminated from the analysis file.

22 per the da sharing agreement between Single Stop and CCP, Single Stop would provide identifiable data to CCP, who would
match provided data to their own records and subsidéedgfied merged datasets back to Single Stop and Metis. Metis did not and
does not currgly house any identifiable data from either Single Stop or CCP.
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Propensity ScorMatchingand BaselinEquivalence

The full set of matching variaBtd for the QED-basedmpact studyncluded the following student
level baseline characteristitated to the outcomes of interest

=

gender (female/male)

race/ethnicity (Black/Hispanic/White and othettudag unknown)
enrollment status (full time/part time)

marital status (married/not married)

FAFSA filing status (yes/no)

FAFSA dependency status (yes/no)

financial aid received (yes/no)

student loan status (yes/no)

first generation to attend college (ye¥/

high school GED/diploma (GED/diploma)

enrollment in remediation (yes/no)

academic or occupational status (academic/occupational)
area of focus (Liberal Studies/Business and Technology/Math, Science & Health Careers)
age at baseline year

number of yearsince first enrolled at college

placement test score

FAFSA personal income

FAFSA household income

prior cumulative GPA

prior cumulative credits passed

=2 =4 =8 4 4 -4 4 4 4 -4 4 4 -4 -4 -4 -4 -4 -4 2

After propensity score estimation, the nearest neighbor matching withks @¢ipetnown as gibe
matching) technique was employed to matchatgetSingle Stop participanigto-1 to the non
participating group. Avithouteplacement algorithm was ugsedhe matchingo ensure that a nen
participant was not matched more than once to a pattidifsaa details regarding the PSM process
can be found in Appendix B. Note that in this studyntmeparticipantgi.e., the counterfactual)
included thoserho were enrolleat CCHn fall 2014 and were not identified as receiving any services by
SingleStopbetween summer 2014 apdrsg 20136

23The matching variable set retained as many key baseline variables listed in the-grayited Svialuation Plan as possible,

given the data quality and availability.

24Due to a consirable amount of missing data, FAFSA personal income, FAFSA household income, prior cumulative GPA and
prior cumulative credits passed were included only in the first round of matchirgTd€r&indents. For the FTIC students, since

t hey d o nricumulataerGPA @r priorccumulative credits passed in college, only FAFSA personal income and FAFSA
household income were included in the first round of matching of these students. See Appendix B for more detedsan the firs
second rounds of matchin

5Fol |l owing Rosenbaum and Rubinds recommendation (1985), a cal
propensity score was employed in the matching process.

26 Students initially identified as Single Stop participants who didaiag any of the five major services from Single Stop were
eliminated from the study.
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Covariates were considered balanced after matching if both of the following were noét:gdjiane

tests or theindependent samplagests did not detect any statistical significance; and (2) the
standadized mean differercbetween the treatment and the matched comparison grengiess

than 0.25 SD¥ To ensure that the baseline equivalence of matching covariates could be established for
each final analytic sample, rigorous matching was condutifge tmaks with consideration given to

the availability of pertinent outcomes for analpsher words, matching procedures were repeated
whenever there were a large number of individuals missing any given outcome. This was done to ensure
that the outome analyses actually compared groups that were similar based on all selected baseline
characteristics, while maximizing the number of matched pairs with both complete matching and
outcome datéé Separate PSMs resulted in matched comparison groups réhatotvaeecessarily
constituted from exactly the same set of students, although there could be substantial overlap across
different matched samples (i.e., some comparison students were selected more than once during multiple
matching). Thus, there was wdwtld be termed a separate or unique analysis sample for each outcome.

For each analysis sampléparticipants inhe original target samgE#0%)with complete matching

and outcome ata were successfully matchidte welestablished baseline egeivee of theSingle
Stopgroup and its matched comparison grouphesisforecapable of achieving high levels of internal
validity This means that any conclusions about a given outcome based on the study could be attributed
with reasonable confidenceti® Single Stop model, rather than other factbes.findings of this

study, however, should still be interpregaabusly as aweltknown limitation of rigorous quasi
experimental designs is the inability to account for the unmeasured factiddnesglection bias

such asstudentmotivatior) that would play a role in affecting intervention participation and target
outcomes.

Measures and Missing Data

After generating a comparable -participating group for the target sample, Metis condpostd
matching analyses for the following intendedarterm academic outcomegpersistence, credit
attainment, and grade point average (GPA).

For confirmatory analyses, the following measures were used for the target outcomeméddfethe s
to-semeter persistence, whigtas measured by continued college enrotheertompletion (at the
original institutio or any other institution) by the end prfirsg 2015; (2) credit attainmemhichwas
measured by the ratio e@dmpleted/passetb attempted dege bearing creditkiring the 2032015

27Based on the WWC criteria, if the magnitude of a standardized mean difference for a given baseline variableds €fjuldss than

to 0.05 standard deviations, oae conclude that equivalence is established for the baseline variable (no statistical adjustment needed
in outcome analyses later); (2) greater than .05 standard deviations but less than or equal to .25 standard dsviatiocisidene h

the baselim variable in statistical models used in outcome analyses to account for the imbalance and establish baseline equivalence;
and (3) greater than .25 standard deviations, one has to conclude that equivalence was not established for thie lfegeline varia
baseline imbalance).

28 Group baseline equivalence must be demonstrated on the analysis sample that excludes cases with missing values because WWC
guidelines do not allow missing data imputation for outcome or baseline matching variables whérasestudya quasi

experimental design (QED).

29 Students are considered enrolled as long as a record at the college is found, regardless of the number of crediésedtempted/p
whether there was a record of certificate/degree attainment.
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school year; and (8judent GPA as measured bydhmulative gradeoint average during the 2014
2015 school year.

Exploratory analysemcluded two additionamneasures for credit attainmeif®) the ratioof
competed/passed tattemptedhondegree bearing credits during the 2014 school year, and (b)
the number of credits completed/earned during the 2%l school year (both the degree bearing type
and the nowdegree bearing type, for FTIC students &hly).

Consistent with the WWC guidelines, all outcomeaurasassed in this evaluation viadth the Single

Stop and comparison groupaveface validity, adequate reliability, and consistency in measuremen
without overaligning with the intervention. Afimit occurs when the outcome data are not available for
students in the study samples. Metis made every effort to minimize sample attrition, inciseliofy the
CCP administrative data and the college enroliment and certificate/degree completion tthata from
National Student Clearinghouse (NSC).

According to the WWC evidence standards, when a study useexpguiasental comparison group

design, the baseline equivalence must be established based on the final analytic samples without imputing
missing da for outcomes or covariates (WWC, 2014). Therefore, Metis included only students with
complete outcome and matching variable data in the formal impact analyses. Some important matching
variables (i.e., FAFSA personal income, FAFSA household incomeyrpulative GPA and prior
cumulative credits passétht had a substantial proportion of missing data were included in the first
round of matching butltimatelyremoved from the matching paradigm in the second round to
maximize the number of matched gahile balancing the key baseline income and achievement data
elements (see Appendix B).

Implementation

Data for the implementation study were gathered through documentation review, observations of Single
Stop activities at CCP, and interviews withlesSBtop program staff and CCP college administrators.
More details on these evaluation activities are provided below.

Documentation Review The Metis team reviewed pertinent Single Stop CCP documents, including
program reports, marketing materialspdatatools, website information, and other documents.

Observations The Metis team conducted a walkthrough of the Single Stop offices in February 2015
and conducted two -tlepth observations in spring 2015. During these dates (April 21, 2015 and June
17, 2015), the Metis evaluator sat in the offices and observed public activities, such as phone call and
walkin procedures, as well as a sample of private, individual sessions with students. Additionally, during
these site observation days, the evaluatewesl program documentation and conducted interviews
with program staff and college administrators.

Interviews. In order to better understand implementation and address each of the qualitative study
guestions listed above, the Metis team interviewesd GEW staff members, including the two key staff
members that run the Single Stop CCP office, three administrators of separate CCP programs or offices
t hat regularly coll aborate with Single Stop, a

30 For the on-FTIC students, there is a concern about the potential ceiling effect on the number of credits completed/earned.
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wor k at CCP. The interview protocol i ncluded qu
Stopds role at CCP, as well as their perception
campus, its impact on students, the successes l@mhekdt has faced, and their recommendations for
improvement. Interviews were conducted using astewtured protocol and were held in person or

on the phone in spring 2015. The table below provides additional details about these interviews.

Table 2.Interview Details

Name Role ‘ Related Duties e (.)f ‘
Interview
Dave Watters Assistant Dean of Students Oversees host of nommcademic support services 5/20/15
Claudia Curry Director of Women & g Directs center, which helps wonmewith host 6/17/15
Advocacy Center
PauldJmanfa Project Director, Single Stop CCP Serves as lead staff person in Single Stop CCP o 6/17/15
works directly with students, coordinates with
other offices within CCP, and manages all
administrative duties
Chantal Assistant Project Director and Financial | Serves as assistant to director in Single Stop CCH  5/06/15
Whitehead Education Coordinator, Single Stop CCP | office, works directly with students, coordinates
volunteers, heads financial literacy curriculum
Sam Hirsch Vice President for Academic and Student| As chief student affairs officer, oversees all stude 7/01/15
Success supports, student life, outreach and recruitment,
enrollment management, counseling
Derrick Perkins | Director of Center for Male Engagement | Heads enter that provides academic and non 6/29/15
academic supports for African American males
Aubria Phillips Director of Counseling Department Heads team of 30 counselors who meet with 6/24/15
students
Analyses

Impactand ExploratoryStudies

After generatig a closely matched group of comparison subjects for the participants of Single Stop
based on PSM, Metis carried out multivariate regression analyses for the impattestuelterm

outcoms (i.e., ratio of creditompleted to attemptedumber otredits earned, GRAndsemesteto-

semester persistengeAll of the matching variables were included in the predictive models in addition
to the treatment dummy indicator and/or dosage measures to further strengthen ctatistidalr

possible cdiounds32 33

In addition toevidencébasedmpact analyses (research questi8hsdbsage and confirmation analyses
(research question 4), analyses of combinationajafprogram services (research questioangl),
exploratoryoutcome analyses (reseayebstions -B), additional subgroup analysese conductetb
examine potential differential/heterogeneous progetiatts using interaction modelgesearch
guestion 6).

31Linear regressions were used for the continuous outcome measures (i.e., ratio of credits completed to attempteetlitrimber of cr
earnedGPA), whereas logistic regressions were employed when outcome measures were dichotomoust(-eersestester
persistence). Both types of multiple regressions can generate impact estimates of interest.

32Note that specifications of regression ef®dnd detailed analysis results can be found in Appendices C, D and E.

33No multicollinearity problems were detected for any of the analyses. In some analyses, a few variables had @mtstant values,
therefore were not included in the models.
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According to the WWC guidelines, statistical significance adjustment proceduisnjamini
Hochberg) are required when multiple comparisons are involved for confirmatory contrasts specified in
the same outcome domain. In the currentteear study, the three target academic outcomes involved

in the confirmatory impact analyses be divided into two domathcredit accumulation and
persistence and academic achievemethie credit accumulation and persistence domain, two different
outcome measures (i.e., semésteeEmester persistence, degree bearingpasslitajewereanalyzed

for both the noAFTIC and FTIC sampleBor these four impact estimates, a Benjdtaicihberg (BH)
correction was applied for a multiple comparisons adjustoetihe oneoutcome measure (i.e., GPA)

in the academic achievement doptaé coresponding impact estimates for the-RoIC and FTIC

samples wedso adjusted by the BH method.

Note that in addition to assessing intended program outcomes based on sigiigitzelce level,
effect size idgh Goxnde¥) wéraegenerated to rheadugeehe fractical importance of
every findingWhile statistical significance indicates the probability that an observed effect is purely due
to chanc¥, an effect size measure provides addikegaiformationregardinghe magnitude caleof
anobserveceffect.In other words, a statistigadignificant result suggests that an effect indeed exists,
whereas substantial effecizé8 implies that gotentially importangffect might exist and is worth

future investigatioim circumstaces where there is a lack of statistical signifitance

Implementation

All implementation study activities, including site observations and interviews, were conducted by a
singleMetis staffmember. Observations were guided by an observation prothcoleaviews were
conducted in a sefsiructured manner, using one of two protocols (either the Single Stop staff member
protocol or the CCP administrator protocol). During the observations, the Metis team member took
very detailedvritten field notes toesve as &ecord of the observed events. Once the observation was
complete, the Metis observer ufegse notes to generate a summaryeobhbserved activity that
focusedn addressing the implementation research questions, and to complsterttaiomprotocol.

Qualitatie data derived from the interviews abdervationsverecontent analyze@nd emerging

response categories wawrenmarizedccording to each of the implementation research questions

34 Qutcomedomains were defined baseddWC Review Protocol for Individual Studies in the Postsecondary E¢lu8ation Topic Area
2015).

3%H e d ggmeasdures the standardized group mean difference (the difference between the mean outcome for the treatinent group
the comparison group, divided by the pooled wittinpSD of the outcome measure), and is the most commonly used effect size
index and the default measure by the WWC for continuous outcomes (e.g., credit accumulation, credit pass rate, GPA).

36 For dchotomous outcomes (e.g., semésteemester persistence vs. dropout status,), the WWC uses the Cox index as the default
ef fect size mea gwhictemeasBrésrhe difference irogrodpeneans fer@ontinuous outcomes, the Cox index
measuegs the difference in the probability of the occurrence of an event for dichotomous outcomes. According to the WWC (v 3.0,
2014), the Cox index oyi el ds e fgthaene wosld abtain ifgoolpuneans, standaidl ar t o t
devations, and sample sizes were available, assuming the dichotomous outcome measure is based on an underlying normal
distributiondé (p.22).

37 The significance level indicates how rare the results are when the null hypothesis is true, typically égpresdediasa 6 T h e
lower thep-value, the less likely the results are due purely to chance. Statistically significant results arp-uadicsedhs,

which means the risk of obtaining such results by chance is less than 5%.

38 According to the WWCatdards (v 3.0, 2014), effect sizes of 0.25 of a standard deviation or larger are considered to be
substantively important, regardless of whether they reach statistical significance.

39In some cases, small sample sizes can lead to insufficient statvsticahd therefore a substantively important effect may not be
detected with statistical significance. Further studies with increased sample sizes will examine if the effe¢t.endesed exists
statistically significant). In other cases, aistdlyssignificant finding has a small effect size, indicating that the effect truly exists but
is relatively small in scale.
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Findings

ImpactStuady

The current study examd the program impacts of the Single Stop program on thermeacademic
outcomes of the participants, including serdess@mester pgistence, degrbearing credit pasate,
and GPA. This section summarizes the findings of the confirmatory anpbsesDetailed
regression results can be found in Appendix C.

Persistence in College

Semestetio-semester persistence was examined for both tHer@rand FTIC student3he results
of both analyses indicate tlatgrall, the Single Stop prticipants enrolled at CCP indll 2014wvere
significantly more likely to persist in college in spring 2015 than the matched comparison group
(i.e., had a significantly higher semesteto-semester persistence rate).

As shown in Table, ®n averag®l.86 of the nonFTIC Single Stop studemsre expected to stay
enrolledat CCP in spring 201WwhereaB88.5%of the matchedon-FTIC comparisong/ere expected to

remain in college in the second half of the-2018 school yedfor the FTIC group, on average,

895% of Single Stop students were expected to persist in school in spring 2015, while only 83.4% of
their comparison counterparts were anticipated to persist within the same timeframe. Both analyses
yielded statistically significant respks((05). Accaling to the WWC standards, the effect size for the
impact of Single Stop on the semdstesemester persistence of the FTIC students (0.320) is considered
substantively important, whereas that for theFid@ impact analysis finding is not (0.223).

Table 3 Summary of regression results for semesi@isemester persistence
RegressiomAdjusted

Unadjusted Probabilit

Sample Size ) Probability of i
(Matched Of Persistence Persistence Effect Size in Co p—lﬁlue
: Index
Pairs x 2)
Comparison Treatment Comparison Treatment
Non-FTIC 645 x 2 0.870 0.905 0.885 0.918 0.223 0.0452
FTIC 305x2 0.810 0.872 0.834 0.895 0.320 0.0263

* Statistically significant result.
a According to the WWC (v 3.0, 2014), a Cox index of 0.25 or larger is consideredgstibstantively important, regardless of whether the
difference between groups reaches statistical significance.

Degree Bearing Credit Pass Rate

For the confirmatory analyses, ttegitattainment outcoms&as measured byeratio ofcompletedd
attemped degree bearing creditisring the 2022015 school year. For both the #aiC and FTIC
studentsduring the 2032015 school yeahe Single Stopstudents at CCP had a significantly
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higher ratio of completed to attempted degree bearing credits thatheir comparison
counterparts.

As shown inrable4, on averagehe nonFTIC Single Stoptudats had a 73.9% degree bearing credit

pass rate, while the similar comparisons had a mean pass rate of only 69.0%. While the FTIC group had
substantially lowategree bearing credit pass rates than thETi@Gngroup, the difference between

Single Stop students and comparisons was nonetheless positive with FTIC Single Stop students passing
58.9% of the degree bearing credits they attempted during their firstcgpage versus 51.7% for

their comparison counterparts. The findings based on both analyses were statistically significant (
0.05), although the <corr espowerismaly(0.£856 foren&dIC si ze s
analysis and 0.187 foFlE analysis}.

Table 4 Summary of regression results fdegree bearing credjiass rate

Sample Sizd Unadjusted Means RegressiofAdjusted . E.ffec-t
Means EstimatedSize in
(Matched pValue
Pairs x 2) Impact |He d
Comparison Treatment Comparson Treatment &
Non-FTIC 641 x2 0.688 0.740 0.690 0.739 0.049 | 0.156 | 0.006*
FTIC 291x2 0.515 0.591 0.517 0.589 0.072 | 0.187 | 0.02*

* Statistically significant result.
a According to the WWC (v 3.0, 2014), Bl e d ggof0@5SDsor larger is consideed to be substantively important, regardless of whether
the difference between groupgaches statistical significance.

Grade Point Average

Student academic achievement was measured by their cumulative grade point average (GPA) during the
20142015 schol year. Again, the analysis results for both th& i@hand FTIC students indicate

that during the 2032015 school yeathe Single Stop students at CCP, on average, had a
significantly higher cumulative GPA than their matched comparisons.

As indicted in Table 5, the observed mean cumulative GPA of 2.639-f6fidbBingle Stop students

was significantly higher than similarly situated students at CCP (by 0.185 points). Among the FTIC
students, the Single Stop participants, on average, recewedatveuGPA of 2.129, whereas their
counterparts only had a cumulative GPA of 882 estimated group mean difference of 0.247 points

was also statistically significart 0.05). Similar to the degree bearing credit pass rate analyses, the two
effed si zes me a gweresnthl0l53 foHherT¢Ceasalysis and 0.176 for FTIC analysis)

40 A metaanalysis of 186 education intervention studies indicated that the effect size indices for the bottom third gestudies ran
from 0.00 to 0.32, those for the middle third from 0.33 to 0.55, and those for the top third from 0.56 to 1.20 [Lifs890M. W.
Design sensitivity: Statistical power for experimeatabuegdtadty CA: Sage.]. These ranges could kelg tefine small,

medium, and large effects.
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Table 5 Summary of regression results fGIPA

Sample Siz Unadjusted Means RegressiorAdjusted . E_ffec_:t
Means EstimatedSiz in
(Matched pValue
Pairs x 2) Impact |He d
Comparison Treatment Comparison Treatment &
Non-FTIC 622 x 2 2.459 2.634 2.453 2.639 0.185 | 0.153 | 0.0GB6*
FTIC 259x 2 1.865 2.146 1.882 2.129 0.247 | 0.176 | 0.038*

* Statistically significant result.
a According to the WWC (v 30, 2014), & e d ggof@5SDsor larger is considered to be substantively important, regardless of whether
the difference between groupgaches statistical significance.

Multiple Testing Adjustment

According to the WWC guidelinesBenjaminHochberg (BH) adjustmemteeds to be applied to

multiple confirmatory testghenconductedunder the same outcome domain. As mentioned previously,

the four analyses in Tables 3 and 4 were conducted undezdiheaccumulation and persistence
outcome domajrwhile the remaining two analyses in Table 5 were carried out under the academic
achievement domain. As can be seen in Tables 6 and 7, all six statistically significant confirmatory
analyses findings discussed earlier were still statistically sigtefithat2tfl adjustment.

Table 6 BenjaminHochberg (BH)adjustment for confirmatory tests under theedit accumulation and
persistenceoutcome domain

Is the originajp-value | Statistically significant

Original p-value pvalue rank New critical pvalue < new criticalpvalue? | after BH adjustment
0.005 1 0.013 Yes Yes
0.022 2 0.025 Yes Yes
0.026 3 0.038 Yes Yes
0.045 4 0.050 Yes Yes

Table7. BenjaminHochberg (BH)adjustment for confirmatory tests under the academic achievement
outcome domain

Is the originajp-value | Statistically significant

Original p-value pvalue rank New critical pvalue < new criticalpvalue? | after BH adjustment
0.006 1 0.0250 Yes Yes

0.038 2 0.0500 Yes Yes
ExploratoryStuady

Along withtheimpactanalyses, a ssiof exploratory evaluation questions were posed to better
understand Singl e St op aAsmenigned@lioge, tleese amalgsesweret er m
designed to be exploratory in naturexeminehe association betwessrvice delivery and outaesn

as well as whether any particular subgroup(s) of students differentially experience outcomes. Unlike the
impact study, none of the following analysis results should be considered confirmatory. Rather, they
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should be used to inform review of prograraroffis, as well as further study. It should be immediately
noted that no discernable patterns were noted bdtveegmantity or combinations of Single Stop
service componengsmdoutcomes. Nonetheleise following sectiosummarizes the results of these
analyses, presented by research question.

Exploratory question 1: To what extent does treatment dosage for each of the five major services (i.e.,
screening, financial counseling, legal counseling, tax preparasion, amdeothex seevicet o0 st udent
while controlling for whether an outcome confirmation was received under each major service category?

To address the first exploratory questiauitiple regression models were constructed from the defined
dosag metrics along with other pertinent covariates that may be related to academic outcomes. Three
shortterm outcomes were observed for these analyses, including -$esEskester persistence,(

fall 2014to spring2015, degree bearing credit pade (ae., degree bearing credits passed/degree
bearing credits attempted) and cumul&@RA for the school yed#0142015 Further, analyses were
conducted separatéty FTIC and norFTIC students

The full set of predictors from which the regressiateraavere developed are listed beldvalite 8

Note thatwhilethe demographigariable sets for each predicted outcome within student groujnvaried

the final models, the key dosage metrics and outcome confirmation dummies were dawetaahed.

models were conducted using a range of variable sets to maximize the number of observed cases as well
as the number of input variables. Variables were eliminated from the analyses due to lack of variability or
insufficient association with the outcorfies greyed out cells Trable 8). Mtably 6 amber of years

since first enrolled at collégp academi ¢ oraoOgtupati geakolagdi,on at-
ando ifed for FAFSAwere eliminated from all final models.

Table 8.Predictors and resudt of treatment dosagand outcome confirmatiomegression models

Non-FTIC
Semester to Degree Semester to Degree

BT semester | bearing credit semester | bearing credit

persistence pass rate persistence pass rate

Benefits Eligibility Screimg Events <0.001 0.095 0.177 0.907 0.638 0.762
Benefit Eligibility Screening Outcome 0.003 0.088 0.083 0.573 0.577 0.192
Confirmation (no/yes)

Additional Services Events 0.826 0.910 0.838 0.247 0.215 0.032
Additional Services Outcome 0.120 0.288 0.380 0.914 0.129 0.017
Confirmation (noyes)

Financial Counseling Events 0.833 0.735 0.242 0.949 0.020 0.253
Financial Outcome Confirmation 0.387 0.599 0.167 0.966 0.016 0.334
(nolyes)

Legal Counseling Events 0.078 0.440 0.875 0.589 0.748 0.967
Legal Outcone Confirmation (no/yes) 0.100 0.608 0.789 0.430 0.936 0.595
Tax Preparation Events 0.728 0.911 0.830 0.933 0.212 0.644
Tax Outcome Confirmation (no/yes) <0.001 0.063 0.059 0.943 0.496 0.908
Female (nol/yes) 0.070 0.094
Hispanic (no/yes) 0.125 0.928 0.461 0.047
Black (no/yes) 0.161 <0.001 <0.001 0.002
Parttime/Fulitime 0.189 0.075 0.042
Marital Status (Single/Married) 0.170 0.060
FAFSA Dependent Status 0.008
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(Independent/ Dependent)
Received Financial Aid (no/yes) <0.001 0.1& 0.036
Received Student Loaino/yes) 0.130
High School Diploma/GED 0.056
Remedial Credits 0.141 0.154 0.001
Liberal Studies Major (no/yes) 0.148 0.042 0.005 0.184
Business/Technical Major (no/yes) 0.173 0.016 0.056 0.238
Age atBaseline 0.156 0.021 0.116 0.047
Placement Test Score 0.013 0.018
Number of years since first enrolled &
college

Academic/Occupational Major

First Generation Attending College
(nolyes)

Filed for FAFSA (nolyes)

Key Positvely associated with outcome  Negatively associated with outcome Not included infinalmodel

Table 8also provides the calculapedhlues for each predictor in the model, with statistically significant
associations (i.@.< 0.05) highlighted in greéoar positive associations (i.e., higher numbers associated
with better outcomes) or pink for negative associations (i.e., lower numbers associated with better
outcomes)! Detailed results from these analyses can be fopdendix D.

While no definitivepatterns relating dosage to the observed-tgnortoutcomes emerge from the
analyses, there are several key findings of note presented below by outcome:

Semestefto-Semester Persistence

1 No statistically significant associations were observed betveketorprand persistence for
FTIC students.

1 For nonFTIC students, a higher number of benefit eligibility screening events is positively
associated with persistence, as is at least one outcome confirmation for benefit eligibility. More
benefit eligibility geenings and at least one benefit outcome confirmation are therefore
positively associated with persistence for students with prior college experience.

1 Also for nonFTIC students, at least one tax preparation outcome confirmationtivelposi
associatewith semesten-semester persistence, even though the number of tax preparation
events is not.

1 Finally,nonFTIC students who receive financial aid are more likely to persist than students who
do not.

Degree Bearing Credit Pass Rate

41The relationship/association between a given predictor and the target outcomes can either be positive or negative: positive
association indicates that the higher the predictor, the better the outcomenedareasssociation suggests that the lower the
predictor, the better the outcome.
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1 Although no statistally significant associations are observed between dosageometrics
outcome confirmatioand the credpass ratéor non-FTIC students, the analyses suggest that
better outcomes are associated with older students with prior college experience tvho are no
Black/AfricarAmerican nor liberal studies or business/technical majors.

1 For FTIC students, higher degree bearing credit pass rates are associated with more financial
counseling events and higher placement test scores. However, having at leastiabne financ
outcome confirmation is associated with poorer pashtrate

Grade Point Average (GPA)

1 As with degree bearing credit pass rates, no stgtistgraficant associations webserved
between dosage metrios outcome confirmatiomnd GPA fornonFTIC students. The
analyses do suggest thmtependent students with more remedial credits who are neither
Black/AfricarAmerican nor liberal studies majors are associated with higher GPAs.

1 Higher GPAs are associated with less additional service mybatsrey at least oelditional
service outcome confirmation for FTIC students. Further characteristics associated with higher
GPAs for firg-time college students includget being Black/Africamerican or Hispanic,
being enrolled futime, receivinginancial aid, having higher placement test scores and being
older at baseline.

Exploratory question 2: How many combinations of the five major services (i.e., benefits eligibility scre
counseling, legal counseling, tax prepatsioser@iaes)t do treatment students typically receive? What is
estimated i mpact of each of the major combinat.i

Of the 31 possible combinations of the five major seraltésit twowere received by at least one

Sirgle Stop participant at CCP. The vast majority of participants received a benefits eligibility screening
either alone or in combination with at least one other service (85.9%). This is followed by combinations
of services that at least include financiatsaing (39.7%), tax preparation (13.1%), legal counseling
(12.2%) and addal services (11.3%). Tables 9 armtel&nt the number and percent of students by
combinations ofesvices receive@ihese tables are supplemented by Figure 1, which dsapbmats

the data contained in TableThe eightmajor combinatiohservices, ghlighted in Table 1énd
graphically depicted Figure 2are defined as those combinations of services received by 30 or more
participants.

Table 9. @mbinations of mjor Single Stop services received by students

Services Received | N | %

benefits eligibility screening alone or with other services 990 85.9
financial counseling alone or with other services 457 39.7
tax preparation alone or with other services 151 13.1
legal counseling alone or with other services 140 12.2
additional services alone or with other services 130 11.3

Figure 1. Combinations of major Single Stop services received by students
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screening alone or with alone or with other or with other services or with other services
other services (N=990) services (N=457) (N=151) (N=140)

Table 10Unigue combinations ahajor Single Stop services received by students

additional services
alone or with other
services (N=130)

Unique Combinations of MajdBervices Received | N | %
benefits eligibility screening only 316 27.4
benefits eligibility screening, financial counseling and tax preparation 228 19.8
benefits eljgibility screvng and tax preparation 114 9.9
benefits eligibility screening and financial counseling 98 85
lax preparation only 74 6.4
benefits eligibility screening and additional services 69 6.0
benefits eljgibility screening and legal counseling 55 4.8
finandal counseling and tax preparation 52 4.5
benefits eligibility screening, legal counseling and additional services 19 1.6
benefits eligibility screening, financial and legal counseling 18 1.6
benefits eligibility screening, tax preparation and aafutti services 15 1.3
benefits eligibility screening, financial counseling and additional services 12 1.0
benefits eligibility screening, financial counseling, tax preparation and additional serv 11 1.0
benefits eligibility screening, financial sggal counseling and tax preparation 11 1.0
financial counseling only 10 0.9
benefits eligibility screening, legal counseling and tax preparation 10 0.9
all five major services 7 0.6
legal counseling only 6 0.5
additional services only 5 0.4
bendits eligibility screening, legal counseling, tax preparation and additional services 5 0.4
financial counseling, tax preparation, and additional services 4 0.3
tax preparation and additional services 3 0.3
legal counseling and tax preparation 2 0.2
financial and legal counseling and tax preparation 2 0.2
benefits eligibility screening, financial and legal counseling and additional services 2 0.2
financial counseling and additional services 1 0.1
legal counseling and additional services 1 0.1
legal counseling, tax preparation and additional services 1 0.1
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Unique Combinations of Majdervices Received N

financial and legal counseling, tax preparation and additional services 1 0.1
financial and legal counseling 0 0.0
financial and legal counseling, and additional services 0 0.0
Total 1,152 100.0

Figure 2. Major unique combinations of major Single Stop services received by students
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benefits benefits benefits benefits tax benefits benefits financial
eligibility eligibility eligibility eligibility  preparation  eligibility eligibility counseling
screening  screening, screening andscreening and only (N=74) screening andscreening and  and tax

only (N=316) financial tax financial additional legal preparation
counseling preparation counseling services counseling (N=52)
and tax (N=114) (N=98) (N=69) (N=55)
preparation
(N=228)

Using the matcheg@airs that were defined in the impact anak¢sesjltiple linear and logistic
regressions were conducteeggtimate the impaadf major combinations of services on sem#ster
semester persistence, degree bearing credit pass @RAahdlote thatthe nonFTIC and FTIC

students were combined ingbenalyseadue to limited Ns belonging to each unique catitn The

following tables summarize the results of the regressions conducted for each of the major combinations
of services. Each table contains the number of cases analyzed, the unadjusted anddjagtedsion
measures of the treatmendicator (e., treatment veomparison), a measure of effect siad ap-

value indicating whether the difference between treatment and comparison is statistically significant.
Detailed regression analysis results can be folippendix E.

Semesteito-Semester Brsistence

42Note that all findings for these service combination analyses were exploratory in nature since baseline equivalesce might not
established for pertinent analytic samlat contained only subgroups of original matched students.

43Multiple linear regressions were used for continuous outcome measures, whereas multiple logistic regressions were employed wh
outcome measures were dichotomous. In addition to theetneatdicator(s), all of the matching variables were included as

predictors in the full regression models for further statistical control.
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Table 1lpresents the results of logistic regressiatyses conducted upon seméstsemester
persistence for each combination of services. The combination of benefits eligibility screening and tax
preparation resulted in a statisticallyifeignt higher probability of persistence for the Single Stop
participants p=0.005), with a rather large effect size (1.932). This combination of services therefore
appears to be associatgth a large impact on semestesemester persistence.

While rot statistically significant, the combination of benefits eligibility screening and legal counseling
may also have a positive impact on persistence based on the medium calculated effect size of 0.663. Alsc
not statistically significant, the combinatiobeoiefits eligibility screening and financial counseling may

be associated with poor persistdraseed on the smakgativecalculated effect size-6f305. None of

the other combinations of services produced notable.f&sults

Table 11 Regressionasuts: Smesterto-semester persistence

Sample Size Unadjusted Probability of RegressiofAdjusted
(Matched Pairs Persistence Probability of Persistence

Effect Size
in Cox

Analytic Group X 2) Comparison Treatment Comparison  Treatment Index pvalue
g‘;&eﬂs eligibility screening 250 x 2 0.844 0.824 0.856 0.844 -0.056 0.713
benefits eligibility screening,
financial counseling and tax 195x 2
preparation
S Gl esEsing 93x 2 0.806 0.968 0.948 0.998 1932  0005*
and tax preparation ’ ’ ’ ’ ) )
SRS GG BEEEng o) 0.895 0.829 0.979 0.966 0305 0414

and financial counseling
tax preparation only 58 x 2 0.914 0.879 0.934 0.932 -0.020 0.961
benefits eligibility screening

- . 61x2 0.803 0.820 0.922 0.82 0.089 0.809
and additional services
benefits eligibility screening
and legal counseling 46 x 2 0.826 0.848 0.989 0.996 0.663 0.210
financial counseling and tax 47 % 2

preparation
* Statistically significant result
a According to the WWC (v 3.0, 2014), a Cox index 6f25 or larger is considered to be substantively important, regardless of whether the

difference between groups reaches statistical significance.

Degree Bearing Credit Pass Rate

Table 12presents the results of multiple linear regnsssionducted upooredit passates. The
combinations of benefits eligibility screening, financial counseling and tax preparation, benefits eligibility
screenin@nd tax preparation, and financial counseling and tax preparation all had statistically significant
impacts orthe degree bearing credit pass rates of Single Stop participants. Benefits eligibility screening,
financial counseling and tax preparation and benefits elagplagingnd tax preparation both result

in an estimated 9% higher passing rate than ¢somzawith a small effect size (Heoigre 0.291 and

0.287, respectively). The financial counseling and tax preparation combination easaitohated

20% higher passing rate than comparisons, with a medium effect siz8g#Hedizr).

44 Note that analyses could not be conducted for two of the eight combinations of services due to lack of vat@hilies. For

the combination of financial counseling and tax preparation, all but four comparison students persisted. For theo€ombination
benefits eligibility screening, financial counseling and tax preparation, all of the Single Stop masisipdntehile 26 of the
comparisons did not.
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Table 12 Regressiomesults: Degree bearing credit pass rate

Effect
_Estimated ~ Size in

Unadjusted Means RegressiofAdjusted Means Impact Hedge

Sample Size
(Matched F pvalue
Analytic Group Pairs x 2) Comparison Treatment Comparison Treatment

benefits eliibility
screening only
benefits eligibility
screening,
financial 193x 2 0.672 0.766 0.673 0.765 0.092 0.291 0.005*
counseling and
tax preparation
benefits eligibility
screening and tax ~ 90x 2 0.631 0.730 0.634 0.727 0.093 0.287 0.050*
preparation
benefits eligibility
screening and
financial
counseling
tax preparation
only
benefits eligibility
screeningand
additional
services
benefits eligibility
screening and 44 x 2 0.554 0.619 0.560 0.612 0.052 0.145 0.576
legal counseling
financial
counseling and 47 x 2 0.675 0.804 0.640 0.839 0.198 0.727 0.004*
tax preparation

* Statistically significant result

a According to the WWC (v 3.0, 2014), B e d ggef-0@5SDsor larger is considered to be substantively important, regardless of whether

the difference between groupgaches statistical significance.

245x 2 0.642 0.651 0.651 0.641 -0.010 -0.028 0.751

72x2 0.580 0.620 0.588 0.613 0.024 0.067 0.685

58 x2 0.749 0.756 0.745 0.760 0.015 0.052 0.776

60 x 2 0.598 0.624 0.569 0.653 0.083 0.219 0.256

Grade Point Average (GPA)

The results of the multiple linear regression analyses condootéPéys are presented in Tale 1

The difference in GPA between comparisons and Single Stop participants who receive a combination of
benefits eligibility screenjrigancial counseliragd tax preparationstatisticdy significan(p< 0.001)

with a smalio mediumeffect size (Hedgig=0.371). On average, Single Stop participants receiving this
combination of services obtain GPAs approximately @gibis higher thantheir comparisons.

Further, although not statistically signifigas@.081), the combination of benefits eligibility screening

and tax preparation services does achievmalalesmall effect size (Heddg=0.263), suggesting that

this combinatin of services may also be beneficial to Single Stop participants, increasing participant
GPAs by approximately 0.334 points tivecomparisorstudens.
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Table 13. Regression results:rade point average

Sample Unadjusted Means RegressiorAdjusted Means Effect
Size Size in

(Matched Comparison Treatment Comparison Treatment Estimated Hed g ¢
Analytic Group Pairs x2) Impact &

benefits eligibility
screening only
benefits eligibility
saeening, financial
counseling and tax
preparation
benefits eligibility
screening and tax 87 x2 2.266 2.600 2.266 2.600 0.334 0.263 0.081
preparation
benefits eligibility
screening and 68 x 2 2.083 2.162 2.083 2.162 0.079 0.058 0.750
financial coundimg
tax preparation
only
benefits eligibility
screening and 56 x 2 2.133 2.080 2.084 2.129 0.046 0.031 0.879
additional services
benefits eligibility
screening and legal 42 x 2 2.187 2.230 2.177 2.240 0.063 0.043 0.847
counseling
financial counseling
and tax 46 x 2 2.780 2.767 2.792 2.755 -0.037 -0.038 0.878
preparation

* Statistically significant result

a According to the WWC (v 3.0, 2014), B e d ggef-0@5SDsor larger is considered to be substantively important, regardless of whether

the difference between groupeaches statistical significance.

226 x 2 2.202 2.385 2.217 2.370 0.153 0.116 0.195

184 x 2 2.328 2.767 2.322 2.773 0.451 0.371 <0.001*

56 x 2 2.527 2.697 2.519 2.705 0.187 0.153 0.439

Summary

The results of the multiple regression analyses confducd@gloratory question 2 are susmnized in

table 14. Although no combination of servicsgsficantiyassociated with positive results for all three
outcomesthe combination of benefits eligibility screening and tax preparation is the most promising,
with a notable positive effeckzesiand apvalue approaching significance for GPA. Likewise, an
investigation into the combination of benefits eligibility screening, financial counseling and tax
preparation might also warrant further exploration as arsigsesd positive effects forawef the

three outcomes, and analysere unable to be conductedtfa third onegersistenge

Further positive indicators of service combination success are more localized to a specific outcome
domain, such as the statistically significant assobketiiceen the combination of financial counseling

and tax preparation services and better credit pass rates, and the notable positive effect size found for
persistence and the combination of benefits eligibility screening and legal counseling.l$dowfever, a

note is the notable negative effect size found for the association between the combination of benefits
eligibility screening and financial counseling and persigtéiled. is unlikely that the receipt of this

service combinatianightresult in porer persistence for Single Stop participants, the result nonetheless
warrants further investigation.
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Table 14. Summary of regression res(fssalues)or exploratory question 2

Degree
bearing
credit pass
rate

Semesteito-

Unique Combinations of Major Services Received semester GPA

persistence

benefits eligibility screening only

benefits eligibility screening, financial counseling and tax prepar

benefits eligibility screening and tax preparation

benefits eligibility screening and financial counseling 0.414 0.685 0.750

tax preparation only 0.961 0.776 0.439

benefits eligibility screening and additional services 0.809 0.256 0.879

benefits eligibility screening and legal counseling 0.210 0.576 0.847

financial counseling and tax preparation 0.878

Key Not statistically significant, but  Not statistically significant, but  Not

positivenotable effect size negativenotable effect siz tested

Exploratory queston 3 Does Single Stopds Community Coll eg:

independent versus students who are dependent?

Additional regression analyses were conducted to explore the intebativers the treatment

indicator and student financial dependency separately for the FThGn&IdC samplesThese

analyses investigated potential differential impacts of Single Stop programming on pertinent outcomes
by financial dependency status.dAighh no statistically significant findings for the interaction between
financial dependency and Single Stop participation were noted among the three outcomes, the analysis
on GPAs fomonFTIC students approached significance with a small effect sizeggests that few
differential program impacts were found for financial dependency (see detailed regressiesliénalys
presented in ppendixE).

Tablel5. Regressiomesults for the noRFTIC group: Gade point average

Unadjusted Means RegressiorAdjusted Means Effect
Sample Size Size in
(Matched Estimated Hedgesd
STIofo](oJI M SETCD'@AM Comparison  Treatment  Comparison  Treatment Impact el
e 2.418 2.699 2.425 2.687 0.262 0216  <0.001*
Independent
Financially 2.579 2.448 2.539 2.500 -0.039 0032  0.772
Dependent
—————  622X%x2

Financially
Digp2raii; 0.161 -0.251 0.114 -0.187 -0.301 -0.248  0.052
0 Financially
Independent

* Statistically significant result
a According to the WWC (v 3.0, 2014), B e d ggef-0@5SDsor larger is considred to be substantively important, regardless of whether
the difference between groupgaches statistical significance.

Tablel5 presents a summary of the regression results for GPAs by financial dependency status for the
nonFTIC group. Note that therie a statistically significant difference between Single Stop participants
and comparisons for the financially independent gpogp0(001), although the effect size is not
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notable (Hedgdg=0.216). This is a consistent finding throughout the subgralyse® both FTIC

and non-FTIC financially independent Single Stop participants consistently outperform financially
independent comparisons (8gpendixE for details). However, none of the interaction eféetiie
difference between outcomes of fimahc independent and dependent Single Stop participants
compared to the difference between outcomes of financially independent and dependent cdmparisons
are notable except ftire result presented in Tabk For thenonFTIC group, financiallgependet

Single Stop studentsn averagehave a GPA approximately 0.2 points (0.187) lower than their
financiallyindependent counterparts. Conversely, financially indepeo€fliC comparisons have a

GPA approximately 0.1 point (0.11eWer than financigl dependenhonFTIC comparisons. The
difference between these two differences (estimated impe®DE) approaes statistical significance
(p=0.052), and is particularly notable due to the small effect sizesitfe@@8). Based on this result,
wemay assume that GPApisstively associated with financial independenc®fefTIC Single Stop
participants.

Exploratory question4 Do students served by Single Stopds
attempted to passeegi@e bearing credits than the comparison group of students?

Given thata baseline measure of fumgree bearing credits was not available nor used during the
matching process for the impact analyses, the matched groups that were defined in treysagact an
could not be used to determine whether Single Stop participants passgglesohearing credits at a

higher rate than a comparison studerf@ather, multiple linear regressions were conducted on the
unmatched groups of Single Stop participamtscamparisons for whom outcomeeasures were
available. Tabl6 presents the results of these regressions for batbrtd IC and FTIC subgroups.

Note that neither a statistically significant nor a meaningful difference was observed between Single Stop
participants and unmatched comparisons fedagree bearing pass rate.

Tablel6. Regression results for nedegree bearing credits pass rate
Unadjusted Means RegressiorAdjusted Means

Effect
Size in
Estimated Hedgesd

Sample Size
(Single Stop +

Group (o] EE )M Comparison  Treatment  Comparison  Treatment Impact i 2 pvalue
1,536
Non-FTIC (124 + 1,412) 0.513 0.491 0.510 0.517 0.007 0.014 0.881
FTIC 3,031 0.577 0.567 0.574 0.606 0.032 0.075 0.299

(210 + 2,821)
* Statistically significant result
a According to the WWC (v 3.0, 2014), B e d ggef-0@5SDsor larger is considered to be substantively important, regardless of whether

the difference between groupeaches statistical significance.

Exploratory questiob first time freshmentsgrve®si ngl e St opds Community Cc
degree bearing credit accumulation than the comparison group of students? Daléigegeatseahinge higher
credit accumulation than their counterparts?

45Metis tried to match the two groups of students who hadegyee bearing credits outcome data based on the original list of
matching variables, but the PSM was not successful since there was litthé theeelstimated propensity scores for the two
conditions (i.e., poor common support region).
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Tablel7 presents the relgsiof multiple linear regressions on both-aegree and degree bearing credit
accumulation for FTIC students. As with the analyses presented abdegremmcredit comparisons

are limited to an unmatched comparison group. While the result for-egyrencredit accumulation
comparison is not statistically significant, the analysis for the matched comparisorbefadagree

credit accumulation does show that Single Stop participants accumulate a statistically significant higher
number of degreleeamng creditsg < 0.001, with a substantively importagftect size (Hedgég=

0.309.
Tablel7. Regression results for credits earned by FTIC students
Sample Size Unadjusted Means RegressiofAdjusted Means Effect Size
(Single Stop + Estimated in Hedged
Outcome (o] EUELH)M Comparison  Treatment  Comparison  Treatment Impact a pvalue
Non-degree 3031
bearing credits ’ 3.722 3.786 3.700 4.086 0.386 0.122 0.096
earned (210 + 2,821)
Degree 582
bearing credits 7.175 9.605 7.223 9.557 2.334 0.309 <0.00r¥
- (291 + 291)

* Statistically significant result

a According to the WWC (v 3.0, 2014), B e d ggefd@5SDsor larger is considered to be substantively important, regardless of whether
the difference between groupeaches statistical significanc

b Matched pairs

ImplementatiorStudy

In order to better understand the quantitative results, the implementation evaluation focused on the

extent of program implementation and the level to which it has been integrated on the CCP campus. As
a result oexamining these questions, a number of best practices, as well as implementation challenges,
were uncovered. Further more, key factors that h

Extent of Program Delivery

As of fall 2015, Single Stop had beemeg on the CCP campus for two full years and had achieved a
number of key successes, including being recognized by Single Stop USA as having one of the most
successful program launches to date. According to its second year program report, whichedas produc
independently by Single Stop at CCP, the program had served a total of 2,583 students, connecting them
with $6,751,685 in tax refunds, benefits, and supportive services. The report indicates that Single Stop
CCP has served more than 1,000 studentggersgreening 99.9% of them, providing tax preparation
services for more than 56%, financial counseling to 24%, legal counseling to 8%, and health care
enrollment support to 50%. Other relevant data provided in this report include:
1 2,583 government beriedfcreenings had been conducted, including health care, food resources,
utility assistance programs, cash grants, child care subsidies, and scholarships, among others;
1 1,412 tax returns had been filed, providing students with an estimated $2,103;8f#dstax
1 1,270 students had received health care enrollment assistance, with more than 500 estimated
applications approved;
1 625 students received financial counseling; and

1 223 student received legal consultations, addressing immigration, houss)ggraplityment,
record expungement, consumer, and government benefits issues
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Observations and interviews with key program and college staff revealed that Single Stop provides added
value to students. Specifically, the following key points were raised:

Sngle Stop allows CCP to offer students new services, as well as to consolidate offerings that

used to be scattered across different progran®.r i or t o Single Stopds arri
college offered many of the various services (e.g.,alifae@cy, health care assistance) that are
currently offered through the program, but they were scattered across various programs. For example,
the college has multiple offices that provide services for students, including the Counseling Center, the
Womnends Outreach and Advocacy Center, and the C
from these offices, the counseling center used
Center used to handle health care. However, the offerings weoharent, and staff from these

offices felt ill prepared to provide the services. The director of the Counseling Center explained that her
counselors did not really have the background in financial literacy, nor the time to dedicate to it to
provide thorog h wor kshops. Mor eover, the director of t
was a complex task for her to handle, and she does not have any support staff to help. Therefore, she
was not able to provide students with the kind@déjth assistaathat they required.

Once Singlet§opwas | aunched at CCP, it became the firs
needfinancial and social serviseas pp or t . As one administrator poir
the process of providing refds for students, and it has become part of the consciousness of
administrators throughout campus to Hawimga stude
dedicated place that provides all of these life supports is incrediblg helpful.

Single Stop erks with other programs and departments at CCP to ensure that students get the services
that they need. They provide mutual referrals, with other centers providing referrals to Single Stop and
vice versa. Thi s oO0Omut ual | yinistatrdedcrdediitc ldas alleveda t i o n
programs to improve their offerings overall to students.
As one di r eia to&ingletep, twehdd to 0 P
t - - -1 call around and try to find services for students who
0 students in one literal sing )

5CCP Administtor needed .thenWe hadallst~of resources and pladeggo, .

but it wasndot all that coordi

and go away, so it was frustrating when a stude
t o hel purthelmere) thé director of thEomerd €enterexplained that they usedhave a
grant toprovide child care servides students. However, when the grant expired, many students were
left without child care, and their only option was to apply for subsidized child care through CCIS (Child
Care Information Servicesijfered though the City of Philadelphia. She turned to Single Stop staff to
help her students who were in danger of dropping out at this time, and was thrilled to learn that the staff
were able to support them.

0Single Stop allows us to offe

Single Stop streamlines complicated processes for dants. The types of supports that Single Stop

offers are often riddled in bureaucratic webs at multiple levels, including local, state, and federal arenas.
According to CCP staff, students are often bewildered by the process and do not even know what
guesibns to ask. They may have lived with the issues that they are facing for their whole lives, without
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being aware that there are any other options available. Because Single Stop staff are so familiar with the
agencies and the process, thegldectomakecalls on their behalf atal cut through buaaicracy and

help them, oftemwith benefits and other supports that studester even knew existed

Single Stop allows students to get results in a timely manner, and many times the problems are highly

tmesasitive, such as when a student neeldsv d ohnadd s
students put through applications for food stam
6Can you speed up t hesdoAndtbeo she wilPgetdt dobdndhis progead | | S ay
directords opinion, this type of assistance is

Some program directors further noted that they have learned a great deal about potential benefits for
studentsand the way in which public benefit systems work through the workshops that Single Stop has
offered to their students. This professional development for CCP staff, which in turn helps them to
better support their students, has been an unexpected Hebefigiog the program onto campus,
according to CCP administrators.

Single Stop offers positive experiences to students who often have had negative experiences
with social service systems in the pasMany of the

students who are served by Single op not been dSingle Stop is part of what

served well by other systems in their past, whether t\{va§ 8 s par t o f

the education system or other social services. Ag o T -
vcation sy . g%e us as |pd|V|duaI providel
administrator notes, 0 A ot 0 o,ur student s S |
see us.as the coge e

silence, 6 and this is beca t he\y not feel
have anyone to turto. Single Stop serves as a liaison %éép AdmlnP/Stra or

between the students and the systems. According to this

administrator, Single Stop helps to change the dynamics between the students and these agencies, so the
students become more empowered and informed consuniergirgy essential information to meet

their needs.

Single Stopds I ntegration on the CCP Campus

Based on data gathered through interviews and
on the CCP campus may be attributed to a number ofactor

CCPO6s top administrators advocated for the prog
in the college. As described earlier, Dr. Hirsch was instrumental in bringing on the program and
ensured that it would receive the appropriate supportkéoinsaccessful. For example, he ensured

that the president and the Cabinet would support the program before committing to it. He also
personally selected the programds director and
suitable spader the program and ensured that staff had the supplies and connections they needed to be
successful. In his interview, Dr. Hirsch noted that the collegmatéas substantive contribution to the
programover five yeargndistherefore is heavily inted in its success.

Single Stop CCP&6s Director | earned about t he
program in key processesDirectors of various CCP programs all noted that the Single Stop staff
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immediately made themselves available to thdnthair staff. For example, the director of the
Counseling Center explained that Paula spoke with all of the counselors within the first couple of weeks
that the program was introduced. She provided them with information about their services immediately,
and then came back during staff meetings to discuss the program and its offerings several times over the
course of the last two years. Directors of other programs reported that Paula followed similar procedures
with their staff, opening up opportunitiectdiaborate on projects. Currently, Single Stop collaborates
with the Womends Center on two workshops throu
Engagement introduces Single Stop to students during its Summer Bridge program, during which
studeats learn about resources at the college to ease their transition into college life. Moreover, the
Counseling Center meets with every new student prior to their start of classes and introduces them to
Single Stop, among other resources. As they talktfabdduancial aspect of college, they discuss how
students will pay their tuition and inform them about Single Stop resources. Along these lines, incoming
students also receive a walking tour and | earn

Recent collaboiaton wi t h t he nursing department further
the college. In his interview, one CCP administrator explained that the nursing program had raised a
concern about their st ud e nforshéir classes,such as stgthodcapesb u 'y
In some cases, students received resource checks and bought unrelated items at the bookstore, such a:
sweatshirts, with their money and were later unable to buy their materials. This administrator suggested
to the rursing faculty that they partner with Single Stop to provide the students with financial literacy
workshops. Now all nursing students are required to participate in the workshop before they begin their
academic program. Additionally, Single Stop scremmsfdh any benefits for which they may be

eligible.

Program directors also attribute the success of
and Chantal ds personalities. They are aPmeroacha
director expressed that she o0likes their ener g
collaborate and that they have the sense they would be willing to help in whatever way possible. Others
al so pointed to FRadudeep &wledge ralmoet kdy iprouwidsrs invthd dity. One

interviewee noted that Paula made it her business to learn about the culture and history of the college

when she arrived.

Integration is ongoing and all administrators see it as their responsibility spread the wordIn
addition to the strong support of Dr. Hirsch, the Single Stop CCP team receives significant support from

the collegeds Dean of Student s. He frequently
Stop and works on insieg the program into the consciousness of the college in other, more subtle
ways. For exampl e, he is working on adding a |

referring students to Singl e Swherp colegefcostsarec i al
discussed. He also has served as a resource and guidance to Paula as she was learning about the colle
helping her to make headway with various offices.

The Single Stop office has engaged in an ongoing and determined marketingngpaign to
ensure that students and staff are aware of the servicBs. Hirsch describes Paula and Chantal as
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omasters of mar keting. 06 They consider every av:«
visibly present to anyone who is on campigsis are posted in every building and the program is
advertised through the campus messaging system (through TVs posted in hallways). Additionally, Paula
frequently attends office department meetings, faculty professional developments, and opershouse week
to engage with CCP faculty and staff and keep them informed about program offerings. Faculty
members are taught to be aware of warning signs that students who are lacking food, housing or other
fundamental needs may display. Furthermore, the typesiadsstrat Single Stop can provide are

clearly articulated to faculty and staff. College administrators further emphasize the importance of the
program, and connections are drawn to the need

Moreove, the program is assisted by a marketing staff person who works directly for the Dean of
Students, thus allowing the program to have more dedicated support from a marketing expert.

Implementation Successes and Best Practices

The successes that Singtep SICP has experienced point to a number of key best practices that they
put into place.

Oversight from top administrators.Dr. Hirsch maintains oversight of the program despite having an
extremely busy scheddlbis sends a stromgessage of its impartceto the entire college community

He is also able to facilitate processes, such as securing space and ensuring that messages get out in tf
right placesnore effectivelthan if the program were overseen at a lower level.

Strong program staff.lt is evident that iprograms such as Single Stop, in which students often
confide very private informatigmersonal characteristics are very important. Several CCP staff members
expressed the i mportance of tr us tcaripgiapdrodahisg . The
key element of their success in building and maintaining the program.

Highly collaborative approach.The various prograntisat the evaluation team interviewwttchad a
collaborative approach. There was no evidence of competi@oisense of territoriality over the
provision of services. All staff members observed and interviewed expressed gratitude at the opportunity
to collaborate with Single Stop staff, and all saw it as their responsibility to make sure that students know
aboutthe Single Stop resource.

Not portrayed as a deficit model.Single Stop is purposefully built into the fabric of CCP. It is

portrayed as part of the coll egeds offerings a
students who are incapablenofnaging on their own. As tAasistantDean of Students notes,
oLanguage is important. This is not about defic

Foresight into potential roadblocks. Perhaps related to the close involvement of tdpgeol
administrators, the program staff anticipated potential roadblocks and put systems in place to ensure
they were minimized or eliminated. For example, they provided a marketing expert who was not bogged
down with collegwide responsibilities and cofiddus on Single Stop and similar studentered

services. Additionally, college administrators developed protodetfiyingervices to faculty. They
explained to them that the program will help the students do better academically. Thepdsb devel
scenarios to help faculty know what to do and say in situations they may run into with students. As the
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AssistanDean of Students noted, ol | earned a | ong
doesndt really helwholYeo uminnedesde tt.o Tchhiasn gdee ftuhseeisr d e

ImplementatiorOpportunities

Single Stop at CCP has clearperienced great success in the short time it has been in operation.
Notwithstanding this succesaséd on data that were gathered from interaigvebservations, there
areseveral opportunities to expand the program so it may serve even more students and provide them
with optimal social service supports.

1 By designSingle Stop is located on the main camp@CPand does not have a presence at
the Regional Centetdowever, sveral staff members indicated that the approximately 3,000
students at these centers tend not to come to the main campus and often only attend classes and
go back homeWhile Single Stop staff at CCP work closely with abgsenvice center
managers to schedule visglan workshops, and generate presence through screens and
promotional materials of the services offered, students at the regional service center locations
frequently do not take advantage ofacedemic sepds on any campus.

1 Likewisethough Single Stagiaff at CCP make every attempt to redddr or norraditional
populations on the main campiliese studenisay take classes in the evenings when the office
is closed, and may not be aware of the affednbe able to access services.

1 It is also possible thatndocumented students or those who have had particularly bad
experiences with social services in then@gshot be reached as effectively as othefs are

1 While there are some unreached group®yitbe that the program has reached its capacity in
terms of the numbers of students that it can serve, as there are onhtitae datiployees on
staff.

1 Housing and transportation am®tproblemsvith whichstudents often presei@ingle Stop has
limited capacity to address these problems directly. However, they make referrals when they are
unable to address directly. Referrals are ofterhte Wo me nwhikhhds eesourees for
both of these issudsut provides mainly for femalesdditionally,Single Stojs not able to
determine whether the referrals are taken up.

1 Work study students are sometimes the first individuals that participants interact with at the
Single Stop office and can be responsible for initial scr&stagseork study stuehts are
not benefits specialists aijibility for services may be complex, there is potenastioient
to not move on to the next level of screening and therefore, miss out on services for which s/he
is eligible

1 While the program has exceptigngthod tracking systems for students, the tracking between
programs is much looser. It is hard for CCP staff to close the gap on referrals and to make sure
that students receive the services they hagdotable, however, that tBeunseling Center

46|t is notable, however, that Single Stop CCP staff has specially designed outreach materials for students withityo social secu
numbers.

33



referred to a new system (Starfish) wesbeing pilotedat the time ofmplementation study
that would allow this type of tracking to be possible

1 The college must balance the need that students have for social services with their main purpose
as an indtition of higher learnifigto provide academic instruction. While many of the
respondents believe strongly that Single Stop services will lead to improved academic outcomes
for students (something that the Metis quantitative evaliasi@®emonstrated te the cage
not all faculty and staff perceive the direct connection. Furthermore, college administrators must
make immediate decisions about where to place resources, including money, time, and staff, and
even though they strongly believe the ultimatomes will lead to stronger academics, they
acknowledge the payoff is not immediate.

1 While the college has made a hefty investment in Single Stopstaorabslity systems must
be put in place to ensuhat he program can be maintained followingtduading.

1 Many students receive services from multiple programs on campus; thus, a challenge and
consideration for the evaluation is to disti
that of other campus programs.

47Note thatinrecdn communi cati ons, t bmeafigprdicated thatSiasfishchassueaedsfally comdPeted its a
pilot phase and now includes Single Stop as a referral.
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Discussion

Lessons Learned

This evaluation provides rigorous evidendoe of |
academic outcomes. The quantitative analyses found that Single Stop participants persist at a higher rate
from semester to semester, have a higher rattonpfated to attempted credits and higher GPAs, on
average, than similarly situated students. Further, as significant results were observed for both FTIC and
nonFTIC students, the evidence suggests that both groups benefit from Single Stop services.

Data gathered from qualitative sources corroborate the positive findings and offer context and
explanation fothe stragh of the outcomes that were identified. All CCP administrators who were
interviewed spoke about thealityof the program, pointing oupecifically that the staff are caring,
knowledgeable, and thorough. Furthermore, the program has opportunity to be successful thanks to the
robustsupport it receives from college administrators, who ensure that it is rappkei@aately and
portrayed sian asset, rather than a deficit model.

The quantitative exploratory analyses provided additional interesting data regarding the effects of Single
Stop services on student outcomes. While there were several statistically significant findings pointing to
specific components of the model that may be driving the observed impacts, the findings were not as
consistent across groups or outcomes as were found with the confirmatory analyses. In relation to
service delivery, combinations of services, dosagenfindation of outcomes, analyses indicated that
benefit eligibility screenidgalone or in combination with other major sendamsay be an important
programmatic component driving the observed differences between Single Stop and comparisons. For
exampe, benefit eligibility screening events and outcome confirmations were pessitisiatgd with
persistence foram-FTIC students, and benefit eligibility screenings combined with all other services
except for legal counseling were positively assodthtetie or more of the near term outcomes.

Further, the exploration of the possible differential programmatic effects experienced by financially
dependent and independent students resulted in no statistically significant observatieameWhile
resultssuggesd that Single Stop could tnere successful with fingadly independent students, the

data ultimately wersconclusivelt may well be thaBingleStop programming at C@®rks equally

well for all students irrespective of tfiegncial indepelence; however, this is a question that should

be explored further in the future.

As described earlier, confirmatory analyses on credit pass rates focused on degree bearing classes
Exploratory analyses examined whether FTIC andFTi@nhSingle Stop slents had highamon

degree bearing credit pass rdtas the comparisonghe results showed that then-degree bearing

credit pass ratef FTIC and won-FTIC Single Stop students was similar to that of comparisons.
Likewise, FTIC Single Stop and consparistudets accumulated a similar numbemondegree

bearing credits. However, FTIC Single Stop students did accumulate a significantly higher number of
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degree bearing credits than their matched comparisons, a finding that is consistent withdtaryconfirm
analyses.

Overall, the evaluation provides key evidence
studentsd academic outcomes. The rigor of t he
research findings offer important findifgsthe field. Moreover, the qualitative findings indicate clear

best practices, which should be considered as the program is replicated in otherTbeag&ons.
qualitativefindings offer important insights into the reasons that the prograynbe showg the

impact that it is. Likewise, the quantitative study results point to additional qualitative activities that
should be conducted in order to better undersamadinterprethe findings.The sections below

provide recommendations for going forwarduaing both suggestions for programmatic changes and

future research directions.

ProgrammatidRecommendations

1 Single Stop at CCP has specifically targetetbhaath populations anvariety ofvays, such
as providing marketing maa¢s in multiple languages and designing advertising for students
who are undocumented, have legal issués, not have a social security number. However,
reaching these populations iscenstant challenge and may benefit from continued
brainstorming aoss departments at the college. For exan(&Aaectioncould be provided

in the marketing materiéttatanticipatequestions thtarget populatiomayasks uc h as, 0 Ca
Single Stop help noeoliff rmyd mpamarmtcsivend@marcido @O wi
information, can | still access help?b6

1 Consider ontinung to provide professional development to staff from other programs by
letting them know about changes in benefits or other services relevant to their populations.

1 Provide systems falatking students between programs to ensure that referrals are carried out.

1 Continue to cultivateollaboration between programsbmgtinuing tooffer mutual workshops
andactivities

1 Consider whether the location of the Single Stop office is mosticenduc t o dr awi ng S
attention or whether a more central location would be better.

1 Continue to examine all data available through the databases and take a closer look at the data in
t he o0not efsthe fosnete antdynany themes that emergat tvarrant program
adjustments.

Recommendationfor Future Research

1 Continue the qualitative research by interviewing additional CCP administrators and reaching out
to students as well, in order to better understand the impact of the program from their
perspective.

1 Use the qualitative research to better understand some of the quantitative findings from this first
round of analyses, such as probing more deeply on the combinations of services that are most
impactful, understanding the experience of botl Bhd noAFTIC students, and examining
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whether there is a differential impact of the program for financially dependent and independent
students.

Gather further data on the quality of services provided under major service categories.

Additionally, gathewfther data on the services received by comparison students in order to
better understand the net benefit of Single Stop services on the CCP campus.

Replicate the quantitative findings with other cohorts and study the effects of programming on
intermediatand longterm outcomes.

Conduct additional rigorous research using other methodologies, such as the planned
randomize@ncouragement design.
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Data Sharing Request for Single Stop Community CollegelLiyht SIF Evaluation

1. Background

As a Social Innovation Fund (SIF) sgbantee through the GreenLight Fund, Single Stop is required to contract withpaittyrd
evaluator to perform an independent evaluation of its Community College of Philadetmmanp. Following a competitive RFP
process, Single Stop has selected Metis Associates to carry out both the impact and implementation components ofdhis evaluat
The final evaluation report is scheduled for release in March 2018, with interim regatkiked for December 2015 and December
2016.

As one component of the impact study, Metis Associates will match Single Stop student clients to observationally sentlaostud
clients (Acomparisono student s) cangpareagademicputcorpes (SLEh as servissteror e ma't
semester persistence and credit accumulation) between Single Stop clients and comparison students. A rich set of maatasg cov
(along demographic, economic and academic dimensions) obtained throughattatg with the Community College of Philadelphia

is critical to the success of this research design.

2. Summary of Data Sharing Tasks

1. Initial Data Sharing Tasks

(These are described in greater detail in the next segtion.

A. Create Anonymous Student IdentifEA OO j} O3 00AAT O +AUb06Qq
Because the files that the college shares back to Single Stop must not include any identifying student informatiorgtwieeask th
college creates a unique identifier (key) for each student whose records will be shared. We waltmef€anonymous) identifier
as theStudent Keyfor the remainder of this document.

B. Match Single Stop Client Data to Student Records and Assign Student Keys
Single Stop will share a student level file containing Single Stop program data with the.cbiegfile will contain student
information collected by Single Stop site staff (e.g., student ID, name, date of birth, email address) that will allbegthtoco
match Single Stop clients to their student records. Following the matching processdlete will attach th&tudent Keyo all
matched Single Stop clients so that Single Stop can link Single Stop client data to academic data in the student azditksnic dat

C. Record Beginning and End Dates for each Academic Session.
The college will prepre a file (or table) containing the beginning and end dates for each academic session for which data is
provided (Fall 2008 through present).
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D. Compile Student Academic Data Files by Academic Session (Semester)
The college will prepare a studdetel file for each academic session (semester) containing information on all stesierhiesd
during that session. The file will contain no identifying student information, but each row will be uniquely identified by th
Student KeyThis step will require the clglge to accesacademicrecords, financial aid data, and data from the National
Student Clearing House (NSC)

2. Recurring Data Sharing Tasks (each subsequent academic session)
After the conclusion of each academic session, the college will
(i) attach studerkeys to the updated Single Stop programs data file (including newly served and therefore previously unmatched
student clients)
(i) prepare a new, dieentified student data file (as in D) for the concluded academic session

3. Tentative Data Sharing Timeline (GreenLight -SIFEvaluation)

Data Sharing Task Data Included Data Sharing Window
(Tentative)
Initial Data Sharing Academic Data through Fall 2014 March-May 2015
(including Spring 2014 enrollment
status)

Recurring Data Sharing Academic Data through Spring 2015 | SeptNov 2015
(including Fall 2015 enrollment status)

Recurring Data Sharing Academic Data through Spring 2016 | SeptNov 2016
(including Fall 2016 enrollment status)

Recurring Data Sharing Academic Data through Spring 2017 | SeptNov 2017
(including Fall 2017 enrollmerstatus)

3. Detailed Description of Data Sharing Tasks

A. Creating Anonymous Student Identifiers (Student Keys)

The coll ege wild/l generate a unique student iidenti flarsgtent( A St ud
IDs (e.qg., for identifying and joining records related to the same student), without the college needing to disclosslactu@ s or

any other identifying student information.

Single Stop will use the Student Key field to link student recolets dcross semesters, and to link Single Stop client data to-the de
identified student file. Therefore, it is very important that the college develops, maintains andeqnsaligs the (ort®-one)
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mappings between the Student Keys, student IDs (ust#telopllege), and Single Stop IDs (used to uniquely identify clients in the
Single Stop client file).
B. Matching Single Stop Client Data to Student Records

a) Single Stop Client File
Single Stop will share a client level file with the college. In additiomméoSingle Stop client identifier (SingleStoplID) that uniquely
identifies the rows in this file, the Single Stop Client File will contain the following three types of variables:

i. Single Stop Site Variables
The name and code for the Single Stop site. Noteathan data sharing takes place with a college/college system with only
one Single Stop site, then these variables will have the same value for all records in the file.

ii. Matching Variables
These variables include identifying information on Single Stopitsjeand will be removed by the college after matching is
complete (i.e., the Student Keys have been assigned to the client records).

iii. Program Variables
Thesefields contain information related tehat type of Single Stop services the client receivedrdtect the privacy of
students served by Single Stopgshd at a wi |l | be fimaskedo (e.g., we apply a
cannot tell what each value means) and assigned generic labels (edyva&id). Thus, while the collegeilixbe able to tell
which students visited the Single Stop site, it will not be able to tell what services individual students received.

\ Refer to Appendix 2 for the full list of Matching Variables that will be provided in the Single StopClient File. \

b) Record Matching Process
Single Stop will work with the college to determine the best strategy for matching Single Stop client data to studebasscbos
data quality and availability. For example, if Student ID information collected by Single Stefaffiis not complete, it may be
necessary to match on other identifying information (such as names and dates of birth). Irrespective of the matchiGinglecess,
Stop requests that the product of the match would include two files that will be rettuiBiadle Stop:
1. Matched Client File
- This file contains all Single Stop client records that were matched to student records. The college will attach the
appropriate Student Key to each matched record and remove all identifying student information (Watchbigs).
- Unmatched records may also be included in this file, with identifying information removed and blank entries for the
Student Key variable.
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2. Unmatched Client File
- This file contains all Single Stop client records that could not be matched émstadords. The college will leave
identifying information in the file so that Single Stop can audit and improve its client information data for future rounds
of data sharing.
- Alternatively, the college could also return the original Single Stop file antindicator variable for whether each
client was matched or unmatched.

Please note that the data file shared by Single Stop during the initial round of data sharing will include studentahsitsduiheir
coll egedbds Si ngl ele&ademic sessidng (sethesterns)nsg wemacommeng that the college attempts matching to all
students ever enrolled during the data collection window (Fall BGO8sent) rather than to students enrolled in a particular semester.

After completing the matching processthe collegewill maintain a complete (Student Key) (Student ID) 1 (Single Stop ID
mapping for future use.

C. Record Beginning and End Dates for each Academic Session
We ask that the college documents the dates (including at least yeaoatt) of each session (starting in Fall 2008) in a file or table
as illustrated below:

Session Start Date End Date File Name

Fall 2008 Sept 21, 2008 Dec 21, 2008 College_2008_09.xls
Winter 2009 Jan 3, 2009 Feb 11, 2009 College_2009_01.xls
é é é é

Sumner 2014, | Jun 2, 2014 July 15, 2014 College_2014_06.xIs
Summer 2014, 1 July 23, 2014 Sept 9, 2014 College_2014_07.xls
Fall 2014 Sept 23, 2014 Dec 19, 2014 College_2014_09.xls
Winter 2015 Jan 5, 2015 Feb 14, 2014 College_2015_01.xls
Spring 2015 Feb 20 2015 May 28, 2015 College_2015_02.xIs

D. Compiling Student Data Files for each Academic Session

The college will prepare a studdetel file for each academic session (semester), contadtlisudents enrolled in that session (both
students served byirf§jle Stop and students never served by Single Stop). Note that a student is considered enrolled if they are ever
enrolled during the session, irrespective of whether they withdraw at any point during the session. These files wilbcontain
identifying stident information, but each row will be uniquely identified by$tedent Keyallowing Single Stop to link the student
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data across sessions to cr e aAlernafively) Sirgle Stopevitl tiscuss appropriate renats, dt o r
if the college prefers to create an enroliment history for each student.

A complete list of requested information and suggestions for how to code differefi¢lds is provided in Appendix 3

Below, we note two important points about the academicfiiesa

i. Request for Historical Data
For the initial data sharing, Single Stop requestgldrtified student record information for all students enrdiiech the
Fall 2008 session through the Fall 2014 sessio@omplete historical data for all currentlyrelted students is extremely
important for plausibly matching Single Stop clients to-obent comparison students as part of the propensity score matching
research design.

il. National Student Clearinghouse (NSC) Data
Single Stop requests that the collegavwk data from the National Student Clearinghouse (NSC) to determine transfer status
for students leaving or stopping out of the college. Because transfer into a different college counts as persisteres (continu
enrollment) for the retention study, thigarmation is of key importance for the integrity of the study.

Alternatively, the college may extract and provide Single Stop with the raw NSC data files after attaching the Studeint Key an
removing identifying student information.

4. Data Files Formats

Single Stop prefers that the college shares the data file in one of the following formats:
- Commaseparated file (*.csv)
- Excel workbook (*.xlIs, *.xIsx)

If the college prefers to share the data in a different format, it should consult with Single StopddiSAnce. If the college does not
express specific preferences regarding file formats, then Single Stop will share the Single Stop data in an encryptdd (passwo

protected) Excel workbook.

5. Next Steps
After reviewing this document, Single Stop asks thatdollege determines the feasibility of the data sharing request along the

following dimensions:
1. The time frame for the data requested (Fall 20@8esent)
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2. The types of data requested (see Appendix 2)
3. The types of variables requested, and their suggestidg (see Appendix 2)
4. The timeline at which data is to be provided (see Section 2).

Single Stop will then reach out to the college to discuss the data request, and possible adjustments based on data quality an
availability.

B.

Appendix 1: Data Sharing T ask Completeness Checklist

Destination Product / Deliverable Item to Check
INTERNAL Each generated Student Key value maps to exactly one student ID

USE BY Student Key mapping The mapping between Single Stop IDs and Student Keys/Student Ibsdrasaved and
COLLEGE appropriately stored

RETURN
TO Single
Stop

Matched Single Stop Clients

Student Keys have been assigned to all matched students in the Single Stop Client Filg

(AMat ched CI

All identifying student information (e.g., student |Demes, birth dates) has been remove

Unmatched Single Stop Client

An indicator variable for unmatched students has been created

(AUnmatched ¢

Identifying client information hasot been removed

Academic Session Table

Table providing ession dates and corresponding file names has been provided

Student Keys have been assignedltstudentsin the Academic Data file

Student Academic Data Fileg

The file contains no identifying student information (e.gident IDs, names, birth dates)

(one per academic session)

Files/sheets are labelled as outlined in the Academic Session Table/File

Contents of fields deviating from the standard data request have been documented
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C. Appendix 2 : List of Variables in Single Stop Client File

Variable Name Variable Description Variable Type Categories (Categorical Variables) Variable Returned from College?
SingleStopID Unique Single Stop Client Identifier Character No. The college generates an alternative unique
ARSYUGATFASNI 6 a/{ itaiaBBapping Y
0SGt6SSy GKS a{dGdRSyid Y
1. Single Stop Site Variables
BusinessUnitName College name in BEN Character Yes (will be the same for all records in file at sing|
site colleges/college systems)
BusinessUnitNo Integer uniaguely identifying sites (Business Units)| Categorical Yes (will be the same for all records in file at sing|
site colleges/college systems)
2. Matching Variables
id_num Student ID number Character No (identifying)
id_type Description of content in ichum field Categorical Student Number; Student Number No (identifying)
(misspelled); SSN; SSN (last 4); Other
Number; Invalid/Missing
FirstName First Name Character No (identifying)
LastName Last Name Character No (identifying)
BirthDate Date of Birh Date No (identifying)
BirthDateQual Description of quality of BirthDate field Categorical -1 = Missing Data No (identifying)
0 = High Quality
1 = Low Quiality
2 = Reservations
Phonel Contact Phone # Character No (identifying)
Phone2 Contact Phone # Character No (identifying)
Phone3 Contact Phone # Character No (identifying)
EmailAddress Email Address Character No (identifying)
AddressStreet Address: Street Character No (identifying)
AddressStreet2 Address: Street (additional) Character No (identifying)
AddressApartment Address: Apartment Character No (identifying)
City Address: City Character No (identifying)
State Address: State Character No (identifying)
ZipCode Address: ZIP code Character No (identifying)

3.Single StoProgram Variables

These will be provided in a file by Single Stop to the college.
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D. Appendix 3: Detailed Description of Variables in the Student Data Files Shared by College
Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
ID VARIABLES
ID.1 StudentKey Unigue Student Student | Integer or text All Unique student identifier created by the college. The college may cre
Identifier an integer or a text/character variable as the unique student identifier
ID.2 CollegeName Name of Campus Student | Text All Coll ege/ campus to which the ses
Session
(This variable needs to be provided only if the data sharing raddiple
colleges/campuses. Otherwise, it is the same for all stuflents
VARIABLES RECORDING ACADEMIC PROGRESS
Al sessionfirstenrolled First session enrolled in Student | Categorical, e.g., All This is the session that the student #nstolled in the college.
the college Format = year + season
Spr =10
Sum =35
Fall = 40
e.g. fall 2014 = 201440
A.2 sessionfirstenrolled_cg First session enrolled in Student | See A.1 All This is the session that the student first enrolled icttiege system
a college in the college
system (This variable only needs to be provided if te¢a sharing is famultiple
colleges/campuses. Otherwise, it is identical to A.1.)
A3 sessionfirstenrolled_a( First session enrolled in Student | See A.1 All This is the session that the student first enrolleghiycollege.
any college
B.1 fulltimeparttime Full-time/parttime Student 1. Full-time All We want this number to correspo
enrollment Session 2.  Parttime as used for financial aid purposes).
We also want the college to share the # of credits required to be
considered fultime and part i me, respectively
definition), with additional notes if
- there are any exceptions (e.g., different cuts for summer
session or for students with disabilities)
- the reported fultime/parttime status idased on the # of
credits before or after early course withdrawals
B.2 academicprogram Type of academic Studert 1. Degree Program All If the college believes that they have students who détrioto one of
program Session 2.  Certificate or these categories, the college and Single Stop can discuss how they @
Diploma Program be coded instead.
3.  Non-matriculated
B.3a majorl Major in academic Student | If possible, the college should | All This is the studentdés first (or
program Session| report the maj
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Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
(XX.XX) or CIP family (XX)
using he CIP 2010 systeffi.
B.3b major2 Second major in Student | See B.4a. All This is the studentds second ma
academic program Session session.
Ifa student has two majors none
does not matter which major is reported in B.4a and which is reportec
B.3b.
B.4 sessionendstatus Session End / Student 1. Still enrolled All This variable indicates the enroliment/graduation/trnstatus in the
Graduation Status Session 2. Notenrolled, following session.
graduded with
associate degree Students who are on a fAleave of
3. Not enrolled, returning) should be coded in t
completed eventually return, that would be captured in later data collection cycle
certificate or
diploma program The college will need to obtain data from the National Student
4. Notenrolled, Clearinghouse (NSC) to distinguish between students in classes 4, 5
transferred to other 6. Alternatively, the college may provide raw NSC data files after
2-year college replacing identifying information with the Studdtey variable.
5. Not enrolled,
transferred to 4ear Depending on how the college calendar is set up, it may or may not i
college appropriate to count summer ses
6. Not enrolled, other baseline should be that we collect data for each session during which
college credit can be earned.
C.1 gpas Current Session GPA | Studert | Number; between 0 and 5 All Current session GPA (as i tattvoend
Session | To differentiate between no gp of the session The college should providenate if 4.0 isnotthe
and a 6006 gpa maximum GPA, noting the maximum GPA at the college.
1 -9 =nogpa
C.2a creditsattempts Number of credits Student | Number; O or above All Include courses from which the student withdraws during the session
attempted during the Session including developmental (remedial) and ESL courses.
session
If the college does not officially assign credits to developmental and/d
ESL courses, then assign credits as outlined in C.3a.

- It is assumed that courses from which students withdraw st
show on theitranscript and that students do not have an
incentive to register for more courses than they intend to
complete.

- If the college has a system where students can costlessly
register for courses and later withdraw without penalty, the
the college should disss with Single Stop if there is a more
appropriate way to measure the number of credits attempte

C.2b creditscompls Number of credits Student | Number; O or above All This is the number of credits completed during given session (i.e., all
completedduring the Session courses from which the student did not withdraw).

8 Refer to this page for more information on the CIP systetn:/nces.ed.gov/ipeds/cipcode/Default.aspx?y=55
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Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
session
This includes developmental (remedial) and ESL courses.
This number must be less than or equal to the number in C.2a.
C.2c creditspasseds Number of credits Student | Number; O or above All Report the total number of credits that the student passed (according
passedwith a Cor Session coll egeds own definitions):
better during the sessio - This would usually include
exclude gradeslikeD F, #Afail o, #Awith

- I f the school uses dif-fier e
considered a passing grade), then reporting according to th
coll egeds definitions.

Include developmental and ESL courses.
This number must bess than or equal to the number in C.2b.
C.3a devcreditsattempts Number of Student | Number; O or above All This number must be less than or equal to the number in C.2a.
developmental Session
(remedial) credits Include course from which the student withdraws during the session.
attempted during the
session Developmental (remedial) reading/writing courses that are specifically
targeted toward nenative English speakers should be accounted for i
C.4 rather than in C.3.
If the college does not officigl assign credits to developmental course:
then assign credits as follows:

1. I'f the development al cou-rs
time/parttime status, then assign the number of credits that
developmental course may replace

2. Ifthedevelopmentat our se does not co9
full-time/parttime status, assign the number of credits of a
similar course with similar number of hours (e.g., if college
algebra meets 3 hours per week for 3 credits and
developmental algebra meets 4 hours peekythen assign 4
credits to developmental algebra)

The college may consult with Single Stop if it considers neither of the
two approaches appropriate.
C.3b devcreditscompls Number of Studet- | Number; O or above All A devel opment al (remedial ) cour
developmental Session student recei vedala appeattd.e Ilti kies f
(remedial) credits incomplete if the student withdraws from the course before the end o
completedduring the course.
session
If the college does not officially assign credits to developmental cours
then assign credits as outlined in C.3a.
C.3c devcreditspasseds Number of Student | Number; O or above All Adevel opmental (remedial) cours
developmental Session allowed to take on college level (or higher level remedial work) as a

(remedial) credits
passedduring the

result.
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Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
session If the college does not officially assign credits to developmental cours
then assign credits as ountid in C.3a.

C.4a eslcreditsattempts Number of ESL credits | Student | Number; O or above All These are courses in English/reading/writing targeted towarmatbre
attempted during the Session English speakers, and which cannot be counted toweotege degree,
session certificate or diploma.

If the college does not officially assign credits to ESL courses, apply §
logic as for developmental courses outlined in C.3a.

C.4b eslcreditspasseds Number of ESL credits | Student | Number; O or above All An ESL course is considered fipd
passedduring the Session college level (or higher level ESL courses) as a result.
session

If the college does not officially assign credits to ESL courses, apply §
logic as for develpmental courses outlined in C.3a.

D.1 gpac Cumulative GPA Student | Number; between 0 and 5 All Cumul ative GPA as it would appe

Session | To differentiate between no gp the given session €., including the current session). The college shou
and a 06006 gpa provide a note if 4.0 isotthe maximum GPA, noting the maximum GP.
T -9=nogpa at the college.

D.2a creditsattemptc Cumulative number of | Student | Number; O or above All Use same defitions as in C.2a (i.e., include all developmental and ES
creditsattempted Session courses). Include the current session.

This number must be greater than or equal to the number in C.2a.

D.2c creditspassedc Cumulative number of | Student | Number; Oor above All Use same definitions as in C.2c (i.e., include all developmental and E
creditspassed(earned) | Session courses). Include the current session.

Our recommendation is to report only credits passed at the own colle
and that transfer credits are reported in E.1. Howefvéére icollege
cannot separate transfer credits from the overall number of credits, th
report the overall number of credits here.

This does not include credits transferred in from other colleges.

D.3a devcreditsattemptc Cumulative number of | Student | Number; O or above All Use same criteria as in C.3a. Include the current session.
developmetal Session
(remedial) credits This number must be less than or equal to the number in D.2a.
attempted

D.3c devcreditspassedc Cumulative number of | Student | Number; O or above All Use same definitions as in C.3c. Include the current session.
developmental Session
(remedial) credits This number must be less than or equal to the number in D.3a.
passed(earned)

D.4a eslcreditsattemptc Cumulative number of | Student | Number; O or above All Use same criteria as in C.4a. Include the current session.

ESL creditsaattempted | Session
This number must be less than or equal to the number in D.2a.

D.4c eslcreditspassedc Cumulative number of | Student | Number; O or above All Use same definitions as in C.4a. Include the current session.
ESL creditgpassed Session
(earned) This number must be less than or equal to the number in D.4a

E.l creditstransfc Credits taken elsewher¢ Student | Number; O or above All Credits transferred from a different college (by the end of the session
but which have been Sesion

transferred to the

If the college can provide this information, then make sure to report o
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Item

Name (in file)

Name (natural)

Data
Level

Expected number/range of
values

Defined for

Notes

college

credits earned at the own college in D.2c.

VARIABLES CAPTURING BASELINE (ACA DEMIC, DEMOGRAPHIC, FINANCIAL AID) INFORMATION

L.1 gender Gender Student 1. Female All If the college has multiple values for the same student, use the most
2. Male designation.
3. Other
L.2 countryofbirth Country of Birth Student | If possible, we recommertdat | All If this information is only collected for a subset of ot (e.g.,
the college use one of the international students on a student visa), then indicate for whom datal
Census Bureau country coding collected.
convention®. However,
colleges may also report this a
a free text field if that is how
this information is stored
internally.
L.3 nativelanguage Native/first language Student | If possible, we recommend tha All If this information is only collected for a subset of students (e.g., stud
the college uses the 39 Censu enrolled in ESL courses), then indicate for whom data is collected
Bureau language groups
outlined her. However,
colleges may also report this a
a freetext field if that is how
this information is stored
internally.
L4 ethnrace Ethnicity or Race Student 1. Hispanic or Latino | All If the college collects information on multiple ethnicities for eaadent,
2. American Indian or we recommend that this item be split into 6 indicator variables OR thg
Alaska Native category for Atwo or more races
3. Asian
4. Black or African
American
5. Native Hawaiian or
Other Pacific
Islander
6. White
7. Unknown
L.5 yearofbirth Year of Birth Student | Integer between 1900 and 200 All If the college prefers,theymaysab r eport the stu
1T -9=nogpa that variable would need to be at the Studgession level.
L.6 immigration Immigration/citizenship | Student 1. Citizen (or National)| All If the college has multiple values for the student, use the most recent
Status 2. Permanent Resident designation.
3. Student visa
4.  Other lawful AStudent visaodo i nkandMiles fivOtshae rc d
immigration status i mmi gration statusodo includes DA
5. Undocumented non-student visas.
6. Unknown
99 No information

49 Seehttps://www.census.gov/foreigmade/schedules/c/country. fiar a full list of courtry codes.
%0 Seenttps://www.census.gov/hhes/socdemo/language/about/indexdrtanlist of the 39 language groups.

51


https://www.census.gov/foreign-trade/schedules/c/country.txt
https://www.census.gov/hhes/socdemo/language/about/index.html

Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
M.1 admqual Admissions Student 1. High School All This is the qualification that formed the basis for admission to the coll
Qualification Diploma
2. GED If there are other bases fadmissions to the college, these should be
3. Other as designated coded as appropriate (one or multiple values).
by the college
99 No information
M.2 gpahs High School GPA Student | Number, between 0 and 5 All Report HS GPA when available for student. We expect this to be
99  No information available at last for students who were admitted to the college on the
basis of a HS diploma.
M.3a admscoresat SAT score Student | Number, between 400 and 16( All Student s SAT score (when avail
99  No information Critical Readingsections. If the college has more than one set of scorg
for the student, report the higher overall score.
M.3b admscoreact ACT score Student | Number, between 1 and 36 All Student ds ACT score (whenmetmvane |
99  No information score available, report the higher score.
M.4a- | admscorel, Other Student | Number All Scores from other standardized tests taken before enrolling in college
- admscor e 2, | admissions/standardize 99 No information including state level standardized examinations (e.g., Keystone exam
M.4.* test scores Pennsylvania).
For all test scores reported, also report anyoffstused by the college
(e.g., minimum required for admission, minimum required for certain
course exemptions) as applibe.
If the college collects a large number of different scores and is unsurg
about which should be reported, then this can be determined in
collaboration with Single Stop.
M.5 hsid NCES School ID Student | Numeric or Chaacter All Report the high school that the student reported to have attended mo
OR State School ID CEEB Codes recently. We expected this to be available at least for students who w|
OR Character admitted to the college on the basis of a HS diploma.
While we ask that colleges to rapdICES or State School IDs where
available, the college may also provide the high school name if that is
how information is stored in th
N.1 fafsafiling FAFSA filing status Studernt 1. Filed FAFSA All AFi | esllAOFAlFer e means fithe coll eg
Session 2. Did not file FAFSA a FAFSAO applicable to the sess
N.2 finaidreceipt Financial Aid Receipt | Student 1. Received financial | All This includes all sources efudent financial aid known to the college,
Session aid including but not limited to
2. Did not receive 1  Federal Work Study
financial aid 1  Loans (federal, private)

1 67 Students received
financial aid and did not
complete a FAFSA

1 Verified these are local
grants or scholarships

T E.g.Grants: National
Guard Edu Assistance,
Americorps, Foundation

Grants

1  Grants (federal, state, college, private)
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Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
1  E.g. Scholarchips: Nurses
for Tomorrow, US
airways Scholarship
N.3 finaidamount Financial Aid Amount | Student | $ Amount Financial This is the sum across all sources in N.2
Received Session | -9  No aid Aid
Recipients
N.4a | finaidtypel, Type of financial aid Studernt 1. Received this type | Financial These are binary indicators for different financial aid sources.
N.4* finaidtype2, received (source) Session of financial aid Aid
é 2. Did not receive this | Recipients | Colleges can report these at a level breakdown that is convenient giv|
type of financial aid how they store this information, but should providg minimuni the
3.  Nda: grant following three broad classes:
4. N4b: Loan 1  Federal Work Study
5. Nd4c Scholarship 1 Loans (federal, private)
6.  N4d: Workstudy 1 Grants (federal, state, college, private)
The college can apply any further divisions to these groups as they d
appropriate.
P.1 fafsadepstatus FAFSA dependency Student 1. Financially FAFSA Indicator for whether student is deemed financially dependent or not
status Session dependent filers the FAFSA form
2. Financially
independent
3. 99: No FAFSA filed
P.3 fafsapersonalinc Personal Income Student | $ Amount FAFSA This is the studentods own incon
Session | -9 No inbrmation filers
P.4 fafsahholdinc Household Income Student | $ Amount FAFSA Household income (from FAFSA).
Session | -9 No information filers
This includes the studemts@fs spo
dependent)
P.5 fafsahholdsize Household size Student | Integer, >=1 FAFSA Household size (from FAFSA)
Session | 99: No information available filers
This includes the student and
- the studentds spouse and c
- parents and otherpep |l eds i n parentsad
P.6 fafsanodep Number of dependents| Student | Integer, >=0 Independent, Number of dependents (from FAFSA).
Session | 99: No information available FAFSA
filers Students who are deemed dependent cannot have dependents
Q.1 Parenteduc Parent sdé hi| Student 1. Did not complete All If college collects any information in this area, then discuss with Sing
education Session HS Stop on how this information can be coded.
Q1la: Mother Edu 2. HS Diploma or
Q1b: Father Edu GED

Some college
Associ ate
Bachel oro
Graduate or
professional degree
1: Highest Level Middle
School

o0k w

2: Highest Level High School

53



Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
3: College and Beyond
99: No information available
Q.2 parentoccup Parent s oc¢ Student | TBD All If college collects any information in this area, then discuss with Singl
Ses®on | 99: No information available Stop on how this information can be coded.
Q.3 collegefirstgen First in family to attend | Student 1. Firstin family to All This status is often phrased Af
college attend college
2. Not first in family to
attend college
99: No information available
Not sure exactly what you are
looking for. First generation
can be computed from Qla an
Qlb based on n
fathero6s educa
asking for first among parents
and siblingghat information is
not available
R.1 maritalstatus Marital Status Studernt 1. Married All Indicator for whether thstudent is married at the beginning of the
Session 2. Not married / session. If student collects this information for all students, then repor
widowed / divorced all students. Otherwise report only for FAFSA filers.
99: No information available
S.lai placetestscorel, (Most Recent) Student | Number. All APl acemenrteftersttso tests wusually
S.1* placetestscore?2, Placement Tesscore(s)| Session enroll at the college (although they may also be taken later on, usuall

e .

Special values (e.g:9999)
should be used for students wk
were exempt to distinguish
them from students who shoul(
have taken the test but having
missing data.

-9: No placement information
available

students completing developmental courses). It may be necessary fo
college to create multiple variables for differsnbjects (e.g., one for the
reading placement test and one for the math placement test).

Test scores for placement tests that are given in subjects other than
reading or writing need not be reported unless they are taken by mor
50% of studets.

If the college administers tests in the same subject at different levels
elementary and advanced levels), then the college should generally
scores from the test used to determine if a student is in need of
developmental courses. If thisnot the most commonly administered
placement test, then the college may either discuss with Single Stop
test to report OR report scores from all levels of the test.

For each test that data is provided for, the college should provide any|
applicale cut scores (usually, what score constitutes a pass).

If the college have switched placement tests, they should to provide
additional guidance on score equivalence/conversions between tests

Each score should represetits most recent test score ithe current
session:
- For example: Suppose a student scores 51 in fall 2012, do
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Item Name (in file) Name (natural) Data Expected number/range of Defined for | Notes
Level values
not take the test in spring 2013, but retakes test and scoreg
(pass) in summer 2013. Their scores would be reported as
o Fall2012: 51
0  Spring 2013: 51
o  Summer 2013: 85
0  All subsequent sessions (assuming ntates): 85
S.2.a | engprofscorel, (Most Recent) English | Student | Number. All The college may find it necessary to create multiple variables (1, 2, e
S.2* engprofscore?2, Proficiency Score Session they use multipleests (e.g., TOEFL + internally administered test).
é .
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Appendix B Propensity Score Matching
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TableB.1:Counts andmatchingrates forsemestefto-semester persistenceutcome

Potential

Single Stop

Single Stop

Comparison Total Total Count 1% Round Single Stop Total Matching
Count (with BSM 2" Round PSM Rate
(with Outcome) Outcome)
100.00%
Non-FTIC 12,142 785 512/512 133/133 (645/645)
100.00%
FTIC 5,520 367 285/285 20/20 (305/305)
100.00%
Total 17,662 1,152 797/797 153/153 (950/950)

TableB.2:Counts andmatchingrates fordegree bearing credit pass ratetcome

Potential

Single Stop

Single Stop

Comparison Total Total Count 1% Round Single Stop Total Matching
Count (with PSM 2" Round PSM Rate
(with Outcome) Outcome)
100.00%
Non-FTIC 11,837 767 511/511 130/130 (641/641)
100.00%
FTIC 4,847 329 2741274 17/17 (291/291)
100.00%
Total 16,684 1,096 785/785 147/147 (932/932)

TableB.3:Counts andmatchngrates forgrade point averageutcome

Potential

Single Stop

Single Stop

Comparison Total Total Count 1% Round Single Stop Total Matching
Count (with BSM 2" Round PSM Rate
(with Outcome) Outcome)
100.00%
Non-FTIC 11,449 747 498/498 124/124 (622/622)
100.00%
FTIC 4,780 296 239/239 20/20 (259259)
100.00%
Total 16,229 1,043 7371737 144/144 (881/381)
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TableB.4: Baselineavariate balance before and after matchiNgn-FTIC students,
semestefto-semester persistence outcome

Single Stop vs. Comparison

Before Matching After Matching

Matching Variable

12,142 785 645 645
645
0
0.0%
64.4% 64.5% 66.7% 65.6%
35.6% 35.4% 33.3% 34.4%
10.5% 9.8% 11.6% 9.9%
44.3%" 54.49%" 59.7% 61.2%
45.295" 35.8%" 28.7% 28.9%
22.5%" 33.4%" 33.5% 33.6%
77.5% 66.6% 66.5% 66.4%
8.7% 7.0% 5.3% 5.4%
91.3% 93.0% 94.7% 94.6%
77.1%" 92.9%" 100.0% 100.0%
22.9%" 7.19%" 0.0% 0.0%
36.9%" 25.9%" 25.4% 25.9%
63.196" 74.19%" 74.6% 74.1%
72.8%" 91.0%" 97.4% 97.7%
27.29%" 9.096" 2.6% 2.3%
43.49%" 58.19%" 68.8% 68.1%
56.69% 41.99%" 31.2% 31.9%
33.9% 38.1% 40.5% 40.0%
66.1% 61.9% 59.5% 60.0%
39.4%" 50.3%" 46.0% 45.4%
60.6%" 49.79%" 54.0% 54.6%
76.5%" 89.79%" 89.3% 89.3%
23.50%" 10.396" 10.7% 10.7%
93.6% 93.8% 93.5% 92.9%
6.4% 6.2% 6.5% 7.1%
75.0% 71.0% 73.2% 73.6%
17.6% 18.5% 17.1% 15.7%
7.4% 10.5% 9.7% 10.7%
28.33" 30.26” 30.43 3057
(9.73) (10.49) (10.87) (10.69)
436" 352" 3.78 3.67
(6.11) (5.52) (5.07) (5.66)
8.3~ 7.88" 7.81 777
(2.83) (2.80) (2.67) (2.75)
9780.8 72116~ 7055.35 7211.6
(13575.36 (9509.53 (10960.B) (9509.53
24833.2 12954.75" 12791.5 12954.75
(30201.0% (16430.8) (17332.06) (16430.13)
2.87 2.9 2.8 2.07
(0.71) (0.71) (0.63) (0.71)
28.44° 30.8" 315 30.8
17.5% (18.8) (18.33) 18.8)

% For the categorical matching variables, column percentage for each group is presented.

b Other include those who were Asian, American Indian/Alaska Native, Native Hawaiian/Other Pacific Islander, multiracial, or unknown.

¢ For the continuous matching variables, group mean is presented first, followed by the corresponding standard deviation in the parentheses.
*** <001, ** < .01, * < .05, chi-square test or independent-samples t-test two-tailed



TableB.5: Baselineavariate balance before and after matchiNgn-FTIC students, degree
bearing credit pass rate outcome

Single Stop vs. Comparison

Bebre Matching After Matching

Matching Variable

12,142 785 641 641
641
0
0.0%
64.4% 64.5% 66.9% 65.7%
35.6% 35.4% 33.1% 34.3%
10.5% 9.8% 8.4% 9.8%
44.3%" 54.49%" 65.1% 61.3%
45.295" 35.8%" 26.5% 28.9%
22.5%" 33.4%" 35.3% 33.9%
77.5% 66.6% 64.7% 66.1%
8.7% 7.0% 5.1% 5.5%
91.3% 93.0% 94.9% 94.5%
77.1%" 92.9%" 100.0% 100.0%
22.9%" 7.19%" 0.0% 0.0%
36.9%" 25.9%" 261% 25.9%
63.19%" 74.19%" 73.9% 74.1%
72.8%" 91.0%" 97.2% 97.7%
27.29%" 9.096" 2.8% 2.3%
43.49%" 58.19%" 67.6% 68.3%
56.69% 419%™ 32.4% 31.7%
33.9% 38.1% 40.6% 39.9%
66.1% 61.9% 59.4% 60.1%
39.4%" 50.3%" 45.9% 45.2%
60.6%" 49.79%" 54.1% 54.8%
76.5%" 89.79%" 89.9% 89.4%
23.50%" 10.396" 10.1% 10.6%
93.6% 93.8% 93.6% 92.8%
6.4% 6.2% 6.4% 7.2%
75.0% 71.0% 72.1% 73.8%
17.6% 18.5% 17.3% 15.8%
7.4% 10.5% 10.6% 10.4%
28.33" 30.26” 30.31 30.56
(9.73) (10.49) (10.78) (10.71)
436" 352" 3.71 3.60
(6.11) (5.52) (5.07) (5.68)
8.3~ 7.88" 7.73 7.79
(2.83) (2.80) (2.65) (2.75)
9780.8 72116~ 753411 7155.82
(13575.36 (9509.53 (1161952) (9436.30)
24833.2 12954.75" 1382206 12910.77
(30201.0% (16430.8) (18162.98) (16416.02)
2.87 2.9 2.% 2.07
(0.71) (0.71) (0.63) (0.71)
28.44° 30.8" 3125 3073
17.5% (18.8) (18.33) (18.61)

% For the categorical matching variables, column percentage for each group is presented.

b Other include those who were Asian, American Indian/Alaska Native, Native Hawaiian/Other Pacific Islander, multiracial, or unknown.

¢ For the continuous matching variables, group mean is presented first, followed by the corresponding standard deviation in the parentheses.

*** <001, ** < .01, * < .05, chi-square test or independent-samples t-test two-tailed
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TableB.6: Baselineavariate balance before and after matchiNgn-FTIC students, grade

point average outcome

Matching Variable

Single Stop vs. Comparison

Before Matching

After Matching

12,142 785 622 622
622
0
0.0%
64.4% 64.5% 62.2% 65.9%
35.6% 35.4% 37.8% 34.1%
10.5% 9.8% 11.6% 9.8%
44.3%" 54.49%" 60.8% 61.1%
45.295" 35.8%" 27.6% 29.1%
22.5%" 33.4%" 35.9% 34.1%
77.5% 66.6% 64.1% 65.9%
8.7% 7.0% 6.3% 5.5%
91.3% 93.0% 93.7% 94.5%
77.1%" 92.9%" 100.0% 100.0%
22.9%" 7.19%" 0.0% 0.0%
36.9%" 25.9%" 25.1% 26.2%
63.19%" 74.19%" 74.9% 73.8%
72.8%" 91.0%" 97.4% 97.6%
27.29%" 9.096" 2.6% 2.4%
43.49%" 58.19%" 67.0% 68.5%
56.69% 41.9%" 33.0% 31.5%
33.9% 38.1% 12.45% 39.1%
66.1% 61.9% 57.6% 60.9%
39.4%" 50.3%" 44.9% 46.0%
60.6%" 49.79%" 55.1% 54.0%
76.5%" 89.79%" 89.9% 89.5%
23.50%" 10.396" 10.1% 10.5%
93.6% 93.8% 92.9% 92.9%
6.4% 6.2% 7.1% 7.1%
75.0% 71.0% 73.3% 735%
17.6% 18.5% 17.2% 15.8%
7.4% 10.5% 9.5% 10.7%
28.33" 30.26” 30.41 30.54
(9.73) (10.49) (10.91) (10.71)
436" 352" 3.73 3.66
(6.11) (5.52) (4.97) (5.66)
8.3~ 7.88" 777 7.79
(2.83) (2.80) (2.60) (2.73)
9780.8 72116~ 6806.23 728474
(13575.36 (9509.53 (10093.13) (95%.28)
24833.2 12954.75" 1285870 1312057
(30201.0% (16430.8) (17099.34) (16572.02)
2.87 2.9 3.00 2.8
(0.71) (0.71) (0.64) (0.69)
28.44° 30.8" 3027 3087
17.5% (18.8) (18.13) (1858)

% For the categorical matching variables, column percentage for each group is presented.

b Other include those who were Asian, American Indian/Alaska Native, Native Hawaiian/Other Pacific Islander, multiracial, or unknown.

¢ For the continuous matching variables, group mean is presented first, followed by the corresponding standard deviation in the parentheses.

*** <001, ** < .01, * < .05, chi-square test or independent-samples t-test two-tailed
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TableB.7: Baselineavariate balance before and after matchiR@IC students, semester
to-semester persistence outcome

Matching Variable

Befae Matching

Single Stop vs. Comparison

After Matching

5,520 367 305 305
305
0
0.0%
581% 56.1% 54.8% 54.1%
41.9% 43.9% 45.2% 45.9%
12.3% 8.7% 7.5% 9.2%
43.9%" 62.79%" 74.4% 70.2%
43.89%" 28.6%" 18.1% 20.6%
29.29% 36.8% 39.3% 20.3%
70.8% 63.29% 60.7% 59.7%
5.4% 6.5% 3.6% 4.3%
94.6% 93.5% 96.4% 95.7%
79.5%" 92.4%" 100.0% 100.0%
20.5%" 7.696" 0.0% 0.0%
56.5%" 35.1%" 37.4% 35.4%
43.59%" 64.9%" 62.6% 64.6%
74.3%" 91.3%" 99.0% 99.0%
25.79%" 8.796" 1.0% 1.0%
39.19%" 58.9%" 67.9% 68.5%
60.9%" 41.19%" 32.1% 31.5%
32.2% 32.7% 35.4% 35.1%
67.8% 67.3% 64.6% 34.9%
66.7% 68.1% 59.0% 64.9%
33.3% 31.9% 41.0% 35.1%
0.0% 0.0% 0.0% 0.0%
100.0% 100.0% 100.0% 100.0%
93.7% 94.3% 92.5% 93.8%
6.3% 5.7% 7.5% 6.2%
80.1% 79.0% 82.3% 79.0%
16.7% 16.3% 14.4% 16.4%
3.2% 4.7% 3.3% 4.6%
23.38" 26.27" 25.68 26.47
(7.47) (8.68) (9.30) (8.93)
0.00 0.00 0.00 0.00
(0.00) (0.00) (0.00) (0.00)
827 779 7.59 771
(2.94) (2.64) (2.78) (2.58)
5015.17 5282.61 4930.17 5535.79
(10192.19) (986357) (9476.3) (10294.46)
2408781 11446.16" 11098.08 11804.01
(32212.22) (15673.33) (15693.23) (16292.94)

® For the categorical matching variables, column percentage for each group is presented.

b Other include those who were Asian, American Indian/Alaska Native, Native Hawaiian/Other Pacific Islander, multiracial, or unknown.

¢ For the continuous matching variables, group mean is presented first, followed by the corresponding standard deviation in the parentheses.

**+ <001, ** < .01, * < .05, chi-square test or independent-samples t-test two-tailed
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TableB.8: Baselineavariate balance before and after matchiR@IC students, degree

bearing credit pass rate outcome

Matching Variable

Before Matching

Single Stp vs. Comparison

After Matching

5,520 367 291 291
291
0
00%
58.1% 56.1% 54.3% 54.6%
41.9% 43.9% 45.7% 45.4%
12.3% 8.7% 96% 8.9%
43.9%" 62.79%" 753% 70.9%
43.89%" 28.6%" 15.9% 21.0%
29.29% 36.8% 42.6% 42.3%
70.8% 63.29% 57.4% 57.7%
5.4% 6.5% 3.8% 4.5%
94.6% 93.5% 96.2% 95.5%
79.5%" 92.4%" 100.0% 100.0%
20.5%" 7.696" 0.0% 0.0%
56.5%" 35.1%" 37.8% 34.4%
43.59%" 64.9%" 62.2% 65.6%
74.3%" 91.3%" 99.7% 99.0%
25.79%" 8.796" 0.3% 1.0%
39.19%" 58.9%" 70.8% 69.4%
60.9%" 41.19%" 29.2% 30.6%
32.2% 32.7% 36.1% 34.4%
67.8% 67.3% 63.9% 65.6%
66.7% 68.1% 63.2% 64.9%
33.3% 31.9% 36.8% 35.1%
0.0% 0.0% 0.0% 0.0%
100.0% 100.0% 100.0% 100.0%
93.7% 94.3% 91.8% 94.2%
6.3% 5.7% 8.2% 5.8%
80.1% 79.0% 81.4% 80.1%
16.7% 16.3% 15.5% 15.5%
3.2% 4.7% 3.1% 4.4%
23.38" 26.27" 25.68 26.63
(7.47) (8.68) (9.55) (8.95)
0.00 0.00 0.00 0.00
(0.00) (0.00) (0.00) (0.00)
827 779 7.66 777
(2.94) (2.64) (2.74) (2.61)
5015.17 5282.61 5558.38 5704.84
(10192.19) (986357) (11439.19) (10431.92)
2408781 11446.16" 12500.48 12144.93
(32212.22) (15673.33) (19215.91) (16498.49)

% For the categorical matching variables, column percentage for each group is presented.

b Other include those who were Asian, American Indian/Alaska Native, Native Hawaiian/Other Pacific Islander, multiracial, or unknown.

¢ For the continuous matching variables, group mean is presented first, followed by the corresponding standard deviation in the parentheses.

**+ <001, ** < .01, * < .05, chi-square test or independent-samples t-test two-tailed
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TableB.9: Baselineavariate balance before and after matchiR@IC students, grade point

average outcome

Matching Vaable

Before Matching

Single Stop vs. Comparison

After Matching

5,520 367 259 259
259
0
0.0%
58.1% 56.1% 50.2% 53.3%
41.9% 43.9% 49.8% 46.7%
12.3% 8.7% 7.7% 9.7%
43.9%" 62.79%" 71.8% 70.7%
43.89%" 28.6%" 20.5% 19.6%
29.29% 36.8% A17% 42.5%
70.8% 63.29% 58.3% 57.5%
5.4% 6.5% 3.1% 4.2%
94.6% 93.5% 96.9% 95.8%
79.5%" 92.4%" 100.0% 100.0%
20.5%" 7.696" 0.0% 0.0%
56.5%" 35.1%" 40.9% 37.1%
43.59%" 64.9%" 59.1% 62.9%
74.3%" 91.3%" 98.8% 98.8%
25.79%" 8.796" 1.2% 1.2%
39196~ 58.9%" 69.9% 67.6%
60.9%" 41.19%" 30.1% 32.4%
32.2% 32.7% 31.7% 34.4%
67.8% 67.3% 68.3% 65.6%
66.7% 68.1% 64.9% 64.1%
33.3% 31.9% 35.1% 35.9%
0.0% 0.0% 0.0% 0.0%
100.0% 100.0% 100.0% 100.0%
93.7% 94.3% 93.4% 94.6%
6.3% 5.7% 6.6% 5.4%
80.1% 79.0% 81.5% 78.8%
16.7% 16.3% 14.7% 16.6%
3.2% 4.7% 3.8% 4.6%
23.38" 26.27" 253 26.3
(7.47) (8.68) (8.74) (8.89)
0.00 0.00 0.00 0.00
(0.00) (0.00) (0.00) (0.00)
827 7.9 754 7.88
(2.94) (2.64) (2.67) (2.63)
5015.17 5282.61 5706.92 547520
(10192.19) (986357) (11179.13 (10576.8)
2408781 11446.16" 12479.09 12670.09
(32212.22) (15673.33) (18116.73 (17194.5)

% For the categorical matching variables, column percentage for each group is presented.

b Other include those who were Asian, American Indian/Alaska Native, Native Hawaiian/Other Pacific Islander, multiracial, or unknown.

¢ For the continuous matching variables, group mean is presented first, followed by the corresponding standard deviation in the parentheses.

**+ <001, ** < .01, * < .05, chi-square test or independent-samples t-test two-tailed
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Appendix C Confirmatory Impact Analyses
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Linear Regression Mod&r Confirmatory Impact Analyses
Y, = b, + b, (Female - Female) + b, (Hispanic - Hispanic.) + b, (Black - Black.)
+ b, (Full _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depeadency - FAFSA_Depedency) + b, (Financial Aid, - Financial Aid.)
+ b, (Student_La@ns - Student_La@ns) + b, (First_Geneation. - First_Geneation.)
+ b,,(HS_GED - HS_GED) + b,,(Remediatian, - Remediatian.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b, ,(Liberal_Sudies - Liberal Studies)
+ b,,(Busi_Tech - Busi_Tech)+ b,.(Age - Age)
+ b ,(Years_Firs Enroled, - Years_Firs Enroled) + &,,(PlacementTest - PlacementTest)
+b(TRT) + ¢
where
Y. represents the selected outcome for stipject

b, represents the mean score for subgijtisted for the covariates;

b, & b,, represent the regression coefficients associated with various covariates fpr subject

b, represents the regression coefficient associated with the treatmentdntqaatifies

the treatment impact (the mean difference iaute®me between treatment and comparison

subjects);
e represents the random error associated with subject

Logistic Regression Modfgr Confirmatory Impact Analyses
The logistic regression model is given in terms of the Iqgitbabilities of the selected outcome
equal to 1,ie.,

h =logh a Py =1) §
%- Py, =1
The full model can be specified as follows:
h, = b, + b, (Female- Female) + b, (Hispanic, - Hispanic.) + b, (Black, - Black)
+ b, (Ful _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depadency - FAFSA_Depedency) + &, (Financial Aid, - Financial Aid.)
+ b, (Student_Lans - Student_L@ns)+ b, (First_Geneation, - First_Geneation.)
+b,,(HS_GED - HS_GED) + b,,(Remediatio, - Remediatian.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b,,(Liberal_Sudies - Liberal_Sudies)
+b,,(Busi_Tech- Busi_Tech)+ b,,(Age - Age)
+ b(Years_Firs Enrolled - Years_Firs Enrolled) + b,,(PlacementTest - PlacementTest)
+b,(TRT) +6
where
Y, represents the selected outcome for stipject
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h. representthe logits 0ﬂ3|(Yi :1)
b, represents the mean logit for subijadfusted for the covariates;

b, 6 b,, represent the logistic regression coefficients associated with various émvariates

subject;

b, represents the logistic regression coefficient associated with the treatmendiihdicator

guantifies the treatment impact (the difference in tioelttgyatio associated with being a
treatment subject, as opposed tomparison subject);

e represents the random error associated with subject

TableC.1:Logisticregressiorresults of semesteto-semesterpersistence for on-FTIC
students (confirmatory analysis)

Effect Size
Parameter Estimate SE in Cox
Index
259.968
4.009

0.029 0.199 0.021 0.8849 1.029
0.256 0.346 0.547 0.4595 1.292
0.028 0.214 0.017 0.8977 1.028
0.439 0.216 4.110 0.0426 1.551
-0.291 0.381 0.583 0.4451 0.747
0.289 0.255 1.278 0.2583 1.335
0.837 0.434 3.718 0.0538 2.310
0.374 0.203 3.420 0.0644 1.454
0.128 0.191 0.452 0.5015 1.137
-0.059 0.195 0.093 0.7607 0.943
1.045 0.235 19.756 <.0001 2.843
0.263 0.343 0.585 0.4445 1.300
-0.920 0.413 4,978 0.0257 0.398
-0.787 0.465 2.863 0.0906 0.455
0.014 0.012 1.472 0.2251 1.014
-0.018 0.019 0.901 0.3426 0.982
-0.035 0.034 1.010 0.3149 0.966

TableC.2: Logisticregressiorresults of semesteto-semesterpersistence foFTIC

students (confirmatory analysis)

Parameter Estimate

SE

Wald Chi
Square

pvalue

Effect Size
in Cox
Index
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Wald Chi Effect Size

Parameter Estimate SE pvalue in Cox
Square

Index

TableC.3:Linearregressiorresults ofdegreebearing cedit passingate for non-FTIC
students (confirmatory analysis)

Parameter Estimate SE t-ratio pvalue i n He

Effect Size %
g

TableC.4:Linearregressiorresults ofdegreebearing cedit passingate for FTICstudents

(confirmatory analysis)

Effect Size
Parameter Estimate SE t-ratio pvalue in He

g
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Parameter

Estimate

SE

t-ratio

pvalue

Effect Size

i n He%
g

2.450 0.0146 0.252

0.180 0.190 0.950 0.3440 0.468
-0.047 0.036 -1.310 0.1894 -0.122
0.003 0.033 0.100 0.9231 0.008
-0.072 0.033 -2.160 0.0311 -0.186
-0.136 0.061 -2.210 0.0274 -0.352
0.091 0.083 1.100 0.2709 0.237

0.099 0.091 1.090 0.2781 0.258
0.008 0.002 3.740 0.0002 0.020
0.025 0.006 4.140 <.0001 0.065

TableC.5:Linearregressiorresults ofgrade point averagi®r non-FTIC students

(confirmatory analysis)

Parameter

Estimate

SE

t-ratio

pvalue

Effect Size

i n He%
g

52.010 <.0001 --
0.185 0.067 2.770 0.0056 0.153
-0.044 0.072 -0.610 0.5404 -0.036
0.077 0.121 0.640 0.5242 0.064
-0.266 0.080 -3.340 0.0009 -0.220
0.150 0.073 2.050 0.0401 0.124
0.276 0.147 1.870 0.0619 0.227
-0.041 0.092 -0.450 0.6520 -0.034
0.122 0.224 0.540 0.5859 0.101
-0.173 0.078 -2.230 0.0259 -0.143
0.045 0.068 0.660 0.5074 0.037
-0.005 0.071 -0.070 0.9431 -0.004
0.645 0.115 5.620 <.0001 0.533
-0.138 0.131 -1.060 0.2915 -0.114
-0.353 0.114 -3.090 0.0020 -0.292
-0.312 0.137 -2.270 0.0235 -0.257
0.007 0.004 1.760 0.0795 0.006
0.004 0.007 0.590 0.5561 0.004
0.006 0.013 0.450 0.6546 0.005

TableC.6:Linearregressiorresults ofgrade point averagir FTIC students (confirmatory

analysis)

Parameter

Estimate

SE

Effect Size
i n He

g
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Estimate

SE

t-ratio

pvalue

Effect Size

i n He%
g

1.780 0.0752 0.413
0.238 0.149 1.600 0.1107 0.169
0.509 0.566 0.900 0.3691 0.363
0.202 0.135 1.500 0.1354 0.144
-0.080 0.128 -0.620 0.5330 -0.057
-0.212 0.127 -1.670 0.0959 -0.151
-0.453 0.252 -1.800 0.0726 -0.323
0.093 0.299 0.310 0.7558 0.066
-0.128 0.329 -0.390 0.6980 -0.091
0.021 0.008 2.520 0.0120 0.015
0.078 0.023 3.370 0.0008 0.056
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Appendix D Service Dosage and Confirmation Analyses

70



Full Linear Regression Model for Service Dosage and Confirmation Analyses
= b, + b, (Female - Female) + b, (Hispanic - Hispanic.)+ b, (Black, - Black)
+ b, (Ful _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depadency - FAFSA_Depedency) + &, (Financial Aid, - Financial Aid.)
+ b, (Student_Lans - Student_L@ns) + b, (First_Geneation, - First_Geneation.)
+b,(HS_GED - HS_GED)+ b, (Remediatian, - Remediatian.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b,,(Liberal_Sudies - Liberal Sudies)
+b,,(Busi_Tech- Busi_Tech)+ b,.(Age - Age)
+ b(Years_Firs Enrolled - Years_Firs Enrolled) + b,,(PlacementTest - PlacementTest)

+ b, z(ScreeningEvents - ScreeningEvents) + b,4(Screening Confirm, - Screening Confirm.)
+ b,,(Additional _Events- Additional _Events)+ b,,(Additional _Confirm, - Additional _Confirm.)
+ b,,(Financial Events - Financial Events)+ b,,(Financial Confirm, - Financial Confirm.)

+b,,(Legal Evets, - Legal Evets.)+ b,,(Legal Conirm, - Legal Conirm.)
+ b,,(Tax_Events- Tax_Events + b,,(Tax_Confim, - Tax_Confim.)+ e
where
Y. represents the selected outcome for stpject
b, represents the mean score for subgjtisted for the covariates;
b, 6 b,, represent the regression coieffits associated with various covariates for siibject

b, ;0 b, represent the regression coeffisiassociated with tliwsage measures and
outcome confirmation indicators for the five major services;
e represents the random error associated with subject

Full Logistic Regression Modet Service Dosage and Confirmation Analyses

The logistic regression model is given in terms of the logits of probabilities of the selected outcome
equal to l.e.,

. a Py =1) @
9W8

The full model can be specified as follows:
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h = b, + b, (Female - Female) + b, (Hispanic, - Hispanic.) + &, (Black. - Black.)
+ b, (Ful _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depadency - FAFSA_Depedency) + &, (Financial Aid, - Financial Aid.)
+ b, (Student_Lans - Student_Lans) + b, (First_Geneation, - First_Geneation.)
+b,,(HS_GED - HS_GED) + b,,(Remediatio, - Remediatian.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b,,(Liberal_Sudies - Liberal Sudies)
+b,,(Busi_Tech- Busi_Tech)+ b,.(Age - Age)
+ b,(Years_Firs Enrolled - Years_Firs Enrolled)+ b,,(PlacementTest - PlacementTest)

+ b, z(ScreeningEvents - ScreeningEvents) + b,4(Screening Confirm, - Screening Confirm.)
+ b,,(Additional _Events- Additional _Events)+ b,,(Additional _Confirm, - Additional _Confirm.)
+ b,,(Financial Events - Financial Events)+ b,,(Financial Confirm, - Financial Confirm.)

+b,,(Legal_Evets - Legal Evets.)+ b,.(Legal_Conirm, - Legal_Conirm.)
+ b,,(Tax_Events- Tax_Events + b,,(Tax_Confim, - Tax_Confim.)+ e

where
Y. represents the selected outcome for stipject
h; representthe logits oﬂ3|(\(i :1)
b, represents the mean logit for subjadjusted for the covariates;

b, 6 b,, represent the logistic regression coefficients associated with various covariates for
subject;

b6 b,,represent the logistic regression coeffi@ssbciated withedosage measures and
outcome confirmation indicators for the five major seyvices

e represents the random error associated with subject

Table D.1: Logistiregression results of semest&y-semester persistence for neRTIC
students (dosage and confirmation analysis, full model)

Parameter Estimate SE L) ’ pvalue
Square
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Parameter

Table D.2: Logistic regression results of semestesemester persistence for nelRTIC

Wald Chi

Estimate SE Square pvalue
0.119 0.323 0.135 0.7131
-0.073 0.323 0.051 0.8220
0.671 0.454 2.183 0.1396
1.109 0.531 4.369 0.0366
-0.961 0.662 2.108 0.1465
-1.030 0.748 1.898 0.1683
0.031 0.022 2.026 0.1547
0.003 0.036 0.005 0.9429
-0.052 0.057 0.814 0.3668
0.721 0.197 13.438 0.0002
-1.389 0.489 8.059 0.0045
0.141 0.350 0.162 0.6872
-1.845 1.065 3.002 0.0832
-0.027 0.588 0.002 0.9627
0.808 1.164 0.482 0.4876
1.718 0.975 3.106 0.0780
-3.266 1.980 2.720 0.0991
-0.083 0.451 0.034 0.8544
2.452 0.779 9.915 0.0016

students (dosage and confirmation analysis, final model)

Parameter

Estimate

SE

Wald Chi
Square

pvalue
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Parameter

Table D.3: Logistic regression results of ssterto-semester persistence for FTIC

Estimate

Wald Chi
Square

students (dosage and confirmation analysis, full model)

Parameter

Estimate SE ‘ il Eh pvalue
Square
-0.155 2.276 0.005 0.9458
-0.139 0.460 0.091 0.7624
0.059 0.821 0.005 0.9424
-0.464 0.539 0.740 0.3898
0.234 0.428 0.300 0.5839
1.200 1.202 0.998 0.3178
0.344 0.509 0.458 0.4984
2.546 1.583 2.588 0.1077
0.702 0.430 2.670 0.1022
-0.236 0.419 0.317 0.5737
-0.547 0.448 1.493 0.2217
-0.170 0.858 0.040 0.8425
0.452 0.907 0.248 0.6183
-0.463 0.992 0.218 0.6409
-0.028 0.029 0.971 0.3245
-0.058 0.082 0.496 0.4815
0.163 0.274 0.355 0.5514
0.166 1.033 0.026 0.8721
-0.102 0.344 0.088 0.7671
9.859 94.767 0.011 0.9171
0.090 0.912 0.010 0.9218
-0.085 1.938 0.002 0.9650
1.116 1.177 0.899 0.3429
-2.722 2.341 1.352 0.2449
10.910 109.800 0.010 0.9209
-18.041 219.700 0.007 0.9345
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Table D.4: Logistic regression results of semestesemester persistence for FTIC

studerts (dosage and confirmation analysis, final model)

Parameter

Table D.5: Linear regression results of degree bearing credit pass rate feff T

Estimate

1.735

1.692

0.577 0.381 2.298 0.1295
0.028 0.241 0.014 0.9073
0.553 0.982 0.317 0.5734
-0.361 0.312 1.338 0.2474
10.732 98.899 0.012 0.9136
0.054 0.839 0.004 0.9491
0.075 1.746 0.002 0.9656
0.595 1.101 0.292 0.5888
-1.753 2.220 0.624 0.4297
10.461 124.800 0.007 0.9332
-17.841 249.600 0.005 0.9430

students (dosage and confirmation analysis, full model)

Parameter

Estimate ‘ SE t-ratio ‘ pvalue
0.783 0.123 6.350 <.0001
-0.010 0.026 -0.400 0.6912
0.003 0.044 0.080 0.9389
-0.083 0.029 -2.860 0.0043
0.025 0.026 0.970 0.3322
0.029 0.055 0.530 0.5940
-0.027 0.032 -0.840 0.4026
-0.055 0.082 -0.670 0.5048
-0.015 0.028 -0.540 0.5915
-0.001 0.025 -0.050 0.9634
0.023 0.025 0.920 0.3572
0.055 0.041 1.320 0.1883
0.001 0.047 0.020 0.9870
-0.082 0.040 -2.060 0.0396
-0.118 0.048 -2.430 0.0152
0.002 0.001 1.440 0.1495
-0.001 0.002 -0.370 0.7118
-0.005 0.004 -1.030 0.3041
0.021 0.012 1.740 0.0828
-0.072 0.041 -1.770 0.0780




Parameter Estimate SE t-ratio pvalue

-0.002 0.034 -0.070 0.9460
-0.105 0.101 -1.050 0.2956
-0.013 0.044 -0.290 0.7716
0.043 0.086 0.500 0.6154
-0.039 0.052 -0.740 0.4578
0.056 0.115 0.490 0.6246
0.008 0.031 0.250 0.8041
0.092 0.054 1.710 0.0872

Table D.6: Linear regression results of degree bearing credit pass rate feff hidh
students (dosage and confirmatianalysis, final model)

Parameter Estimate ‘ SE t-ratio ‘ pvalue
0.683 0.069 9.960 <.0001
-0.004 0.044 -0.090 0.9279
-0.097 0.027 -3.560 0.0004
0.057 0.040 1.430 0.1543
-0.081 0.040 -2.040 0.0415
-0.114 0.047 -2.410 0.0163
0.003 0.001 2.320 0.0209
0.020 0.012 1.670 0.0946
-0.069 0.040 -1.710 0.0876
-0.004 0.034 -0.110 0.9099
-0.106 0.100 -1.060 0.2884
-0.015 0.043 -0.340 0.7349
0.045 0.085 0.530 0.5993
-0.040 0.051 -0.770 0.4404
0.058 0.114 0.510 0.6076
0.003 0.030 0.110 0.9111
0.099 0.053 1.860 0.0631

Table D.7: Linear regression results of degree bearing credit pas$aiaETIC students
(dosage and confirmation analysis, full model)

Parameter Estimate SE t-ratio ‘ pvalue




Parameter Estimate SE t-ratio ‘ pvalue

0.148 0.111 1.330 0.1837
0.067 0.060 1.120 0.2623
0.285 0.220 1.300 0.1953
-0.040 0.051 -0.780 0.4364
0.008 0.048 0.170 0.8620
-0.083 0.048 -1.720 0.0864
-0.109 0.094 -1.160 0.2473
0.111 0.110 1.010 0.3141
0.119 0.123 0.970 0.3338
0.007 0.003 2.150 0.0328
0.025 0.009 2.730 0.0068
-0.015 0.024 -0.630 0.5306
0.063 0.104 0.600 0.5464
-0.052 0.041 -1.270 0.2063
0.252 0.152 1.650 0.0993
0.201 0.085 2.360 0.0189
-0.403 0.175 -2.300 0.0220
-0.015 0.107 -0.140 0.8901
-0.023 0.224 -0.100 0.9199
0.135 0.123 1.100 0.2736
-0.153 0.244 -0.630 0.5308

Table D.8: Linear regression results of degree bearing credit pass rate for FTIC students
(dosage and confirmation anagydinal model)

Parameter ‘ Estimate ‘ SE ‘ t-ratio ‘ pvalue
0.299 0.106 2.810 0.0053
0.082 0.046 1.790 0.0748
0.148 0.108 1.370 0.1704
-0.090 0.047 -1.920 0.0563
0.004 0.003 1.580 0.1157
0.022 0.009 2.490 0.0134
-0.011 0.024 -0.470 0.6384
0.058 0.104 0.560 0.5772
-0.049 0.040 -1.240 0.2152
0.228 0.150 1.520 0.1286
0.195 0.084 2.340 0.0201
-0.414 0.171 -2.420 0.0163
-0.033 0.104 -0.320 0.7482
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Parameter Estimate SE t-ratio pvalue

Table D.9: Linear regression results of grade point average foiH1d@ students (dosage
and confirmation analysis, full model)

Parameter Estimate ‘ SE ‘ t-ratio ‘ pvalue
2.708 0.467 5.800 <.0001
-0.166 0.098 -1.690 0.0917
-0.106 0.169 -0.630 0.5310
-0.373 0.109 -3.410 0.0007
0.147 0.099 1.490 0.1366
0.134 0.209 0.640 0.5209
-0.228 0.123 -1.850 0.0652
0.085 0.309 0.280 0.7829
-0.124 0.105 -1.170 0.2408
0.067 0.094 0.720 0.4748
0.063 0.097 0.650 0.5184
0.478 0.158 3.030 0.0025
-0.105 0.182 -0.580 0.5650
-0.437 0.150 -2.920 0.0037
-0.374 0.183 -2.040 0.0415
0.005 0.006 0.860 0.3902
-0.001 0.009 -0.060 0.9509
-0.012 0.017 -0.730 0.4685
0.071 0.047 1.510 0.1323
-0.291 0.155 -1.880 0.0607
-0.029 0.131 -0.220 0.8230
-0.329 0.392 -0.840 0.4009
-0.207 0.165 -1.260 0.2094
0.479 0.327 1.470 0.1429
-0.055 0.206 -0.270 0.7910
0.168 0.454 0.370 0.7117
-0.027 0.117 -0.230 0.8193
0.387 0.205 1.890 0.0597
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Table D.10: Linear regression results of grade point averagediof=T1C students (dosage
and confirmation analysis, final model)

Parameter Estimate ‘ SE ‘ t-ratio ‘ pvalue
2.733 0.238 11.490 <.0001
-0.176 0.097 -1.820 0.0700
-0.123 0.167 -0.740 0.4614
-0.395 0.104 -3.780 0.0002
0.128 0.097 1.320 0.1886
-0.279 0.104 -2.670 0.0078
0.502 0.152 3.300 0.0010
-0.423 0.149 -2.840 0.0046
-0.346 0.180 -1.920 0.0557
0.063 0.046 1.350 0.1765
-0.266 0.153 -1.740 0.0829
-0.027 0.130 -0.200 0.8380
-0.342 0.389 -0.880 0.3797
-0.192 0.164 -1.170 0.2415
0.449 0.324 1.390 0.1665
-0.032 0.203 -0.160 0.8749
0.120 0.448 0.270 0.7893
-0.025 0.115 -0.20 0.8298
0.383 0.202 1.890 0.0589

Table D.11: Linear regression results of grade point average for FTIC students (dosage and
confirmation analysis, full model)

Parameter ‘ Estimate ‘ SE t-ratio ‘ pvalue
-0.267 1.063 -0.50 0.8016
0.264 0.178 1.480 0.1407
-0.647 0.329 -1.970 0.0502
-0.695 0.220 -3.150 0.0018
0.344 0.176 1.950 0.0522
0.769 0.427 1.800 0.0730
0.054 0.221 0.240 0.8080
1.621 0.774 2.090 0.0373
-0.025 0.188 -0.130 0.8949
-0.092 0.177 -0.520 0.6023
-0.219 0.179 -1.230 0.2208
-0.661 0.375 -1.760 0.0795
0.539 0.401 1.340 0.1806
0.529 0.442 1.200 0.2323
0.024 0.012 2.000 0.0470
0.078 0.034 2.280 0.0232
-0.025 0.094 -0.270 0.7885
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Parameter Estimate SE t-ratio pvalue

0.504 0.392 1.280 0.2002
-0.340 0.168 -2.020 0.0441
1.418 0.618 2.290 0.0226
0.427 0.342 1.250 0.2128
-0.777 0.709 -1.100 0.2739
0.028 0.391 0.070 0.9431
-0.486 0.816 -0.600 0.5521
0.198 0.432 0.460 0.6474
-0.083 0.857 -0.100 0.9227

Table D.12: Linear regression results of grade point average for FTIC students (dosage and
confirmation analysis, final model)

Parameter Estimate ‘ SE ‘ t-ratio ‘ pvalue
-0.288 1.015 -0.280 0.7769
0.292 0.173 1.680 0.0937
-0.652 0327 -2.000 0.0471
-0.686 0.218 -3.150 0.0018
0.356 0.174 2.050 0.0416
0.794 0.421 1.890 0.0602
1.598 0.758 2.110 0.0359
-0.711 0.369 -1.930 0.0550
0.526 0.394 1.330 0.1836
0.514 0.435 1.180 0.2384
0.020 0.010 2.000 0.0467
0.079 0.033 2.380 0.0181
-0.028 0.093 -0.300 0.7623
0.508 0.389 1.310 0.1924
-0.354 0.164 -2.160 0.0321
1.468 0.612 2.400 0.0172
0.386 0.336 1.150 0.2527
-0.671 0.693 -0.970 0.3339
0.016 0.387 0.040 0.9670
-0.431 0.810 -0.530 0.5947
0.199 0.430 0.460 0.6442
-0.099 0.852 -0.120 0.9080
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Appendix EExploratory Impact Analyses
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Linear Regression Mod&ain Effects)
Y, = b, + b, (Female - Female) + b, (Hispanic - Hispanic.) + b, (Black - Black.)
+ b, (Full _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depeadency - FAFSA_Depedency) + b, (Financial Aid, - Financial Aid.)
+ b, (Student_La@ns - Student_La@ns) + b, (First_Geneation. - First_Geneation.)
+ b,,(HS_GED - HS_GED) + b,,(Remediatian, - Remediatian.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b, ,(Liberal_Sudies - Liberal Studies)
+ b,,(Busi_Tech - Busi_Tech)+ b,.(Age - Age)
+ b ,(Years_Firs Enroled, - Years_Firs Enroled) + &,,(PlacementTest - PlacementTest)
+b(TRT) + ¢
where
Y. represents the selected outcome for stipject

b, represents the mean scorestaject adjusted for the covariates;
b, & b,, represent the regression coefficients associated with various covariates fpr subject

b, represents the regression coefficient associated wittatheent indicatd@ it quantifies

the treatment impact (the mean difference in the outcome between treatment and comparison
subjects);

e represents the random error associated with subject

Logistic Regression Mod@ain Effects)
The logistic regression model is given in terms of the logits of probabilities of the selected outcome
equal to 1,ie.,

h =logh a Py =1) §
%- Py, =1
The full model can be specified as follows:
h, = b, + b, (Female- Female) + b, (Hispanic, - Hispanic.) + b, (Black, - Black)
+ b, (Ful _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depadency - FAFSA_Depedency) + &, (Financial Aid, - Financial Aid.)
+ b, (Student_Lans - Student_L@ns)+ b, (First_Geneation, - First_Geneation.)
+b,,(HS_GED - HS_GED) + b,,(Remediatio, - Remediatian.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b,,(Liberal_Sudies - Liberal_Sudies)
+b,,(Busi_Tech- Busi_Tech)+ b,,(Age - Age)
+ b(Years_Firs Enrolled - Years_Firs Enrolled) + b,,(PlacementTest - PlacementTest)
+b,(TRT) +6
where
Y. represents theelected outcome for subject
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h, representthe logits Oﬂ:’I(Yi =1)
b, represents the mean logit for subjadfusted for the covariates;

b, 6 b,, represent the gstic regression coefficients associated with various covariates for
subject;

b, represents the logistic regression coefficient associated with the treatmendiihdicator

guantifies the treatment impact (the difference in tioelttsgatio associated with being a
treatment subject, as opposed to a comparison subject);

e represents the random error associated with subject

Linear Regression Model with Interactioiws Differential Impact Analyses
= b, + b, (Female - Female) + b, (Hispanic, - Hispanic.)+ b, (Black - Black.)
+ b, (Ful _Time, - Full _Time.)+ &, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depadency - FAFSA_Depadency) + &, (Financial Aid, - Financial Aid.)
+ b, (Student_Lans - Student_L@ns)+ b, (First_Geneation, - First_Geneation.)
+b,,(HS_GED - HS_GED) + b,,(Remediatio, - Remediatian.)
+ b,,(Academic_NMjor. - Academic_Mjor.) + b,,(Liberal_Sudies - Liberal Sudies)
+b,,(Busi_Tech- Busi_Tech)+ b,,(Age - Age)
+ b(Years_Firs Enrolled - Years_Firs Enrolled) + 4,,(PlacementTest - PlacementTest)
+ bo(TRT,) + b,o(TRT, * Dependency + e

where
Y, represents the selected outcome for stpject

b, represents the mean score for subgjtisted for the covariates;

b, 6 b,, represent the regression deifhts associated with various covariates for subject
b, represents the treatment impacfifaancially independent students

b,, represents the differential treatment impatihancially dependestibjects asompared

to financially independesiibjects;

e represents the random error associated with subject

Logistic Regression Model with Interactidias Differential Impact Analyses

The logistic regression model is given in terms loigite of probabilities of the selected outcome
equal to 1, ie.,

o a Py =1) 6
g% PAY, 1

The full model can be specified as follows:
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h, = b, + b, (Female- Female)+ b, (Hispanic, - Hispanic)+ b, (Black - Black)
+b,(Ful _Time, - Full _Time.)+ b, (MaritalStatus, - MaritalStatus.)
+ b, (FAFSA_Depadency - FAFSA_Depadency) + b, (Financial Aid, - Financial Aid.)
+ b, (Student_L@ns - Student_Lans) + b, (First_Geneation, - First_Geneation.)
+ b,(HS_GED - HS_GED) + b,,(Remediatio, - Remediatia.)
+ b,,(Academic_Mjor - Academic_Mjor.) + b,,(Liberal_Sudies - Liberal Sudies)
+b,,(Busi_Tech- Busi_Tech)+ b,.(Age - Age)
+ b,(Years_Firs Enrolled - Years_Firs Enrolled)+ 4,,(PlacementTest - PlacementTest)
+ b,4(TRT,) + b,,(TRT, * Dependency + e

where
Y, represents the selected outcome for supject
h representthe logits oﬂ:’l(Yi =1)
b, represents the mean logit for subijadjusted for the covariates;
b, 6 b,, represent the logistic regression coefficients associated withcemaoiates for
subject;
b, represents the treatment impadhe logoddsratiofor financially independent students
b,, represents the differential treatment impaéinancially dependestibjects as compared
to financially independesiibjects;
e represents the random error associated with subject

TableE.1:Logisticregressiorresults of semesteto-semesterpersistence for benefits
eligibility sreeningonly (service combination angdis)

Parameter Estimate SE OUELE ‘ pvalue Effect Size
Square
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Parameter Estimate SE I pvalue Effect Size
Square

TableE.2:Logisticregressiorresults of semesteto-semesterpersistence for benefits
eligibility sreeningand tax peparation(service combination analysis)

Parameter Estimate Effect Size

22.560 --
3.187 1.143 7.780 0.0053 24.225
-0.199 1.652 0.015 0.9041 0.819
0.019 0.732 0.001 0.9796 1.019
12.930 279.700 0.002 0.9631 412421.020
1.016 0.710 2.049 0.1523 2.762
0.137 0.739 0.034 0.8528 1.147
-2.506 2.654 0.892 0.3449 0.082
2.226 1.036 4.617 0.0316 9.259
6.102 2.053 8.838 0.0030 446.884
0.577 0.732 0.623 0.4301 1.781
-0.697 0.667 1.090 0.2965 0.498
0.246 0.694 0.125 0.7236 1.278
0.375 1.470 0.065 0.7988 1.455
-1.780 1.634 1.186 0.2761 0.169
-2.291 2.540 0.813 0.3671 0.101
-1.863 2.572 0.525 0.4689 0.155
0.054 0.042 1.701 0.1922 1.056
0.156 0.165 0.903 0.3420 1.169
0.022 0.113 0.038 0.8465 1.022

TableE.3:Logisticregressiorresults of semesteto-semesterpersistence for benefits
eligibility sreeningand financial counselifgervice combination analysis)

Effect Size

‘ Wald Chi
pvalue

Square

Parameter ‘ Estimate

26.412 --
-0.504 0.616 0.668 0.4138 0.604
1.418 1.181 1.441 0.2300 4.127
0.367 0.635 0.334 0.5634 1.443
12.570 421.100 0.001 0.9762 287822.716
0.666 0.705 0.894 0.3444 1.947
-0.538 0.683 0.620 0.4310 0.584
12.805 284.500 0.002 0.9641 364069.477
1.380 0.724 3.630 0.0568 3.974
-11.874 639.800 0.000 0.9852 0.000
0.437 0.595 0.540 0.4624 1.549




Parameter Estimate e (G pvalue Effect Size
Square

TableE.4:Logisticregressiorresults of semesteto-semesterpersistence for tax
preparationonly (service combination analysis)

Parameter Estimate SE Ll Gl pvalue Effect Size
Square

TableE.5:Logisticregressiorresults of semesteto-semesterpersistence for benefits
eligibility sreeningand additional servicgservice combination analysis)

Parameter Estimate ’ ‘ Effect Size

9.867 -
0.147 0.609 0.058 0.8093 1.158
-0.395 1.348 0.086 0.7693 0.673
0.894 0.637 1.972 0.1603 2.445
-0.171 1.399 0.015 0.9028 0.843
-0.588 0.801 0.539 0.4630 0.555
-0.157 0.657 0.057 0.8116 0.855
-0.441 1.748 0.064 0.8008 0.643
0.733 0.816 0.806 0.3694 2.081
2.340 0.712 10.808 0.0010 10.385
-1.332 0.674 3.906 0.0481 0.264
0.417 0.697 0.357 0.5500 1.517
0.997 1.217 0.671 0.4128 2.710
-1.068 1.184 0.813 0.3673 0.344
-12.049 171.800 0.005 0.9441 0.000
-13.651 171.800 0.006 0.9367 0.000
-0.054 0.038 2.047 0.1525 0.947
-0.063 0.115 0.297 0.5856 0.939
0.039 0.106 0.138 0.7107 1.040




TableE.6:Logisticregressiorresults of semesteto-semesterpersistence for benefits
eligibility sreeningand legal conselingservice combination analysis)

Parameter Estimate ‘ ‘ Effect Size

35.740 --
1.093 0.872 1.573 0.2097 2.984
0.844 1.440 0.344 0.5576 2.326
0.116 1.040 0.012 0.9113 1.123
2.786 1.956 2.029 0.1543 16.223
1.074 1.396 0.592 0.4417 2.928
-1.883 1.315 2.052 0.1520 0.152
0.386 4.508 0.007 0.9318 1.470
11.753 221.900 0.003 0.9578 127096.256
2.676 1277 4.390 0.0361 14.523
-1.022 1.053 0.943 0.3315 0.360
-0.178 0.959 0.034 0.8532 0.837
6.077 2.056 8.739 0.0031 435.720
-9.559 394.200 0.001 0.9807 0.000
2.534 1.442 3.088 0.0789 12.608
2.159 1.891 1.304 0.2535 8.659
-0.101 0.061 2.754 0.0970 0.904
-0.247 0.133 3.468 0.0626 0.781
-0.036 0.147 0.059 0.8090 0.965

TableE.7:Linearregressiorresults of degree bearing credit pass rate for benefits eligibility
screeningonly (service combination analysis)

Parameter ‘ Estimate ‘ SE ‘ t-ratio ‘ pvalue Effect Size
0651 0.023 28.840 <.0001 -
-0.010 0.032 -0.320 0.7505 -0.028
-0.090 0.066 -1.360 0.1761 -0.246
0.007 0.035 0.210 0.8331 0.020
0.012 0.057 0.210 0.8318 0.033
-0.084 0.037 -2.270 0.0238 -0.231
0.015 0.034 0.440 0.6606 0.041
0.110 0.066 1.680 0.0934 0.302
0.006 0.042 0.130 0.8943 0.015
-0.158 0.123 -1.280 0.2009 -0.431
-0.057 0.038 -1.510 0.1323 -0.156
-0.013 0.033 -0.400 0.6922 -0.036
-0.008 0.034 -0.250 0.8059 -0.023
0.050 0.061 0.820 0.4107 0.136
0.146 0.070 2.080 0.0379 0.400
-0.003 0.059 -0.060 0.953 -0.009
0.047 0.071 0.650 0.5137 0.128
0.004 0.002 1.590 0.1116 0.010
-0.003 0.004 -0.800 0.4227 -0.009
0.020 0.006 3.300 0.0011 0.055
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TableE.8:Linearregressiormresults of degree bearing credit pass rate for benefits eligibility
screening, financial counseling and tax preparation (service combination analysis)

Parameter

Estimate ‘ SE t-ratio ‘ pvalue Effect Size
0.673 0.023 29.550 <.0001 -
0.092 0.032 2.840 0.0048 0.291
-0.080 0.070 -1.150 0.2515 -0.255
-0.005 0.034 -0.140 0.8860 -0.015
0.009 0.065 0.140 0.8886 0.029
-0.067 0.041 -1.650 0.0993 -0.214
0.036 0.035 1.040 0.2986 0.115
0.096 0.086 1.120 0.2636 0.305
0.042 0.042 1.010 0.3141 0.133
-0.084 0.118 -0.710 0.4782 -0.267
-0.003 0.037 -0.070 0.9440 -0.008
0.010 0.033 0.290 0.7729 0.030
-0.028 0.034 -0.830 0.4068 -0.090
0.035 0.064 0.550 0.5835 0.111
-0.037 0.059 -0.630 0.5298 -0.117
-0.051 0.067 -0.760 0.4470 -0.162
-0.072 0.074 -0.980 0.3298 -0.229
0.005 0.002 2.180 0.0298 0.015
-0.003 0.004 -0.780 0.4350 -0.010
-0.003 0.006 -0.430 0.6700 -0.008

TableE.9 Linearregressiorresults of degree bearing credit pass rate for benefits eligibility
screening and tax preparation (service combination analysis)

Parameter ‘

Estimate ‘ SE t-ratio ‘ pvalue ’ Effect Size
0.634 0.033 19.440 <.0001 -
0.093 0.047 1.980 0.0499 0.287
0.091 0.116 0.790 0.4321 0.281
-0.031 0.050 -0.630 0.5327 -0.096
-0.058 0.090 -0.650 0.5164 -0.180
-0.059 0.057 -1.030 0.3039 -0.182
0.105 0.050 2.100 0.0373 0.324
-0.002 0.127 -0.020 0.9866 -0.007
0.041 0.065 0.620 0.5348 0.126
-0.089 0.193 -0.460 0.6454 -0.274
-0.053 0.059 -0.900 0.3712 -0.163
0.004 0.048 0.090 0.9319 0.013
-0.050 0.050 -1.000 0.3208 -0.153
0.186 0.104 1.780 0.0769 0.572
-0.124 0.091 -1.360 0.1764 -0.381
-0.020 0.084 -0.240 0.8129 -0.061
-0.175 0.099 -1.770 0.0783 -0.541
0.007 0.002 3.000 0.0031 0.022
0.010 0.007 1.330 0.1861 0.030
0.013 0.009 1.470 0.1422 0.041
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TableE.10Linearregressiorresults ofdegree bearing credit pass rate for benefits eligibility

screening and financial counseling (service combination analysis)

Parameter

TableE.11Linearregressiorresults of degree bearing credit pass rate fax preparation

Estimate ‘ SE t-ratio ‘ pvalue | Effect Size
0.588 0.040 14.570 <.0001 --
0.024 0.060 0.410 0.6847 0.067
-0.193 0.126 -1.530 0.1274 -0.526
0.096 0.062 1.530 0.1277 0.260
0.238 0.182 1.310 0.1938 0.648
0.098 0.074 1.320 0.1898 0.267
-0.171 0.066 -2.580 0.0110 -0.466
0.472 0.137 3.440 0.0008 1.285
0.127 0.077 1.660 0.1001 0.346
0.053 0.240 0.220 0.8260 0.144
-0.046 0.063 -0.730 0.4679 -0.126
0.044 0.061 0.720 0.4744 0.119
-0.040 0.062 -0.650 0.5167 -0.109
0.112 0.120 0.940 0.3515 0.305
-0.272 0.111 -2.460 0.0152 -0.741
0.019 0.135 0.140 0.8876 0.052
0.158 0.146 1.080 0.2802 0.430
-0.001 0.004 -0.320 0.7510 -0.004
-0.006 0.013 -0.480 0.6290 -0.017
0.015 0.012 1.240 0.2179 0.041

only (service combination analysis)

Parameter

Estimate ‘ SE t-ratio ‘ pvalue Effect Size
0.745 0.036 20.470 <.0001 -
0.015 0.053 0.290 0.7761 0.052
-0.069 0.057 -1.210 0.2304 -0.239
-0.061 0.107 -0.570 0.5712 -0.211
-0.125 0.070 -1.780 0.0786 -0.433
-0.059 0.058 -1.020 0.3117 -0.204
0.098 0.149 0.660 0.5117 0.341
0.011 0.072 0.150 0.8808 0.038
0.321 0.130 2.470 0.0153 1.113
0.029 0.062 0.470 0.6374 0.102
-0.034 0.055 -0.630 0.5306 -0.119
0.016 0.058 0.280 0.7787 0.057
-0.276 0.281 -0.980 0.3287 -0.955
0.304 0.108 2.810 0.0060 1.054
-0.027 0.076 -0.350 0.7249 -0.093
0.005 0.102 0.050 0.9610 0.017
0.003 0.004 0.720 0.4703 0.009
0.005 0.005 0.900 0.3698 0.017
0.002 0.010 0.220 0.8270 0.007




TableE.12Linearregressiorresults of degree bearing credit pass rate for benefits eligibility
screening and additional services (service combination analysis)

Parameter

TableE.13.Linearregressiomresults of degree bearing credit pass rate for benefits eligibility
screening and legal counseling (service combination analysis)

Parameter

Estimate ‘ SE t-ratio ‘ pvalue | Effect Size
0.569 0.049 11.520 <.0001 -
0.083 0.073 1.140 0.2560 0.219
-0.073 0.151 -0.480 0.6288 -0.193
0.013 0.073 0.170 0.8637 0.033
0.139 0.136 1.020 0.3098 0.365
-0.051 0.102 -0.500 0.61a -0.134
0.070 0.079 0.890 0.3757 0.185
0.340 0.201 1.690 0.0933 0.894
-0.071 0.103 -0.680 0.4950 -0.186
-0.245 0.298 -0.820 0.4119 -0.646
-0.084 0.084 -1.000 0.3194 -0.220
0.005 0.073 0.080 0.9401 0.014
-0.127 0.083 -1.530 0.1282 -0.334
-0.020 0.139 -0.150 0.8849 -0.053
-0.141 0.160 -0.880 0.3816 -0.370
-0.213 0.135 -1.570 0.1186 -0.560
-0.328 0.164 -2.000 0.0483 -0.862
-0.001 0.005 -0.120 0.9073 -0.001
0.008 0.010 0.800 0.4241 0.021
0.002 0.013 0.170 0.8674 0.006

‘ Estimate ‘ SE t-ratio ‘ pvalue ’ Effect Size
0.560 0.061 9.120 <.0001 -
0.052 0.093 0.560 0.5758 0.145
-0.215 0.200 -1.070 0.2876 -0.597
0.062 0.093 0.670 0.5071 0.172
-0.153 0.205 -0.750 0.4566 -0.426
-0.158 0.131 -1.210 0.2314 -0.438
0.039 0.092 0.420 0.6734 0.109
0.116 0.257 0.450 0.6524 0.323
0.083 0.133 0.620 0.5362 0.231
-0.080 0.111 -0.720 0.4717 -0.223
-0.030 0.107 -0.280 0.7793 -0.083
-0.105 0.096 -1.090 0.2783 -0.292
-0.120 0.186 -0.650 0.5210 -0.333
0.014 0.244 0.060 0.9561 0.038
-0.061 0.135 -0.450 0.6538 -0.169
-0.08 0.174 -0.160 0.8723 -0.078
0.007 0.007 1.020 0.3109 0.020
-0.014 0.017 -0.800 0.4272 -0.039
0.000 0.018 -0.010 0.9941 0.000
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TableE.14Linearregressiorresults ofdegree bearing credit pass rate for financial
counseling and tax preparation (service combination analysis)

Parameter

TableE.15.Linearregressiorresults of grade point average for benefits llgy screening

‘ Estimate ‘ SE t-ratio ‘ pvalue | Effect Size
0.640 0.044 14.660 <.0001 -
0.198 0.067 2.970 0.0040 0.727
-0.147 0.254 -0.580 0.5631 -0.540
-0.088 0.066 -1.350 0.1823 -0.324
-0.147 0.111 -1.320 0.1894 -0.540
-0.091 0.070 -1.310 0.1959 -0.333
-0.051 0.064 -0.800 0.4263 -0.187
0.316 0.175 1.800 0.0762 1.156
0.081 0.080 1.000 0.3184 0.296
-0.225 0.182 -1.230 0.2213 -0.824
-0.028 0.075 -0.380 0.7060 -0.103
0.066 0.062 1.070 0.2900 0.242
0.026 0.066 0.390 0.698 0.095
-0.029 0.211 -0.140 0.8895 -0.108
-0.003 0.155 -0.020 0.9852 -0.011
0.027 0.094 0.290 0.7734 0.100
-0.084 0.123 -0.680 0.4961 -0.307
0.006 0.004 1.360 0.1770 0.022
-0.003 0.007 -0.430 0.6700 -0.011
0.001 0.013 0.040 0.9664 0.002

only (service combination analysis)

Parameter

Estimate ‘ SE t-ratio ‘ pvalue ’ Effect Size
2.217 0.083 26.850 <.0001 -
0.153 0.117 1.300 0.1949 0.116
0.071 0.244 0.290 0.7727 0.054
-0.264 0.130 -2.030 0.0432 -0.20L
0.147 0.204 0.720 0.4714 0.112
-0.572 0.135 -4.240 <.0001 -0.435
-0.159 0.126 -1.260 0.2088 -0.121
0.224 0.239 0.940 0.3498 0.170
-0.003 0.152 -0.020 0.9839 -0.002
-0.452 0.385 -1.170 0.2413 -0.344
0.001 0.135 0.010 0.9952 0.001
0.184 0.124 1.480 0.1396 0.140
-0.033 0.125 -0.260 0.7934 -0.025
0.428 0.216 1.980 0.0481 0.326
0.454 0.237 1.910 0.0562 0.346
-0.267 0.213 -1.250 0.2113 -0.203
-0.201 0.255 -0.790 0.4303 -0.153
0.013 0.008 1.720 0.0869 0.010
-0.022 0.016 -1.380 0.1675 -0.017
0.019 0.023 0.850 0.3942 0.015




TableE.16:Linearregressiorresults of grade point average for benefits eligibility screening,

financial counseling, and tax preparaticgryge combination analysis)

Parameter Estimate ‘ SE t-ratio ‘ pvalue | Effect Size
2.322 0.087 26.790 <.0001 -
0.451 0.124 3.650 0.0003 0.371
-0.303 0.274 -1.110 0.2683 -0.250
0.191 0.131 1.460 0.1456 0.157
-0.071 0.235 -0.300 0.7613 -0.059
-0.439 0.156 -2.810 0.0053 -0.361
0.276 0.134 2.060 0.0400 0.227
0.597 0.357 1.670 0.0957 0.491
-0.122 0.163 -0.750 0.4550 -0.100
0.364 0.393 0.930 0.3550 0.300
-0.148 0.141 -1.050 0.2945 -0.122
-0.001 0.128 -0.010 0.9912 -0.001
-0.118 0.136 -0.870 0.3853 -0.097
0.193 0.243 0.790 0.4273 0.159
-0.657 0.237 -2.770 0.0059 -0.541
-0.201 0.236 -0.850 0.3941 -0.166
-0.134 0.277 -0.480 0.6285 -0.110
0.006 0.008 0.700 0.4838 0.005
0.002 0.014 0.130 0.8945 0.002
0.008 0.024 0.320 0.7484 0.006

TableE.17Linearregressiorresults of grade point average for benefits eligibility screening
and tax preparation (service combination analysis)

Parameter ‘ Estmate ‘ SE ‘ t-ratio ‘ pvalue Effect Size
2.266 0.131 17.250 <.0001 -
0.334 0.190 1.760 0.0811 0.263
1.239 0.494 2.510 0.0132 0.977
0.092 0.196 0.470 0.6397 0.073
-0.107 0.359 -0.300 0.7661 -0.084
-0.123 0.222 -0.50 0.5816 -0.097
0.274 0.199 1.380 0.1703 0.216
0.242 0.429 0.560 0.5730 0.191
0.473 0.261 1.810 0.0718 0.373
0.099 0.619 0.160 0.8732 0.078
-0.392 0.243 -1.610 0.1085 -0.309
-0.299 0.196 -1.520 0.1295 -0.236
-0.192 0.202 -0.950 0.3434 -0.151
1.339 0.455 2.940 0.0037 1.056
-0.466 0.322 -1.450 0.1499 -0.368
-0.557 0.360 -1.550 0.1240 -0.439
-0.778 0.410 -1.900 0.0595 -0.614
0.022 0.010 2.200 0.0293 0.017
0.025 0.025 1.010 0.3127 0.020
0.055 0.037 1.480 0.1409 0.044

92



TableE.18Linearregressiorresults of grade point average for benefits eligibility screening

and financial counseling (service combination analysis)

Parameter ‘ Estimate ‘ SE t-ratio ‘ pvalue | Effect Size
2.083 0.165 12.660 <.0001 -
0.079 0.246 0.320 0.7497 0.058
0.281 0.640 0.440 0.6615 0.209
0.213 0.251 0.850 0.3968 0.159
-0.519 0.678 -0.770 0.4455 -0.387
-0.220 0.346 -0.630 0.5267 -0.164
0.078 0.264 0.290 0.7694 0.058
1.719 0.626 2.750 0.0070 1.280
-0.078 0.306 -0.260 0.7982 -0.058
0.853 0.948 0.900 0.3701 0.635
-0.162 0.262 -0.620 0.5367 -0.121
0.073 0.240 0.310 0.7606 0.055
-0.164 0.246 -0.670 0.5061 -0.122
1.077 0.576 1.870 0.0640 0.802
-0.438 0.454 -0.970 0.3362 -0.326
-0.537 0.557 -0.960 0.3373 -0.400
-0.558 0.614 -0.910 0.3652 -0.416
-0.014 0.015 -0.940 0.3514 -0.010
-0.023 0.041 -0.560 0.5775 -0.017
0.083 0.049 1.700 0.0922 0.062

TableE.19Linearregressiorresults of grade point average for tax preparation only
(service combination analysis)

Parameter ‘ Estimate ‘ SE t-ratio ‘ pvalue Effect Size
2.519 0.167 15.040 <.0001 -
0.187 0.240 0.780 0.4392 0.153
0.097 0.273 0.360 0.7225 0.080
-0.045 0.467 -0.100 0.9238 -0.037
-0.352 0.297 -1.180 0.2393 -0.288
0.143 0.281 0.510 0.6133 0.117
0.192 0.575 0.330 0.7386 0.158
-0.446 0.343 -1.300 0.1962 -0.366
-0.061 0.796 -0.080 0.9389 -0.050
0.034 0.281 0.120 0.9040 0.028
0.238 0.256 0.930 0.3549 0.195
-0.117 0.271 -0.430 0.6670 -0.096
0.405 0.991 0.410 0.6833 0.332
-0.063 0.452 -0.140 0.8903 -0.051
-0.155 0.398 -0.390 0.6980 -0.127
-0.535 0.514 -1.040 0.3005 -0.438
0.008 0.015 0.530 0.941 0.006
0.031 0.024 1.270 0.2068 0.025
0.084 0.049 1.700 0.0916 0.069
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TableE.20:Linearregressiorresults of grade point average for benefits eligibility screening
and additionaservices (service combination analysis)

Parameter

‘ Estimate ‘ SE t-ratio ‘ pvalue Effect Size
0.569 0.049 11.520 <.0001 -
0.083 0.073 1.140 0.2560 0.219
-0.073 0.151 -0.480 0.6288 -0.193
0.013 0.073 0.170 0.8637 0.033
0.139 0.136 1.020 0.3098 0.365
-0.051 0.102 -0.500 0.6191 -0.134
0.070 0.079 0.890 0.3757 0.185
0.340 0.201 1.690 0.0933 0.894
-0.071 0.103 -0.680 0.4950 -0.186
-0.245 0.298 -0.820 0.4119 -0.646
-0.084 0.084 -1.000 0.3194 -0.220
0.005 0.073 0.080 0.9401 0.014
-0.127 0.083 -1.530 0.1282 -0.334
-0.020 0.139 -0.150 0.8849 -0.053
-0.141 0.160 -0.880 0.3816 -0.370
-0.213 0.135 -1.570 0.1186 -0.560
-0.328 0.164 -2.000 0.0483 -0.862
-0.001 0.005 -0.120 0.9073 -0.001
0.008 0.010 0.800 0.4241 0.021
0.002 0.013 0.170 0.8674 0.006

TableE.21Linearregressiorresults of grade point average for benefits eligibility screening
and legal counseling (service combination analysis)

Parameter

‘ Estimate ‘ SE t-ratio ‘ pvalue Effect Size
0.560 0.061 9.120 <.0001 -
0.052 0.093 0.560 0.5758 0.145
-0.215 0.200 -1.070 0.2876 -0.597
0.062 0.093 0.670 0.5071 0.172
-0.153 0.205 -0.750 0.4566 -0.426
-0.158 0.131 -1.210 0.2314 -0.438
0.039 0.092 0.420 0.6734 0.109
0.116 0.257 0.450 0.6524 0.323
0.083 0.133 0.620 0.5362 0.231
-0.080 0.111 -0.720 0.4717 -0.223
-0.030 0.107 -0.280 0.7793 -0.083
-0.105 0.096 -1.090 0.2783 -0.292
-0.120 0.186 -0.650 0.5210 -0.333
0.014 0.244 0.060 0.9561 0.038
-0.061 0.135 -0.4% 0.6538 -0.169
-0.028 0.174 -0.160 0.8723 -0.078
0.007 0.007 1.020 0.3109 0.020
-0.014 0.017 -0.800 0.4272 -0.039
0.000 0.018 -0.010 0.994 0.000
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TableE.22Linearregressiorresults of grade point average for financial counseling and tax
preparation (service combination analysis)

Parameter Estimate | SE ‘ t-ratio ‘ pvalue Effect Size
0.640 0.044 14.660 <.0001 -
0.198 0.067 2970 0.0040 0.727
-0.147 0.254 -0.580 0.5631 -0.540
-0.088 0.066 -1.350 0.1823 -0.324
-0.147 0.111 -1.320 0.1894 -0.540
-0.091 0.070 -1.310 0.1959 -0.333
-0.051 0.064 -0.800 0.4263 -0.187
0.316 0.175 1.800 0.0762 1.156
0.081 0.080 1.000 0.3184 0.296
-0.225 0.182 -1.230 0.2213 -0.824
-0.028 0.075 -0.380 0.7060 -0.103
0.066 0.062 1.070 0.2900 0.242
0.026 0.066 0.390 0.6958 0.095
-0.029 0.211 -0.140 0.8895 -0.108
-0.003 0.155 -0.020 0.9852 -0.011
0.027 0.094 0.290 0.7734 0.100
-0.081 0.123 -0.680 0.4961 -0.307
0.006 0.004 1.360 0.1770 0.022
-0.003 0.007 -0.430 0.6700 -0.011
0.001 0.013 0.040 0.9664 0.002

TableE.23: Summary of logistiegressia results for norFTIC groupd semestefto-
semester persistence (interaction model)

Unadjusted Means RegressionAdjusted ..
Means Effect Size in Odds

(Matched Ratio or Multiplicative
Pairs x 2) Comparison  Treatment Comparison Treatment Inverse of Odds Ratio

Sample Size

Financially Independent 5.971 9.622 6.782 11.181 1.649

Financially Dependent 9.933 9.438 11.877 10.892 0.917"=1.091 0.823
Financially Dependent 645x2 1.664 0.981 1.751 0.974 0.556"=1.799 0.185
vs. Financially

Independent

TableE.24: Summary of logistiegressiorresults for FTIC grou@ semestefto-semester
persistence (interaction model)

Unadjusted Means RegressiorAdjusted N
Means Effect Size in Odds

(Matched Ratio or Multiplicative
Pairs x 2) Comparison  Treatment Comparison  Treatment ISR eI N0 (o Y EE il N RVE (V]

Sample Size

Financially Independent 3.152 6.296 3.107 6.591 2.122

Financially Dependent 8.500 8.000 12.797 12.299 0.%1'=1.041 0.929
Financially Dependent 305x2 2.697 1.271 4.119 1.866 0.453'=2.208 0.136
vs. Financially

Independent
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TableE.25: Summary of lineaegressiorresults for norFTIC groupd degree bearing
credit pass rate (interaction model)

Unadjusted Means

Sample Size RegressiorAdjusted Effect Size

(Matched Means Estimated i n Hed

Pairs x 2) Comparison Treatment Comparison Treatment Impact [o} p-value
Financially 0.691 0.753 0.689 0.742 0.053 0.168 0.009
Independent
Financially Dependent 641 % 2 0.681 0.706 0.692 0.730 0.038 0.120 0.269

X

Financially Dependent -0.010 -0.047 0.013 -0.013 -0.015 -0.048 0.702
vs. Financially
Independent

TableE.26: Summary of lineaegressiorresults for FTIC grou@ degree bearing credit
pass rate (interaction model)

Unadjusted Means

Sample Size RegressiorAdjusted Effect Size

(Matched Means Estimated i n Hed

Pairs x 2) Comparison  Treatment Comparison _ Treatment Impact p-value
Financially 0.508 0.587 0.481 0.555 0.073 0.190 0.063
Independent
Financially Dependent 201 x 2 0.527 0.597 0.580 0.650 0.070 0.181 0.181

X

Financially Dependent 0.019 0.010 0.099 0.095 -0.003 -0.009 0.957
vs. Financially
Independent

TableE.27: Summary of lineaegressiorresults for FTIC grou@ grade point average
(interaction model)

SampleSize

Unadjusted Means RegressiorAdjusted Effect Size

(Matched Means Estimated i n Hed

Pairs x 2) Comparison  Treatment Comparison _ Treatment Impact p-value
Financially 1.836 2.190 1.763 2.063 0.299 0.213 0.051
Independent
Financially Dependent P 1.907 2071 2.064 2230 0.167 0.119 0.383

X

Financially Dependent 0071 -0.119 0.300 0.167 -0.133 -0.095 0.589
vs. Financially
Independent

TableE.28:Logisticregressiomresults of semesteto-semesterpersistence for on-FTIC
students (interation model)

Parameter Estimate SE Lzt Ciply pvalue

Effect Size
Square

178.376
0.500 0.210 5.657 0.0174 1.649
0.033 0.199 0.027 0.8701 1.033
0.251 0.347 0.522 0.4700 1.285
0.048 0.215 0.050 0.8228 1.049
0.430 0.217 3.940 0.0472 1.537
-0.285 0.382 0.557 0.4557 0.752
0.560 0.336 2.778 0.0956 1.751
0.870 0.436 3.983 0.0460 2.388
0.371 0.203 3.341 0.0676 1.448
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Parameter Estimate SE I pvalue Effect Size
Square

TableE.29:Logisticregressiomresults of semesteto-semesterpersistence fofFTIC
students (interaction model)

Parameter Estimate SE L] Gl ‘ pvalue Efect Size
Square

TableE.30:Linearregressiorresults of degree bearing credit pass rate fonf=TIC
students (interadobn model)

Parameter ‘ Estimate ‘ SE t-ratio pvalue Effect Size
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